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Abstract

Space-Time Diversity for CDMA Systems over
Frequency-Selective Fading Channels

Ayman M. Assra, PhD
Concordia University, 2010

Supporting the expected high data rates required by wireless Internet and high-
speed multimedia services is one of the basic requirements in broadband mobile wireless
systems. However, the achievable capacity and data rate of wireless communication sys-
tems are limited by the time-varying nature of the channel. Efficient techniques for com-
bating the time-varying effects of wireless channels can be achieved by utilizing different
forms of diversity. In recent years, transmit diversity based on space-time coding (STC)
has received more attention as an effective technique for combating fading. On the other
hand, most existing space-time diversity techniques have been developed for flat-fading
channels. Given the fact that wireless channels are generally frequency-selective, in this .
thesis, we aim to investigate the performance of space-time diversity schemes for wideband
code-division multiple-access (WCDMA) systems over frequency-selective fading channels.
The proposed receiver in this case is a rake-type receiver, which exploits the path diversity
inherent to multipath propagation. Then, a decorrelator detector is used to mitigate the
multiple access interference (MAI) and the known near-far problem. We derive the bit
error rate (BER) expression over frequency-selective fading channels considering both the
fast and slow fading cases. Finally, we show that our proposed receiver achieves the full

system diversity through simulation and analytical results.

il



Most of the work conducted in this area considers perfect knowledge of the channel
at the receiver. Hence, channel identification brings significant challenges to multiple-
input multiple-output (MIMO) CDMA systems. In light of this, we propose a chan-
nel estimation and data detection scheme based on the superimposed training-based ap-
proach. The proposed scheme enhances the performance by eliminating the MAI from
both the channel and data estimates by employing two decorrelators; channel and data
decorrelators. The performance of the proposed estimation technique is investigated over
frequency-selective slow fading channels where we derived a closed-form expression for the
BER as a function of the number of users, K, the number resolvable paths, L, and the
number of receive antennas, V. Finally, our proposed scheme is shown to be more robust
to channel estimation errors. Furthermore, both the analytical and simulation results
indicate that the full system diversity is achieved.

Considering that training estimation techniques suffer either from low spectral ef-
ficiency (i.e., conventional training approach) or from high pilot power consumption (i.e.,
superimposed training-based approach), in the last part of the thesis, we present an it-
erative joint detection and estimation (JDE) using the expectation-maximization (EM)
algorithm for MIMO CDMA systems over frequency-selective fading channels. We also
derive a closed-form expression for the optimized weight coefficients of the EM algorithm,
which was shown to provide significant performance enhancement relative to the con-
ventional equal-weight EM-based signal decomposition. Finally, our simulation results
illustrate that the proposed receiver achieves near-optimum performance with modest

complexity using very few training symbols.
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Chapter 1

Introduction

With the rapid growth of mobile communication and mobile computing, wireless
transmission technology has evolved intensively over the last two decades. Recently, there
has been a tremendous growth in the market of mobile communication and Internet ser-
vices. Future wireless systems are expected not only to provide broadband communication
but also to provide a variety of high data rate multimedia services. In addition, they must
operate reliably in different types of environments: urban, suburban, and rural; indoor
and outdoor. In order to achieve the above objectives, very high capacity and more effi-
cient use of the available frequency spectrum are the most dominant factors in the design
of any wireless communication system. However, the physical limitations of the wireless
channel pose a fundamental challenge for a reliable communication. These limitations ,
which take a form of multipath propagation loss, time variation of the channel characteris-
- tic, noise, and other interferences, reduce the wireless channel into a ‘narrow pipe’, which
does not easily accommodate wideband data transmission over traditional single-input
single-output (SISO) wireless communication systems.

Recent research in multiple-input multiple-output (MIMO) systems has provided
significant technical breakthroughs in the feasibility of high data rate wireless systems. To-

gether with intelligent space-time signal processing and detection techniques, MIMO sys-



tems achieve higher capacity and higher spectral efficiency compared to conventional com-
munication systems. With MIMO technology, the data rates provided by third-generation
(3G) mobile wireless networks can be potentially increased from the current 2Mbit/sec up
to 14.4Mbits/sec and higher [1]. Furthermore, MIMO systems can achieve higher spec-
tral efficiencies of 20 - 40 bits/sec/Hz compared to SISO ones, where only around of 1-5
bits/sec/Hz is achieved [2].

1.1 An Overview of MIMO Systems

A good introduction to MIMO systems can be found in {3]. In short, MIMO
systems achieve enormous gains in spectral efficiency and system capacity by multiple
parallel transmissions of space-time signals using the same frequency band and careful
exploitation of the multipath information, which is induced by the rich scattering MIMO
wireless channels [1],[4]. Furthermore, the effective transmission rate of MIMO systems
is increased linearly proportional to the smaller of the number of transmit and receive
antennas [5),[6].

The original approach to using MIMO was proposed by Foschini ef al. and is known
as the Bell Laboratories Layered Space Time Architecture (BLAST) [7]. Together with
Vertical-BLAST (VBLAST) [8], a simplified version of BLAST, such schemes are designed
to maximize the system throughput. Specifically they seek to improve the spectral effi-
ciency by transmitting independent signals from multiple transmit antennas. A BLAST
scheme typically relies on successive interference cancellation (SIC) [7] at the receiver to
detect ’che signals. In doing so, however, it loses diversity gain due to the interference
cancellation process. Moreover the scheme requires at least the same number of receive
antennas as transmit antennas. This constraint is relaxed by proposing a new approach,
known as space-time coding (STC), that uses multiple transmit antennas and optionally

multiple receive antennas [9]—[12]. One form of STC is known as space-time trellis coding



(STTC) [9] and it is shown to achieve maximum diversity gain at the expense of increased
complexity of optimal decoding at the receiver. To reduce this decoding complexity, sub-
optimal approaches have been developed including multistage decoding [9] and antenna
partitioning [13]. A second class of STC, known as space-time block coding (STBC), has
also been introduced in [10},{12] to overcome the computational complexity of STTC. It
is known that, for the same number of transmit and receive antennas, both STTC and
STBC normally achieve the same spatial diversity. However, despite the low complexity
they offer, STBCs do not offer any coding gain [11],{14].

Whilé code-division multiple-access (CDMA) is considered as one of the generic
multiple-access schemes in the second and third generation wireless systems [15], CDMA
systems have fundamental difficulties when utilized in wideband wireless communications.
As the system bandwidth increases, there are more resolvable paths with different delays.
- Hence, the received CDMA signals suffer from interchip interference (ICI), which causes
significant cross-correlation among users signature waveforms. In other words, the multi-
path fading and multi-access interference (MAI) induced by the wideband transmissions
degrades the overall system throughput. Therefore, the integration of CDMA with MIMO
techniques, forming space-time spreading (STS) systems, has become an active area of
research. One of the first STS systems was introduced in [16}, where the proposed scheme
is shown to achieve full spatial diversity and maintain high spectral efficiency without
any wastage of system resources. Given these advantages it has become a strong candi-
date for next-generation wireless networks, where it has been considered as part of the
1S-2000 wideband CDMA standard [17]. The success of MIMO CDMA systems is also
dependent on the channel characteristics and in particular the perfect knowledge of the
channel state information (CSI). Furthermore, STC systems are sensitive to the channel
matrix properties. Consequently, current research works in MIMO CDMA are focused on

channel modeling and development of efficient channel estimation techniques.



1.2 Motivation

In wireless communications, fading is a major obstacle towards achieving higher
data rates and reliable communications. Diversity is a knowﬁ technique to combat fading
effects [18] by providing multiple copies of the transmitted signal over several frequency
slots (frequency diversity), different time slots (temporal diversity), or multiple antennas
(spatial diversity). Thus, the probability that all copies simultaneously encounter severe
attenuation is reduced.

In MIMO CDMA systems, the overall system performance is enhanced by achieving
spatial diversity gain. However, considering wideband transmission, the multipath signals
violate the orthogonal property of the codes assigned to different users. Consequently,
the MAI caused by the non-zero cross-correlation among different spreading codes results
in a severe degradation in the diversity gain provided by the MIMO transmission (19].
To that ehd, multiuser detection techniques have been proposed to eliminate the effect of
MAI, and thus improving the system performance [20]. As the use of optimum maximum
likelihood (ML) detection is impractical due to the large computational complexity, which
grows exponentially with the number of users and antennas, several suboptimal detection
schemes have been developed, e.g., decorrelator and minimum mean-square error (MMSE)
receivers [15]. Most of the works conducted in this area assume perfect channel estimation,
and relatively few researchers have investigated the effect of channel estimation errors and
possible estimation techniques.

In MIMO CDMA systems, channel estimation plays a crucial role on determining
the system performance (e.g., [21]—[25] and references therein). In order to achieve the
promised performance gain of MIMO systems, the channel coefficients must be known
or estimated perfectly at the receiver [5]. Commonly used channel estimation techniques
either reduce the effective data rate as in training-based channel estimation [19],[21], or
increase the computational complexity of the system as in blind-based channel estimation

techniques [26]—[28]. The former channel estimation is performed by periodically inserting
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known training bits among the data frames, where in the latter, channel estimation is
implemented by exploiting the statistical characteristics of the transmitted signals. As a
remedy to the poor spectral efficiency of the conventional training approach, superimposed
training-based techniques [22] have been considered where a distinct training sequence
is added to the data sequence. This estimation technique is known to offer relatively
large bandwidth utilization [29]. Also, as a solution to the complexity problem of blind
systems, one can employ semi-blind channel estimation techniques. In this case, the
channel estimation is carried out not only using unknown data but also through the
observation corresponding to known training sequence [23].

Recently, there has been an increasing interest in iterative joint channel estima-
tion and data detection techniques [30], [31]. These iterative receivers have shown en-
hanced performance with reasonable convergence rates using very short fraining sequences.
Among these iterative techniques, the expectation-maximization (EM) [32] has been con-
sidered for its attractive features. The EM algorithm has the advantage of attaining the
ML solution iteratively with reduced complexity [33]. In the past, an extensive effort has
been focused on employing the EM algorithm in joint detection and estimation (JDE)
techniques for SISO systems [34]—[37]. Recently, there has been an interest in applying
the EM algorithm in MIMO systems. For example, Cozzo and Hughes [38] have proposed
a JDE technique based on the EM algorithm in flat fading channels with multiple antennas
at both the transmitter and receiver. Chun and Ching [31] have also proposed an iterative
receiver for a space-time trellis coded system in frequency-selective fading channels, where
channel estimation and data detection are performed using the EM algorithm.

In this thesis, we investigate the performance of MIMO CDMA systems over
frequency-selective fading channels. Given the wideband nature of CDMA, in this thesis,
we present a design for a space-time detection scheme for MIMO CDMA, which is capable
of mitigating the effect of MAI as well as exploiting the diversity gain provided by STC.

In this part, we study the performance of MIMO CDMA in fast fading channels, where



we assume that the CSI is available at the receiver side. Later, we investigate the effect

of channel estimation error on the system performance. In addition, we devise possible

approaches to the problem of channel estimation in MIMO CDMA systems.

1.3

1.

Thesis Contributions

The contribution of this thesis can be summarized as follows:

In Chapter 3, we investigate the performance of direct sequence (DS)-CDMA using
STS over frequency-selective fading channels. Considering fast fading channels, we
show that the received signal quality can be improved by utilizing the spatial and
temporal diversities at the receiver side. We also study the problem of multiuser
interference in asynchronous CDMA systems that employ transmit/receive diversity
using STS. To overcome the effects of interference, a decorrelator detector is used
at the base station. Considering binary phase-shift keying (BPSK) transmission, we
analyze the system performance in terms of its probability of bit error. For the fast
fading channel, both simulations and analytical results show that the full system
diversity is achieved. On the other hand, when considering a slow fading channel, .
we show that the scheme reduces to conventional STS schemes where the diversity

order is half of that of fast fading.

In Chapter 4, we examine the effect of channel estimation errors on the perfor-
mance of MIMO CDMA systems. We propose a channel estimation and data de-
tection scheme based on the superimposed training technique for STS systems. The
proposed scheme enhances the performance of the STS system by eliminating the
interference effect from both the channel and data estimates using two decorrela-
tors. We investigate the performance of the proposed estimation technique consider-
ing an asynchronous CDMA uplink transmission over frequency-selective channels.

Compared with other conventional estimation techniques, our results show that the
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proposed estimation technique is more robust to channel estimation errors. Fur-
thermore, both simulations and analytical results are provided, where they indicate

that full system diversity is achieved.

3. In chapter 5, we present an iterative joint channel estimation and data detection
technique based on the EM algorithm for MIMO CDMA systems over frequency-
selective fading channels. We derive a closed-form expression for the optimized
weight coefficients of the EM algorithm, which is shown to provide large performance
improvement relative to the conventional equal weight EM-based signal decomposi-
tion. Our results show that the receiver can achieve near-optimum performance with
modest complexity using veiy few training symbols. We also show that the proposed

receiver attains the full system diversity through accurate channel estimates.

The above contributions have resulted in the list of publications in [39]—[46].

1.4 Outline of the Thesis

The rest of the thesis is organized as follows: Chapter 2 is an introductory chapter
which provides some of the relevant fundamentals of MIMO CDMA systems. It begins
with a description of the standard STS scheme employed in the thesis. Also, we present
a survey on channel estimation techniques which can be implemented in MIMO CDMA
systems. Finally, we present a Hterature review of existing works related to channel
estimation and data detection for MIMO systems.

In Chapter 3, we introduce a space-time detection scheme based on the decorrelator
detector of MIMO CDMA systems over frequency-selective fading channels. We analyze
the proposed scheme considering slow and fast fading channels. In our analysis, we obtain
the probability density function (pdf) of the signal to noise ratio (SNR) at the decorrelator
output and after signal combining. This pdf is then used to evaluate the probability of bit

error as a function of the system parameters for the two transmit and V' receive antenna



configuration and a multipath channel with L resolvable paths.

In Chapter 4, we propose a channel estimation and data detection scheme based
on the superimposed training technique for STS systems. We analyze the bit error rate
(BER) performance of the proposed scheme with two transmit and V receive antenna
configuration over frequency-selective channels. Our analytical results, supported by sim-
ulation results, show that the proposed scheme attains the full system diversity. We also
derive an asymptotic form for the average BER in terms of the received signal parameters
to provide further insights on the proposed system performance.

In chapter 5, we introduce an EM-based joint channel estimation and data detection
for MIMO CDMA systems over frequency-selective fading channels. The proposed JDE
receiver structure is derived, where we show that it can bring an optimum balance between
the single-user matched filter detector and the parallel interference cancellation (PIC)
based detector. A closed form of the optimum weight is derived based on MMSE criterion.
We also prove that the estimator is asymptotically efficient where it converges to the
Cramér-Rao lower bound (CRLB) at high SNR.

Chapter 6 provides a brief summary of the work accomplished throughout this
thesis and some important conclusions. Recommendations for future areas of investigation

related to this research are also presented.



Chapter 2

Literature Review

In our research, we study the performance of MIMO CDMA systems over frequency-
selective fading channels. Our goal is to exploit the temporal and spa’pial diversity gains
provided by the time-variant multipath fading channels. At the earlier stage of our re-
search, we assumed a perfect knowledge of the channel at the receiver. Later on, we
investigated the effect of imperfect channel estimation on the system performance and
the implementation of joint channel and data estimation techniques for STS systems. Ac-
cordingly, in this chapter, we first discuss the basic concepts of STS systems. Then, we
present a brief description of different channel models and possible channel estimation
techniques. Finally, we present the recent works that are related to the above mentioned
problems, which will be investigated in this thesis. Our objective is to make the reader
aware of many considerations involved, highlight the particular scenarios that we study

throughout the thesis, and encourage future work in the area.



2.1 Transmit Diversity for Wideband CDMA

(WCDMA) Systems

In [16], a transmit diversity scheme known as STS, inspired by Alamouti scheme
[12], was proposed. Considering a DS-CDMA system with two transmit and one receive
antenna, the STS scheme can be summarized as follows: Assume b;,b; are data symbols
assigned to each user in two consecutive symbol intervals. Hence, the signal transmitted

from the first antenna, according to Fig. 2.1, is given by

Figure 2.1: STS scheme [16].

tl - (1/\/5)(()101 + b2c2)
and the signal transmitted from the second antenna takes the form

‘tz = (1/\/5)(1)201 - blcz)
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where

(& Opx1
C = , C2 = ]

Opx1 (&

and c is a unit-norm spreading sequence with processing gain P. The vector Opyx; rep-
resents a zero vector with P-dimension. Hence, ¢;,c; are orthogonal 2P x 1 unit-norm
spreading sequences. The received signals after despreading with ¢; and ¢, are then given
respectively by’

dy = (1/v2)(hyby + hoby) + cilm,

dz = (1/\/—2')(—h2b1 + h1b2) + cfn,

where hg,q = 1,2, is the complex channel coefficient between the ¢** transmit antenna and
the receive antenna, and the superscript H denotes Hermitian transpose. m represents
the received noise samples. Let d = [d; d3]”, then we have

-—1——’Hb + v (2.1)

d=
V2
where
H
H = hl hg ’ b= bl 7 y': crn
—hz h] b2 cfn

Let h, denote the ¢** column of H, then by multiplying the vector d in (2.1) by th , we

have

Re{hg"d} = (1/V2)(|h|* + |h2|*)bg + Re{hs"v'} (2.2)

where Re{-} denotes the real part of the enclosed argument. Eq. (2.2) shows a two-fold
diversity gain. This transmit scheme is called STS since each user’s data are spread in a
different fashion on each transmit antenna. Recently, STS schemes have attracted research
interests over CDMA systems [47], [48]. For example, the downlink performance of CDMA

systems using the above STS scheme has been investigated in [16], where the channel is
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modeled as either flat or frequency-selective Rayleigh-fading in the absence of multiuser
interference. In [47], the performance of the proposed STS scheme has been investigated
with various detection schemes for the case of independent flat-fading channels. Given
the fact that STS was initially designed for slow fading channels, the system performance
degrades when employed over fast time-variant channels [16]. In light of this, the authors
in [49] introduced a DS-CDMA system that employs a STBC scheme over fast fading
channels. In this scheme, orthogonal spreading codes are employed to exploit the time
diversity introduced by the channel, and hence a two-fold of the diversity order obtained
using the STS scheme in {16]. For the general multiuser case, the performance for both
the decorrelator and the MMSE multiuser detectors was presented in (50}, [51].

Most of the work done in STS systems assumes perfect knowledge of the channel at
the receiver. Hence, channel identification brings significant challenges to STS systems.
In what follows, we present a summary of the recent research development on channel
modelling and channel estimation techniques. Then we introduce the research efforts for

employing these techniques in MIMO CDMA systems.

2.2 Channel Mbdeling

For many real links such as radio, satellite and mobile channels, received signals
experience fading [52], which severely degrades the system performance. In this part, we

discuss the basic concepts of fading channel models.

2.2.1 Multipath Propagation

In a cellular mobile radio environment, the surrounding objects such as houses,
buildings, or trees act as reflectors of radio waves. When a modulated signal is transmitted, -
multiple reflected waves of the transmitted signal will arrive at the receiving antenna from

different directions with different propagation delays. These reflected waves are known
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as multipath signals [53]. Due to the different arrival angles and times, the multipath
signals at the receiver site have different phases. Thus, these signals may combine either
in a constructive or a destructive way, depending on the random phases. The sum of
these multipath components forms a spatially varying standing wave field. Hence, the
mobile unit moving through the multipath field will receive a signal which can vary widely
in amplitude and phase. On the other hand, when the mobile unit is stationary, the
amplitude variations in the received signal are due to the movement of surrounding objects
in the radio channel. The amplitude fluctuation of the received signal, known as signal

fading, is caused by the time variant multipath characteristics of the channel [52].

2.2.2 Doppler Shift

Due to the relative motion between the transmitter and the receiver, transmitted
waves are subject to a shift in frequency, a phenomena known as Doppler shift [53].
Consider a transmission of a single tone of frequency f. and an arrival of one wave at the
receiver, which has an incident angle 6 with respect to the direction of the vehicle motion.
Then, the Doppler shift of the received signal, denoted by fy, is given by

ufe

c

cos b, (2.3)

fa=

where ' is the vehicle speed and c is the speed of light. The Doppler shift in a multipath
propagation environment spreads the bandwidth of the multipath waves within the range
of f. & fimaz, Where fima, is the maximum Doppler shift, given by famar = ’—‘-12[2 Sfamez 18
also referred as the maximum fade rate. As a result, a transmission of single tone gives
rise to a received signal with a spectrum of nonzero width. This phenomenon is known
as frequency dispersion of the channel. Let ¢4(f’) denote the Doppler power spectrum of
the channel. The range of f’ over which ¢4(f’) is essentially nonzero is called the Doppler

vspread of the channel, B; = 2f,, and its reciprocal reflects the coherence time of the
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channel, At.. Clearly, a slowly fading channel has a large At or, equivalently, a small B,.

2.2.3 Fading Channels

Because of the multiplicity of factors involved in propagation in a cellular mobile
environment, it is convenient to apply statistical techniques to describe signal variations.
In a narrowband system, the transmitted signals usually occupy a bandwidth smaller
than the channel coherence bandwidth, which is defined as the frequency range over
which the channel féding process is correlated. That is, all spectral components of the
transmitted signal are subject to the same fading attenuation. This type of fading is
referred to as frequency nonselective or frequency flat fading. On the other hand, if
the transmitted signal bandwidth is greater than the channel coherence bandwidth, the
spectral components‘of the transmitted signal with a frequency separation larger than the
coherence bandwidth are faded independently. In this case, the received signal spectrum
becomes distorted, since the relationships between various spectral coﬁlponents are not
the same as in the transmitted signal. This phenomenon is known as frequency-selective
fading [52]. In wideband systems, the transmitted signals usually undergo frequency-
selective fading. In this section, we introduce a brief description of the Rayleigh fading

model and frequency-selective fading channels.

Rayleigh Fading

We consider the transmission of a single tone with a constant amplitude. In a
typical land mobile radio channel, we may assume that the direct wave is obstructed and
: the>mobile unit receives only reflected waves. When the number of reflected waves is large,
according to the central limit theorem, the two quadrature components of the received
signal are uncorrelated Gaussian random processes with a zero mean and variance o2,
As a result, the envelope of the received signal at any time instant follows a Rayleigh

probability distribution and its phase follows a uniform distribution between -m and =
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[53]. The pdf of the Rayleigh distribution is given by

f@=4 T (2.4)

The Rayleigh distributed random variable, a, has a mean value m, and a variance o2,

which are defined as follows

m
My = 50'3
0= (2 - g) o2, (2.5)

Frequency-Selective Fading

In a multipath fading channel with L paths, the time-variant impulse response at

time ¢ to an impulse applied at time ¢ — 7 is expressed as [53]

=~

h(t;7) = ): RAS(T — 7), (2.6)

where 7 and h'* represent the time delay and the complex amplitude of the It* path
respectively. In (2.6), 6(-) represents the delta function. Without loss of generality, we
assume that h(t; ) is wide-sense stationary, which means that the mean value of the chan-
nel random process is independent of time and the autocorrelation of the random process
depends only on the time difference [53]. Then, k"' can be modeled by narrowband com-
plex Gaussian processes, which are independent for different paths. The autocorrelation

function of h(t;7) is given by

$h (887, 7) = SE (R RO+ 06,7, (27)
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where At denotes the observation time difference and * denotes complex conjugate. If
we assume At = 0, the resulting autocorrelation function, denoted by ¢}, (7;,7;), is only
function of the time delays 7; and 7; . Due to the fact that scattering at two different

paths is uncorrelated in most radio transmissions, we have
Oh (7o 75) = &1 (73) 0(7i — 75), (2.8)

where ¢, (7;) represents the average channel output power , which is given by ¢}, (7:) =
SE[h*(t, 7;)h(t,7:)]. We can further assume that the L different paths have the same
normalized autocorrelation function, but different average powers. Let us denote the
average power for the I** path by P'(7), then we have P'(7;) = ¢}, (7). Let, P'(7),l =
1,..., L, represent the power delay profile of the channel. The root mean-square (rms)

delay spread of the channel, Ty, is defined as [54]

2
Trms = Zlil P(7)7 _ ZlL:I P(7)7 (2.9)
rms — . L ~ L _ . .

2 P(7) Yoo PI(7)
In wireless communication environments, the channel power delay profile can be Gaussian,
exponential or two-ray equal-gain [55]. For example, the two-ray equal-gain profile can

be represented by
P/(7) = 5 (6(7) + 8(7 = 27ems), (2.10)

where 27,ms is the delay difference between the two paths.

2.3 Channel Estimation Techniques

In this section, we present a brief discussion of various channel estimators intro-
duced in the literature. The propagation of signals through wireless channels results in
the transmitted signal arriving at the receiver through multiple paths. This multipath

propagation results in a received signal that is a superposition of several delayed and
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scaled copies of the transmitted signal giving rise to signal fading. At the receiver, after
processing (matched filtering, etc.), the continuous-time received signals are sampled at
the baud (symbol) or higher rate before channel estimation takes place [53]. It is therefore
convenient to work with a baseband-equivalent discrete-time channel model.

Let b[m| denote the m** information symbol, and 7[m'] be the received vector which
groups R, consecutive received samples during the m"" symbol duration (sampling rate
is typically a multiple, R,, of baud rate). Considering slowly time-varying channel, the

received signal vector 7[m’] can be expressed as [56]

Flm'] = > hlmlb[m' — m] + @{m'], (2.11)

where h[m] is (R, x 1) channel response vector and @[m'] represents the additive noise at
the receiver. In (2.11), m is limited by the number of resolvable paths in the channel.
One of the objectives of receiver design is to minimize the detector error. In gen-
eral, the design of the optimal detector requires the knowledge of the channel [20]. In this
section, we consider four types of channel estimators based on the framework of maximiz-
ing the likelihood function: (i) training-based channel estimation [22]; (ii) blind channel
estimation [24]; (iii) semi-blind channel estimation [23]; and (iv) iterative joint channel
estimation and data detection algorithms [31]. One of the most popular parameter esti-
mation algorithms is the ML method. These ML estimators can be derived in a systematic
way. Consider the R,-vector channel model given in (2.11) with L multiple paths. As-

suming channel estimation interval of N’ symbols, then the received signal vector can be
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expressed as

[ A —1ln, BN -Alx, -+ YN — Lla, 30)
b[0) 1, b(=1)I, --- bl=L+1Ig, | | AL —1]
- wN — 1] |
n
I w|[0]
= Q(b)h +w (2.12)

where Q(b) is (MR, x LR,) matrix including the data symbols within the estimation
interval. In (2.12), Ig, represents R, x R, identity matrix, h is the vector of the channel
parameters, and @ includes the noise samples within the estimation interval. In what

follows, we describe the above mentioned estimation techniques in more details.

2.3.1 Training-Based Channel Estimation

The training-based channel estimation assumes the availability of the input vector b
(as training symbols) and its corresponding observation vector 7. When the noise samples
in @ are modeled as Gaussian variables with zero mean and variance o2, then the ML

estimator is defined by [57]
h, = argmin |7 — QA2 = Q' B)F, (2.13)
3

where Q' (b) is the pseudo-inverse of the €2(b) defined in (2.12) and {| - || denotes the Eclu-
dian vector norm. This estimation technique suffers from high computational complexity.
Hence, various adaptive implementations of such estimator are proposed in [57).

In conventional training-based approach, a distinct training sequence, known to
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the receiver, is time-multiplexed with the data sequence before transmission from the
corresponding antenna. This technique is known as pilot-aided channel estimation. Al-
though this channel estimation approach provides accurate channel estimates, it limits
the spectral efficiency of the system, especially when the time variations of the channel
are fast [15]. Recently, a superimposed training-based approach has been explored where
a distinct training sequence is added (superimposed) to the data sequence before modu-
lation and transmission from the corresponding antenna [22]. This estimation technique

is known to offer relatively large bandwidth utilization [29].

2.3.2 Blind Channel Estimation

Suppose that both the input vector b and the channel vector A are unknown. Then,
the simultaneous estimation of b and h appears to be ill-posed. This kind of estimation
problem can be solved using blind channel estimation techniques [23],[24]. The key in
blind channel estimation is the utilization of qualitative information about the channel
and the input. In this case, we consider two diffefent types of ML techniques based on

different models of the input sequence [24].

Stochastic ML Estimation

While b is unknown, it may be modeled as a random vector with a known distri-

bution. In such a case, the likelihood function of k can be obtained by
f(7R) = / F(7[B: B £ (B)db (2.14)

where f(b) is the marginal pdf of b, and f(7|; h) is the likelihood function when b is known.
The integration limits of b in (2.14) is determined according to its statistical distribution.

Assume, for example, that b[m] takes, with equal probability, a finite number of values
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(K1). Then, the likelihood function of the channel parameter is given by

K,
FER) =) F(FIB; R) (B = b)
s=1
K _ $ T '
_ |7 — bs)AlI
= C;exp (——————2;2————— , (2.15)
where C is constant. Hence, the stochastic ML estimator is defined by
K p— -
2 L |7 = Q(bs)h|?
h = arg mizn;exp (————207——— . (2.16)

In general, the maximization of the likelihood function defined in (2.14) is difficult since
f(7; ) is nonconvex [58]. However, this optimization can be implemented using the EM

algorithm as shown in {33].

Deterministic ML Estimation

The deterministic ML approach assumes no statistical model for b[m]. In other
words, both h and b are parameters to be estimated. The ML estimates can be found in

this case by a nonlinear least-squares optimization [59]
{h,b} = argmin |7 - Q)R] (2.17)
hb

The joint minimization of the likelihood function with respect to both the channel and
the source parameters spaces is known to be difficult. Fortunately, the observation vector
7 is linear in both the channel and the input parameters spaces individually. In particular,

we have

F= Q0+ =THb+w, (2.18)

20



where
hl0) -+ A[L]

T(h) =
hlo] - A[L]
is the so-called filtering matrix. We therefore have a separable nonlinear least-squares

problem that can be solved sequentially [60]

{h,b} = argmin {min |7 ~ Q()RI’}
b

= arg min {min ||F — T (R)b||?}. (2.19)
h b

If we are only interested in estimating the channel, the above minimization can be A

rewritten as

h= argmin | (I - T(i‘f’ (R) I = axgmin | Pr(R)7?, (2.20)

Pr(h)

where Pr(h) represents the projection transform of 7 onto the orthogonal complement
of the range space of 7(h), or the noise subspace of the observation. A discussion of

algorithms of this type can be found in [60].

2.3.3 Semi-blind Channel Estimation

Semi-blind channel estimation has attracted more attention recently due to the
need for fast and robust channel estimation. This technique assumes additional knowl-
edge of the input sequence. Both the stochastic and deterministic ML estimators remain
the same except that the likelihood functions need to be modified to incorporate the
knowledge of the input [26]. Semi-blind channel estimation may offer significant perfor-
mance improvement over both the blind and the training-based methods as demonstrated

in the evaluation of Cramér-Rao lower bound in [27].
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2.3.4 Tterative joint channel estimation and data detection

Recently, iterative joint channel estimation and data detection techniques have
shown significant improvement over conventional estimation techniques [30]. Since the
detected data symbols are iteratively employed to improve the quality of the channel
estimates, the iterative JDE techniques have shown performance enhancement with rea-
sonable convergence rates using very short training sequences [31]. Among these iterative
techniques, the EM algorithm has been considered for its attractive features [32]. The
main feature of the EM algorithm is that it attains the ML solution iteratively with re-
duced complexity [33]. In what follows, we briefly describe some of the relevant details of

the EM algorithm.

EM algorithm

Let B denote a vector-valued parameter to be estimated from a vector-valued ob-

servation Y with probability density f ()|B), then the ML estimate of B is given by
B = arg max f (V|B). (2.21)

The EM algorithm provides an iterative scheme to approach the ML estimate in cases
where a direct computation of B is prohibitive. The derivation of the EM algorithm
relies on a complete unobservable data X' which, if it could be observed, would ease the
estimation of B. The observed random variable ) which is referred to as the incomplete
data within the EM framework, is related to X by a mapping X — Y (X). Since X is
not observable, at the it* iteration the EM algorithm computes in a first step, called the

expectation step (E-step), the estimate

Q (B|BY) = E [® (X|B)|¥,B'] (2.22)
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of the log-likelihood function @ (X|B) = log f (X|B). The conditional expectation in
(2.22) is evaluated given ) and the data estimate at the it" iteration, B°. In a second
step, called the maximization step (M-step), the barameter vector is updated according
to

B! = arg max Q (B|B%). (2.23)

If {B'}2, is a sequence of estimates generated by the EM algorithm starting from an
initial value B°, then the sequence {® (V|B%)};2, is nondecreasing (monotonicity prop-
erty). Provided that the function Q (B|B) fulfills the mild regularity conditions [33],
{® (V|B)}s2, converges to a fixed point of ® (V|B) [33], [61]. It is known that the ability
of the EM algorithm to find a global maximum depends on the initialization B°. Also,
the convergence rate of the EM algorithm is inversely related to the conditional Fisher
infdrmation matrix of X given Y [61]. This rate is notoriously slow when the dimension
of the complete data is large.

Recently, EM-based JDE techniques have attracted more attention for its ability
to achieve the ML solution iteratively without wasting the system resources [31], [32].
Considering SISO systems, Georghiades and Han [34] proposed a JDE receiver based
on the EM algorithm in time-variant Rayleigh flat fading channels. Naisiri and Khan
applied the EM algorithm for synchronous CDMA systems in additive white Gaussian
noise (AWGN) channels [35]. Motivated by the EM algorithm relafed to the problem
of parameter estimation of superimposed signals {36], the authors in [37] investigated the
application of the EM algorithm in CDMA systems over flat-fading channels. An iterative
JDE receiver for DS-CDMA in frequency-selective fading channels has also been proposed

in [62].
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2.4 Channel Estimation For MIMO CDMA systems

In MIMO CDMA systems, perfect channel knowledge is essential for efficient de-
tection [25]. Compared with SISO CDMA systems, channel estimation in MIMO systems
becomes even more challenging as the number of simultaneous transmissions and interfer-
ence levels increase. While the majority of the works in MIMO systems assume perfect
channel estimation, relatively few researchers have investigated the effect of channel es-
timation errors and possible estimation techniques [23]. In particular, current research
works are focused on superimposed pilot channel estimation for MIMO systems (e.g., [63]-
[66] and references therein). For example, the authors in [22] examined the performance
of superimposed training for MIMO channel estimation in single-user systems where a
linear MMSE equalizer is introduced. Along the same lines, the authors in [29] have pro-
p‘bsed an iterative channel estimation and detection scheme based on the superimposed
training technique for single-input multiple-output (SIMO) systems. In [19], Chong and
Milstein employed the training-based technique on a STS system with dual-transmit and
dual-receive diversity. In their work, the channel estimation was based on employing
distinct pilot sbreading codes on STS signals transmitted from different antennas. With
the help of these ioilot signals, the channel coefficients are estimated using a conventional
Rake receiver. These channel estimates are then used to combine the received signals in
a Rake-like space-time combiner for final data estimates. It is noted that, both data and
channel estimates suffer from intersymbol interference (ISI) and MAL

In the literature, the proposed estimation techniques either suffer from low spectral
efficiency (i.e., conventional training approach), from high computational complexity and
slow convergence rate (i.e., blind channel estimation techniques), or from high power
consumption (i.e., superimposed training-based approach). Recently, there has been a
growing interest in EM-based JDE techniques because of its ability to achieve accurate
estimation without wasting the system resources [32]. Therefore, an extensive effort has

been focused on employing the EM algorithm in JDE techniques for MIMO systems [67]-
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[69]. For example, the authors in {70} proposed various EM-based channel estimation
techniques for MIMO systems. Choi [71] has proposed a general framework of EM-based
JDE schemes considering different types of MIMO channels (e.g., Rician or Rayleigh
fading). As well, many research efforts have considered the JDE problem for MIMO

systems considering flat [38] and frequency-selective channels [31].

2.5 Conclusions

In this chapter, we have presented a review of existing works in the literature that
are relevant to our work. We have discussed the transmit diversity schemes for WCDMA
systems based on STS. Moreover, we have described the channel estimation techniques
and the research efforts for employing these techniques in MIMO systems. Throughout
the rest of the thesis, we focus our work on studying the performance of thé STS schemes
in MIMO CDMA systems over frequency-selective fading channels considering both the

perfect and imperfect channel estimation cases.
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Chapter 3

Performance Analysis of Space-Time

Diversity in CDMA Systems

3.1 Introduction

In this chapter, we investigate the performance of DS-CDMA using STS system
over frequency-selective fading channels. The underlying transmit diversity scheme, pre-
viously introduced in the literature, is based on two transmit and one receive antenna
[50]. It was shown that when employed in flat fast fading channels, the received signal
quality can be improved by utilizing the spatial and temporal diversities at the receiver
side. In our work, we study the problem of multiuser interference in asynchronous COMA
systems that employ transmit/receive diversity using STS. At this stage, we assume that
the channel state information is available at the receiver. In [72], an optimum receiver
based on the ML algorithm is proposed for space-time coded asynchronous DS-CDMA
systems. However, it suffers from high computational complexity. Alternatively, we em-
ploy a suboptimum detector at the base station, i.e., decorrelator detector, to overcome
the effects of interference. Considering BPSK transmission, we analyze the system per-

formance in terms of its probability of bit error. In particular, we derive the probability
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of error over frequency-selective Rayleigh fading channels for both fast and slow fading
channels. For the fast fading channel, both simulations and analytical results show that
the full system diversity is achieved. On the other hand, when considering a slow fading
channel, we show that the scheme reduces to conventional STS schemes [16], where the

diversity order is half of that of fast fading.

3.2 Multiuser System Model

Throughout our analysis, we consider an uplink transmission for a DS-CDMA sys-
tem with K users. The system employs two transmit antennas at the transmitter side and
V receive antennas at the receiver side. We consider the STS syétem proposed in [50].
This scheme can be summarized as follows. Assuming b, and b, are data symbols assigned
to each user in two consecutive symbol intervals, the space-time coded signals transmitted
during the first transmission period from antenna 1 and 2 are bicy + bsce and bicy — bz
respectively, where c; and c, are the spreading codes. These space-time coded signals
are switched with respect to the antenna order during the second transmission period.
We assume that the channel is fixed for the duration of one symbol period and change
independently from one symbol to another. Later, we consider the case of slow fading
channel where the fading coefficients are fixed for the duration of at least two symbol
periods.

For sake of simplicity, in what follows, we assume each user’s signal travels through
a multipath channel with L paths per transmit antenna. The low pass equivalent of the

received signal at the v** receive antenna can be expressed as (see Fig. 3.1)

K
?"v(t) = chlf(t — Tk — ﬁ)u’fifv +C§(t — T — ﬁ)ugl’i) +C]1€(t - Tb - T — 71[)
k=1 I=1

x Ut + (- Ty — 7 — st 0t (t), (3.1)
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Figure 3.1: Received signal for K-user system considering single receive antenna.

where

kit
ullv

k.t
u'Zl'u

kt+Ty
ull U

kt+T,
u21 v

In (3.1), E, is the received signal energy for the single user, b§ and b5 are the even and
odd k" user data symbols, c¥(¢) and c5(t) are the two spreading codes assigned to the
kth user with processing gain T;/T,, where T} is the bit period, Tt is the chip period, and
Tk represents the transmit delay of the k*" user signal, which is assumed to be multiple
of chip periods. 7 represents the delay of each path during each transmission period,
which is modeled as an integer number of chips assumed to be much smaller than the

symbol period, and hence we can neglect the effect of ISI. The channel coefficients hql v

- \/E(hll'ubk*
VE(hyj b +
VE(- h’fﬁ*Tb

(B (Rrt+T
= (hut: *b
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and h';,’f: T (¢ = 1,2) model the fading channel corresponding to the k™ user, I** path
from the ¢g** transmit antenna to the v** receive antenna at time ¢ and ¢t + T}, respectively.
These fading coefficients are modeled as independent complex Gaussian random variables
with zero mean and unity variance. The noise n*(¢) is assumed to be complex Gaussian
with zero mean and variance 02 = N,/2 per dimension. As shown in Fig. 3.2, the v
receiver structure consists of a bank of 2LK filters matched to the delayed versions of
the signature waveforms of each user. Let P denote the space-time-block (ST-block) code

interval (P = 2 symbols in our case). The output of the v filter bank, sampled at the

chip rate during one ST-block interval is given, in a vector form, by
Y,=RU,+ N,. (3.2)

The 2LPK x 1 vector Y ,, in (3.2), includes the output of the matched filter bank at time

t and ¢ + T} and is given by

_ t,u tu t,v t+T3,v tv t+ Ty, T
Y, = [91,1,1ay1,2,1, oW Yl oYk Yk L ]
tv t+Tb,‘U

where the superscript T' denotes vector transpose and Yy, ;, Yrp,  » P = 1,2, represent
the outputs at the v* receive antenna of the filter matched to the i** path of the p**
sequence for user k at times t and ¢ + T}, respectively. The vector U, represents the faded

data transmitted to the v*® receive antenna and is given by
T 1T T T T
U,=[U1,,Uzp-- Uk - NP

where the 2L P x 1 vector Uy, which represents the faded data transmitted by the k"

user to the vt* receive antenna over two successive symbols, is defined as

. k,t kit k.t k,t kt+Ty kt+Ty kt+To 1T
Ugo = [un,v:uzl,va“lz,m coUpp Uil U2l se s ULy I
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Figure 3.2: Multiuser receiver structure in case of single receive antenna.
The 2LPK x 2LPK cross-correlation matrix R is given by {20]

Ry Riz -+ Rik

Ry, -+ -+ Rkxk

where Ry, w' =1, , K, is 2LP x 2LP matrix with elements [20]

T+ PT
Ry, = / C. (t)CZI(t) dt,

Tk

and Cy(t) represents all the delayed versions of the two codes assigned to the k" user
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during the two symbol periods, described as

C’f(t — T — 7‘:1)

At — 7% —71)

C’f(t— Tk —7~'L)

Ci(t) =

C’f(t —Tb — Tk -—7:1)

C’zc(t—Tb—Tk—-%L) ]

The 2LPK x 1 noise vector IN,, in (3.2), is given by

N,=[NT N%jv,...,Niv,...,Nﬁ,v]T

1,00

with
okt okt kt kt kT, | kt+Ty kt4+To)T
Nyy = ["11,w”21,m”12,m oMo M Mot s Thar, ]
kt o kt+Th
and each of the elements n,, ,, n; % (p=1,2and 1 =1,...,L) are modeled as complex

Gaussian random variables, each with variance o2 = N, /2 per dimension. As will be shown
later, this scheme yields to D = 2PV L diversity order in fast fading channels. Note that
the output of the matched filter bank suffers from MAI which can be eliminated using
the decorrelator detector. In this case, the output of the v** matched filter bank, Y,
is applied to a linear mapper Z, = R7'Y, [73], where R~ is the inverse of the cross-
correlation matrix. The 2LPK x 1 vector Z, represents the output of the vth decorrelator
during two successive symbol periods. It includes the L replicas of the signals from the
two transmit antennas for each user during one ST-block interval, which can be expressed
as follows

z,=2Z7 ng,...,zzjv,...,zf(lv]T

1w
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where the 2LP x 1 vector Zy, is defined by

Z Kt okt kit Kt kT, k4T, kt+To T
kv = | ]

21100 22101 1000+ - 1 22w Rl 2 %2l 0122l

and 2", 2.7 represent the output of the v** decorrelator corresponding to the Ith path

of the pt* sequence for user k at times ¢ and ¢ + T3, respectively. The two transmitted

symbols of the k% user can be extracted by combining the V' decorrelators outputs as

follows
k,t* kt* kt kt+Ty kt+Tp#* kt+Ty* ki+Tb
E ,E :hllvzllv RoivZale T Rty 210, 0 T hiy " 2y (3.3)
v=1 =1
Kt ke _ pkite kit pkt+Tos Kt+T kAT, b+ Tox
§ ,E :hlleZI'u 2111 2w hllv 21w +h’2lv 200 - (3.4)

v=1 [l=1

Considering the first symbol of the &** user and defining the variable v, = 2PL(k - 1),

we have

kt+T: k4T
ZZ VE lhuu|2 + ‘h21v|2 + |3y P+ |hgi 1)}

v=1 =1

Vv L
+>0N h’:mR-le);mk-l,l + R (RNt

v=1 =1

— Ty*
+ hlzczt:Tb(R 'N )2 LD +ve—1,1 +h]1€zt: (RN oLt 41 (3.5)

From (3.5), one can easily see that a diversity order of 2LPV is achieved for the single-user
system with no MAI In the following sections, we derive the probability of bit errors for

the multiuser system when employing the decorrelator detector after signal combining.

3.3 Performance Analysis

In what follows, and for the sack of simplicity, we consider BPSK transmission. To

evaluate the average BER at the decorrelator output, we first obtain the pdf of the output
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SNR of the decorrelator detector. Using this pdf, the probability of error for both the
fast and slow fading channels can be evaluated. Without loss of generality, consider the
case of finding the probability of error for the first symbol of user 1. To avoid complex

notation, we drop its corresponding superscript from the fading coefficients.

3.3.1 Fast Fading

In this case, we consider the first 2LP elements from each of the V-decorrelator
output vectors (Z,, v = 1,...,V). Assuming fixed fading gains and perfect estimation
of the cross-correlation matrix, the Gaussian approximation {74] can be used to find the

conditional probability of bit error as

B (h t t Ty pt+Tey
Py(by —'1|h11,1>h21,1a "'7hlL,V7h2L,V) =

v L +T; T
Zv:l Zz=1 \Y (au vt a2l ot au -+ atzjvb)

Q (3.6)

o?

b
where Q(-) is the Gaussian Q function, a¥;, = |k}, %, ab, = |h2lv|2 il = |hTTeP,
a;'f" = | ZFUT"P and o7 is the variance of the noise term in (3.5) when k = 1. It is easy

to show that

1%
N,
2 __ 9 t t t+Tp t+ T
9 = (7 E E Cai-181y + C21lgy + CoL+ 1021, F Co(L+) 01y (3.7)

v=1 [=1

-1 p-1
where Cy_1, Cat, Ca(111)-1 and o4y define the following terms B3, ) 1, Ry, (LA ~1,2(L+1) -1

and R, respectively, and Ri‘,ﬂ., is the " diagonal element of the inverse of the

2AL+1),2(L+1)

t+Ty

ot (@ = 1,2) are chi-square distributed

cross-correlation matrix. The variables af, ,, and a

with two degrees of freedom and characteristic function [75]

1

p(jw) = m (3.8)

33



Define the variable o as

s>

where
v L
_ ¢ ¢ Ty | t+Th
A= E E Ay + Qg+ 0y, 0y,
v=1 [=1
and
v L
_ t ¢ t+T) t+Ty
B = E E :C2l—lau,v + Caly, + CoL+) -1y, T Co(L+D8yy -
v=1 [=1

Hence, the joint characteristic function of A and B is given by [75]

¢a p(wi,ws) = Elexp j(wi A + wy B)]
v L
= E{expj Z Z al) (w1 + carmywa) + ay (w1 + caws)

v=1 [=1

+ a2l ot (wr + CoL+l)—1w2) + au " Do (w + 02(L+l)w2)] (3.10)

where E[] denotes the expected value of the enclosed argument. Defining y = % — jwn

and assuming independent fading channels, one can show that

Gan(wr,ws) = oIV H (3.11)

- ] CuLU2

In order to simplify our analysis, we use a partial fraction expansion method of a rational
function with high order poles. For further details regarding this method, the reader is
referred to [76). Furthermore, we consider the special case where the rational function has

no zeros. Thus, the characteristic function in (3.11) is reduced to

H4L1‘1V 4L v-1 :
¢a,B(w1,w2) = u—4Lv (ZZ( - _L)V v’> (312)

u=1 v'=0 JCu
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where
Kuv’
YAV L=V

Cp = w=1,...,4L, v =0,...,V -1

represents the residue terms obtained from the partial fraction expansion [76]. An exact
expression for each of Ky, (u = 1,...,4L and ' = 0,...,V — 1) can also be obtained
in terms of the cross-correlation coefficients between the users’ signature waveforms [76].

From (3.12), the joint pdf, f4 5, can be obtained as [75]

1 o oo .
fap=-— da,p(w1,ws) exp (—j(w1 A + w2 B)) dwrdw,
412 | J-oo

H4L1 1 4L V-l B\ VL-V+v-l A
47r2u;)4€Lv Z Z Auw BY 7V (A - c_) exp ("‘2‘> (3.13)

u=1 v'=0

4am?K

where I'(+) is the Gamma function and Ay = TR u')rl(LZ{/ v One way to obtain

the pdf of the SNR in (3.9).is through variable transformatlon. From (3.9) and by assuming
that W = B, the joint pdf of o and W can be determined through the following relation
[75]

fow = faplQa, W) (3.14)

where [Q(a, W)| = VW is the Jacobian of the transformation. Finally with the substitu-

tion of (3.9) in (3.14), and after some algebraic manipulations, we get

Hiﬁl‘%? 4L V-1 vt W VL-V+v'—1
faw = Am2(2 4LV ZZ A W : <a\/—— —.>
X exp (_a 2W> . (3.15)

u=1 v'=0

From (3.15), the pdf of the SNR can be expressed as
H4L 1 4L v-1

fa= 4n2u;34CLV DD dur Pt | (3.16)

u=1v'=0
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where

2

2a? AVL-V4v'-1
P, = / WwV-v-3 (a\/W - .VY_) exp (_a\/VV-) aw. (3.17)
0

Cy 2

Using the binomial series expansion, the integration in (3.17) can be reduced to

b 4VL-V+u'-1 AVL-V+v -1 (_1)4VL—V+v'—1—dad
vy’ Z d AVL-V+v'—1-d
d=0 u

X /0 - (VW)BVL=3-d exp (f“‘gw) dw. (3.18)

In what follows, we denote the integration in (3.18) by Z,4 and use

n n+1
2" 2

-z
2

c2 1 n ac
/ e *dx = P! [cg(acg)"ie"sz( ,acy) — cf{acy)

C1

ac 1

x e-—le(g,”—“L—,acl)] (3.19)
where M (k,m, z) represents the WhittakerM function [77]. Using the substitution ¢ =

vW, we get

Cuy t
Twa = 2/ 8VE=2-d exp (_a_) dt
0 2

8vIL-—-2-d

— QS"LL#UWL"’Cu i cua®
@VL-1-da T\ 4
SVL-2—d 8VL—1—-d c,0?
x M( 2 78 2 ’c; ) (320

In terms of the confluent hypergeometric function ([77], Eq.(13.1.32)),

2 .

2(ac, )PV L1 (Ne's Cul
o (N B NG TX. 17 : 2
Tu= gy —1=q *®\ 3 ) 1Aulli8 =) (3.21)
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Substituting (3.21) in (3.18), we obtain

AVL-V+o'~1
P, = 208VIT1AVIAV =Y oy (_ Cu012> ’ <4VL -V+v - 1)
wv' = u —_— E

2 d
d=0
(_1)4VL—V+v'—1—d . . cuaz
s A8VL—di = ). (3.22)

Finally, the probability function of the SNR in (3.16) can be obtained using (3.22).

3.3.2 Slow Fading

For the slow fading channel, the fading coefficients are assumed to be fixed for the

duration of at least two consecutive symbol intervals. Hence (3.6) reduces to

A : 2V E, V_ L_ A110 + Q21w
By(by = Hhna, horgy o Py, hory) = Q VE Yoy Zl_;( = 2t) (3.23)

. o2
b

where a1j, = [hf;,|* = lhtltfblza @1y = M1 ?= lhgtfblzy and

: v L
2 2 2 ( p- —1 2/ p-1
oy =0y Z Z 13T (R251—1,21—1 + R2(L+l),2(L+l)> + |hal” (Raz
v=1 [=1

—1 :
+R2(L+l)—1,2(L+l)—1) :

Following the same procedure as in the fast fading case, one can show that the joint

characteristic function in (3.12) reduces to

Hﬂll-lv 2L V-1 C
¢a,p(wr,w) = W (ZZ W) . (3.24)
u=1 /=0 jeu
where
Kuv’
Cur = Zavivaw
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Similar to the fast fading channel, it is straightforward to show that

HZL 1 2L V-1

L\ B\ 2VL-VHv-1 A

u= V-v'—1

fap = 172 (207) RCYE YT ;MZ‘B/\W’B <A - a) exp (— 202) ,  (3.25)
where Ay = AT K

TRV o VIV Using the transformation in (3.9),

H2LL 2L V-1

o= gyt 2o 0 P (3.26)

u=1v'=0

with

d=0 d
(_1)2VL—V+v’—1—d cua
T BRGAVL -4 2.

, 2\ VLV our v
Py = 208VET1VIHY =V oy (_Cu;‘ ) Z ( +v >

3.4 Probability of Bit Error

For the fast fading channel, the probability of error can be obtained by averaging
the conditional bit error in (3.6) over the pdf in (3.16)

A= [ Q(vie?) fude

(3.27)

where v = % To simplify the analysis, we use the preferred form of the Gaussian

@-function [78]

. x 2
Qz) = %/ exp” zin?6 df. (3.28)
0
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Substituting (3.16) and (3.28) in (3.27), we get

1 [% [ o2

b=~ / ’ / exp 2sin% fodadf
™ Jo Jo
I-I4L 1 4L V-1

= 1:;:3;? Z Z Auv'FuU'a (329)

u=1 v/'=0

where

1 z [ 1a?
Fuv’ = (_2)-4\/—L /2 / exp_ 2sin“8 Puv/dade.
0 0

Substituting P, from (3.22), we get

4VL-V4u'~1 )
4VL -V 1\ (=1)4VE-VH —1—d
( T ) ) Gy (3.30)

Fuv’ = 2CiVL+V_vI Z
= d 8VL-1-d

where by using ([79], Eq. (7.621.4)),

4vL) [z in?0
Gy = %V—L) / *(sin?0)VE ,F(8VL — d ~ 1,AVL;8VL — d; —=2"2)dg  (3.31)
Y 0
— E“hql,v|2 Es | . .
where 7 = = is the average SNR per channel, and 2Fi(., .; .;:) is a special case of

the generalized hypergeometric function ([79], Eq. (9.14.1)). Substituting V"' = sin%0 in
(3.31) and by using the integral in ([79], Eq. (7.512.12)), one can show that

o - DA/2ATC5)
T 16vIFTE
8VL+1

X §Fy(—— VL —d - 1,4VL;4VL+1,8VL - d —-‘%ﬂ). (3.32)

Finally, by substituting (3.32) in (3.30), we can evaluate the average probability of error
in (29). From (3.32) we can examine the asymptotic BER performance as 7 gets large.

In this case, in the limit, the hypergeometric function 3F5(-,-,-) — 1 and hence

1 4VL
Pb("y—>oo)_=_W<;> , WEeR.
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That is, our system achieves the full system diversity of 4V L. The same argument applies
for the slow fading channel discussed below, where the full system diversity of 2V L is
also achieved. The BER for the slow fading channel can be found in a similar way by
averaging the conditional BER in (3.23) over the SNR pdf in (3.26). That is,

H2L 1 2L v-1
u:l?:Y

Pb = T Z Z )\uv’Fuv’a (333)
u=1v'=0

where
E ., = 92VL+V—v ZVL—ZvaI_l VL -V 4+ -1 (—1)2VL-—V+'U’—1——d c,
uv u d VI 1 d
d=0
and
- TQ/2)n(#E)  4VL+1 .
“ 8VL7Wz sFo(————4VL —d = 1,2VL;2VL + 1AVL — d; = ).

3.5 Numerical and Simulation Results

In this section we examine the BER performance of the space-time system discussed
in the previous sections using both Monte-Carlo simulations and'the analytical results in
(3.29) and (3.33). In all cases, we consider a DS-CDMA system with BPSK transmission
where the user data is spread using Gold codes of length 31 chips. The delay between
users, 7y, is assumed to be multiple of chip periods within the symbol interval. To neglect
the effect of ISI, the delay of each path, 7, is taken as a multiple of chip periods of length
less than 10% of the symbol period. In cases where ISI is dominant, one can resort to pulse
shaping/equalization techniques to overcome the degradation in the system performance.
Furthermore, we assume perfect knowledge of the channel coefficients at the receiver.

‘ Also, in all the results, we assume that all the channels are independent. Our results and

analysis are based on two transmit antennas at the user side and V' receive antennas at the
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base station. However, one can generalize these results to U > 2 transmit antennas. In
this case to ensure full diversity using simple decoding, one has to search for a spreading
code matrix that satisfies the full rank criterion using orthogonal designs as discussed in

[10].
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* - single-user{Analysis) |-
<— 3-user(Simulation) - 4
- 3-user{Analysis) . 4
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BER
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Figure 3.3: BER performance for asynchronous DS-CDMA systems with two transmit
and one receive antenna over frequency-selective fast fading channels with L=2 paths.

Fig. 3.3 presents the error performance for different number of users in the frequency-
selective fast fading channel. For reference, we include the BER performance of the
maximal-ratio-combiner (MRC) with eight receive diversity branches. Note that the per-
formance of the MRC is merely used for diversity order comparisons, and the SNR gap
is due to the fixed transmit power constraint and noise enhancement of the decorrelator.
The results in Fig. 3.3 demonstrate the accuracy of the derived BER expression in (3.29)
when compared with simulation results. Furthermore, it is evident that a diversity order
of eight is achieved for different number of users. This diversity is delivered by the U=2

transmit antennas, L=2 paths, V=1 receive antenna, and P = 2 length of the ST-block
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Figure 3.4: BER performance for a 3-user system as a function of the number of paths,
L=23, over frequency-selective fast fading channels.

Fig. 3.4 shows the BER performance of the STS scheme for a 3-user system consid-
ering two and three paths per transmit antenna. The results clearly show the multipath
diversity gain delivered by the RAKE receiver when the number of resolvable paths in-
creases for 2 x 1 antenna configuration. In this case, the transmit diversity scheme with
L = 3 paths achieves diversity order ULP =12 when compared with the MRC with the
same number of diversity branches. - N

Fig. 3.5 examines the BER performance for 2 X 2 antenna configuration, where
we consider transmission over frequency-selective fast fading channel with two resolvable
paths. The accuracy of the derived BER as function of the number of users (K), the
number of resolvable paths (L) and the number of receive antennas (V) is evident for
different number of users. It should also be noticed that the diversity gain is improved

when doubling the number of receive antennas
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Figure 3.5: BER performance for a multiuser system with two transmit and two receive
antennas over frequency-selective fast fading channels with L=2 paths.

Finally, Fig. 3.6 shows both the simulations and analytical results as a function
of the number of users for the slow fading channel. The results show that the proposed
system is able to deliver the same diversity order as the MRC with four diversity branches.

Note that the diversity order of four is due to the U=2 transmit antennas and L = 2 paths.

3.6 Conclusions

The performance of transmit diversity using STS in DS-CDMA systems has been
examined through simulations and mathematical analysis. Our results show that the full
system diversity can be maintained when a decorrelator detector is employed at the base
station. With perfect CSI at the receiver side, these results are valid for both fast and
slow fading channels, where the resulting SNR loss from the‘ optimal single-user system
is only a function of the number of active users. Throughout our work, we agssumed a

perfect channel state information at the receiver side. In the subsequent chapters, we
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Figure 3.6: BER performance for asynchronous DS-CDMA systems with two transmit
and one receive antenna over frequency-selective slow fading channels with L = 2 paths.

investigate the effect of imperfect channel estimation and possible estimation techniques

for STS systems.
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Chapter 4

A Channel Estimation and Dat}a
Detection Scheme for Multiuser
MIMO-CDMA Systems in Fading

Channels

4.1 Introduction

In this chapter, we examine the effect of channel estimation errors on the per-
formance of MIMO CDMA systems. Channel estimation based on training techniques
has been widely considered throughout the literature. However, employing these training
techniques in MIMO-CDMA systems degrades the system performance due to multiuser
interference. This degradation is clear as the diversity advantage of the MIMO system di-
minishes with the increased level of interference. As a remedy to this problem, we propose
a channel estimation and data detection scheme based on the superimposed training tech-
nique for STS systems. The proposed scheme enhances the performance of the space-time

system by eliminating the interference effect from both the channel and data estimates

45



using two decorrelators; channel and data decorrelators. We investigate the performance
of the proposed estimation technique considering an asynchronous CDMA uplink trans-
mission over frequency-selective slow fading channels. In particular, we analyze the BER
performance of the multiuser system with two transmit and V receive antenna config-
uration over Rayleigh fading channels. Compared with other conventional estimation
techniques, our results show that the proposed estimation technique is more robust to
channel estimation errors. Furthermore, both simulations and analytical results ihdicate

that full system diversity is achieved.

4.2 System Model
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by i :
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Y ; '
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Figure 4.1: Block diagram of pilot-sequence-assisted STS transmission system correspond-
ing to a single receive antenna.

The transmit diversity scheme considered in our work consists of two transmit
antennas at the mobile station and V receive antennas at the base station. The system

block diagram for the k*" transmitting user is shown in Fig. 4.1, where real valued data
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symbols using BPSK baseband modulation and real valued spreading are assumed [48].
We consider the original-STS scheme proposed in [16] with two spreading codes per user.
As seen in Fig. 4.1, following the STS, two pilot spreading codes are assigned to each
user for.the purpose of channel estimation. Each pilot sequence is added (superimposed)
on the STS signal before transmission from the corresponding antenna. We also consider
an uplink asynchronous transmission from K users over frequency-selective slow-fading
channel (see Fig. 4.2), where the fading coefficients are fixed for the duration of M -symbol
_data block but change independently from one block to another. Given the space-time
scheme in [16], the duration of the space-time codeword is T, = 2T;, where T} is the bit
duration. The received complex low-pass equivalent signal at the v*" receive antenna is
given by |

o Estimation interval

e e

: .
' H

7

L ek

\\\\\\\\\\\\\\\\\\\%

H {7 Current Symbol
Following Symbol
B8 Previous Symbol

I

"t ',, v
Zl.ﬂ::pmh o . User K
: : L% path J
0 T, 1, (L-WT, Te T .T,+(l.~1)T( r“T'*:(L_”T‘ '

Figure 4.2: Asynchronous transmission of K code sequences, each has a period T; = 2N
chips, over frequency selective fading channel with L resolvable paths. The estimation
interval is T, + 7, + (L — 1)T,.
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K L M-1
™(t) = Z Z Y [, / %Pkl(t —mTs — 7 — T1) + ,/%i-(bkl[m]ckl(t —mT;
— Tk — 7~'l) + bkz[m]ckz(t - st - Tk — ’7:1))] + hgl'v I:w / %Pkg(t - st — T — ﬁ)

+ \/%(blﬂ[m]ckl(t —mTs — 7 — 71) = b [mlcka(t — mTs — 7% — ﬁ))} +n'(t), (41)

where p, and py represent the pilot and data signal-to-noise ratios (SNRs), respectively.
The data bits, bxi[m] and byo|m], represent the odd and even data streams of the k'
user within the m* codeword interval. In (4.1), cpi(t) and cxo(t) are the k' user data
spreading sequences with processing gain 2N, where N = T,/T. represents the number
of chips per bit, and T is the chip duration. The two pilot spreading sequences, Pri(t)
and Pgy(t), assigned to the k** user have a period of 27;. In our analysis, we assume that
the pilot and data spreading sequences assigned to the K users are mutually orthogonal
at the transmittér side. However due to asynchronous transmission, this orthogonality
condition between codes is no longer valid at the receiver side. 7 represents the transmit
delay of the k** user signal which is assumed to be multiple of chip periods within 7. 7
is the {** path delay ( 7, = IT,), hsl’”, g = 1,2, is the channel coefficient corresponding to
the k*" user, [t" path from the ¢** transmit antenna to v'* receive antenna, and L is the
total number of resolvable paths. These fading coefficients are modelled as independent
complex Gaussian random variables with zero mean and variance o}, = 1. We also consider
a time-invariant channel over the duration of an M-symbol data block. The noise n*(t)
is Gaussian with zero mean and unit variance. At the receiver, the received signal is
first sent to a channel estimator, where the path gain estimates {W:l’”, Wq";’" of the [t
path between transmit antenna ¢=1,2, and receive antenna v are obtained. Then, the

STS signals are detected using the estimated path gains. The receiver structure is further

illustrated in the following sections.
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4.3 Channel Estimation

At the receiver side, the received signal at each receive antenna is chip-matched
filtered, sampled at a rate 1/T;, and accumulated over an observation interval of (2N +
Tmaz + L — 1) chips corresponding to the first symbol of the received data block for the
K-user system. The (Tynaz + L — 1) samples are due to the maximum multipath delay (ie.,
delay of the L*® path) corresponding to the user with the maximum transmit delay, Tqz-
We have chosen to employ the first symbol observation interval in channel estimation since
it is the symbol with the least MAI and ISI contributions.

Fig. 4.2 shows a block diagram of the asynchronous transmission of K users code
sequences, each with a period of T, = 2N chips over frequency-selective fading channel
with L resolvable paths. As shown, the estimation interval corresponding to the mth
STS symbol interval (m = 0,1,...,M — 1) starts from the first path of the first user
corresponding to the m* transmission period (i.e., 71 represents the minimum user delay
(11=0)) to the end of the L* path of the K*" user’s m** symbol (7 is the maximum user
delay (Tx=Tmaz)). Assuming perfect knowledge of the users’ delays, one can construct the
code matrices corresponding to the current, following or previous symbol transmissions
within the observation interval. |

Let y®[0] denote the observation vector at the v** receive antenna containing all
samples related to the STS symbols transmitted by the K users within the observation
interval. Then

v°[0] = C[0]H"b[0] + C[1]H"b[1] + n[0] , (4.2)

where C[0] = [C;[0], C5[0], ..., Cx[0]] represents the code matrix corresponding to the
current received symbols, b[0], within the observation interval. The sub-matrix Cg[0],
(k=1,2,..,K) is a [(2N + L = 1 + Tmaz) x 4L] matrix containing the pilot and data
sequences of user k associated with the L resolvable paths. In the same way, Cl] =

[Cy[1], Ca[1], .., C [1]] represents the code matrix of the following received symbols, b[1],
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within the observation interval. Ci[l], (k = 1,2, ..., K) is a [(2N +L—1+4Timqz) X 4L] matrix
consisting of the pilot and data code sequences of user k associated with the following
STS symbol within the current observation window. The definition of theses matrices is
given in Appendix A.1. The second term in the right-hand side of (4.2) represents the
interference due to the following symbols, b([1], of the K-user system. In (4.2), H" is the
channel impulse response of the K-user system at the v** receive antenna, and is defined
by
H' = diag{H},H;, ..., H} }

where

v= (), BT ), .. (D)), k=1,2,..K,

and HY(l), (I = 1,2, ..., L) is determined according to the STS scheme in [16]. Here, H}(l)
is modified to include the effect of pilot transmission as follows

e o 0 0
0 A 0 0
0 0 Ay R

k, k,
0 0 -RE RE|

The transmitted data vector from the K users during the m** symbol duration, b{m], is
given by
b{m] = [bT[m], bY[m], .., b%[m]], m=01,...,.M -1

by[m] = {\/% \/B;f, \/%——dbkllm}, \/%bkz[m]]T, k=12, ., K.

Finally, in (4.2), n[0] is a [(2N + L — 1 + Tyes) X 1] vector representing the AWGN

where

samples at the v receive antenna, each with zero mean and unit variance. From (4.2),
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the received signal can be represented in a more compact form as
y*[0] = C,H}b + n”[0] (4.3)

where

C, = [C[0],Cl1]], Hy=IL ®H’ b=[b[0o]",bl1]]",

and ® denotes Kronecker product operation [57]. After sampling and despearding of the

received signal, y*[0], with the pilot and data code matrix C,, the output is given by
y2[0] = R,HEb + N2, 0] (4.4)

where R, = C[/C,, is the pilot and data cross-correlation matrix, Nv.[0] is modelled as
N.(0,R,,) (zero mean complex Gaussian vector with covariance Ry). In order to estimate
the covariance matrix R, we assume that the channel delays are known at the receiver
and the channel coefficients are constant within a data block of M symbols, i.e., quasi-
static fading channel. Note that, the authors in {19} have based their channel estimation
on the channel despreader output, y*[0]. That is the channel estimation in [19] treats
the multiuser interference and ISI as background noise. Hence, the error signal in the
channel estimates are affected by the presence of ISI, MAI and thermal noise. The self
interference between the two pilot signals of each user was also neglected in [19]. Here, we
consider an asynchronous uplink channel where multiuser interference can limit the system
performance. However to overcome the effects of multiuser interference resulting from the
asynchronous transmission, we employ, after the despreader, a decorrelator detector at
each receive antenna for channel estimation. This Will show to improve the reliability of

the estimation process. In this case, the output of the vt* channel decorrelator is given by

yZ[O] = Hyb + N,[0] (4.5)
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where N2,[0] is Nc(0,R; 7). Note that the cross-correlation matrix inversion is based
on the pseudo-inverse or the Moore-Penrose generalized inverse [80] which can be calcu-
lated using the singular value decomposition in O(L3K3) operations [81]. Since this is
implemented at each receive antenna, the total number of arithmetic operations needed
by the overall removal operation is O (VL*K*). For more details on the generalization
of the decorrelator detector when R, is rank deficient, the reader is referred to [[20] p.
241-242). From (4.5), the first 4LK elements are then chosen from the v** decorrelator
output vector, y3[0], for estimating the channei coefficients at the v'" receive antenna,

yielding to

kv __ pipkwv kv
Wy° = B'h)} +wy;,

WEY = BhEY +wh?,  k=1,2,.,K;1=12,..,L (4.6)

where B' = /2, w¥® and why” represent the errors in the channel estimates corresponding

to the I** path between the ¢ transmit antenna (¢=1,2) and the vt receive antenna. From

(4.6), we obtain the corresponding channel estimates as

7k _ kv kv
hi = hy +eys

Rhv — kv ek k=1,2,.,K1=12,..,L (4.7)

kv
kv Wy _
where €;" = -, (g=1,2).

4.4 Data Detection

Having obtained the channel estimates as discussed in the previous section, and

prior to data detection, the effect of the pilot sequences at each receive antenna is elimi-
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nated from the received signal defined in (4.1) as

K M-1

L
V' (t) = Z Z Z & [A'(bkl[m]ckl(t ~mTy — 7 — 7)) + bra[m]cra(t — mTs

k=1 l=1 m=0

— 7 — ﬂ))] + hEw [A,(ka[m]Ckl(t —mTy — 7 = 71) — bra[m]cka(t — mTs — 7

~ ﬁ))] — B Py(t — mT, — 7 — 7)) — B'eh Pea(t —mT, — 1 — 1) +n°(t) (4.8)

where A' = \/%- . In (4.8), the terms corresponding to the received pilot sequences are due
to the errors in the channel estimates. Then, similar to the channel estimation procedure,
' (t) is filtered, sampled at a rate 1/T, and accumulated over an observation interval of
(2N + Tynee + L — 1) chips for the m!* data symbol of the received data block.

Using vector notation and with the help of Fig. 4.2, the data chip-matched filter

output at the v receive antenna, g¥[m|, can be expressed as
p g )

g*[0] = C'[0JHY'b/[0] + C'[1JH" b'[1] — P[0JEY — P[1JE + n*[0], (4.9)
g’[m] = C'[0JH"'b'[m] + C'[-1/H'b'[m — 1] + C'[1]H" b'[m + 1]
— P[OJEY — P[-1]EY — P[1]E” +n*[m],m=1,...,M — 2 (4.10)
g'[M — 1] = CJ0[H"b'[M — 1] + C'[-1JH"b[M — 2] - P[)]E”

- P[-1EY +n*[M - 1], (4.11)

where C'[0], C'[1], and C'[—1] include the data sequences corresponding to the current,
following and previous STS symbols of the K-user system within the observation interval
respectively, each has a dimension of (2N + L — 1 + 7Tmae) X 2LK (see Appendix Al).
Similarly, P[0}, P[1] and P[~1] have the same definitions of C'[0}, C'[1], and C'[-1]

except that the data sequences are replaced by the pilot sequences. In (4.9)-(4.11), the
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channel impulse response of the K users, HY', is defined by
HY = diag{HY HY,...,H%}

where

o ,U/T ,UIT o' T
Hk = [Hk (1)’Hk (2), ’Hk (L)]T, k - ]., 2, ...K,

HY(1),(I =1,...,L) is defined according to the employed STS scheme in [16] as

In (4.9), E¥ represents the channel estimation error vector of the K users which is given
by

’ T /T T
E' =[EY EY . EY T

where

T
v kv kv _kwv kv kv -
E = [611,621,612,...,61L,62L} k=12 . K

Finally, in (4.10), b[m},(m =0,..., M — 1) is given by
' ' T ¥ + T
b'[m] = [by" [m],b; [m],..., by [ml]",

where

by'[m] = [A'bg [m], Abeo[m))”  k=1,2,...,K,m=0,...,M - 1.

From (4.9)-(4.11), the received signal can be represented in a more compact form as

g'[m] = C4Hby; — B'P,E" + n*[m], m=1.,M-2 (4.12)
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where

/

Cq=[C'[0],C'[-1],C]], (4.13)

P, = [P[0], P[-1],P[1]}, (4.14)

H =1, @ HY, (4.15)

B = w7 e BT, (4.16)

bg = [b'[m]7,b'[m — 1]7,b'[m + 1)77. RCRY)

Note that in the case of m = 0, one can exclude from (4.13)-(4.17), the effect of previous
STS symbols on the data chip-matched filter output, g*{m]. Also, when m = M - 1,
the effect of following symbols are excluded. After sampling the received signal, the data
matched filter output, g*[m] (v =1,...,V), is correlated with the data code matrix, Cy,
as follows

g’[m] = RgHYb, — B'CHP,E® + N}, [m] (4.18)

where Ry = C C, represents the data cross-correlation matrix, and Ng[m] is modelled
as N,(0,Ry). It is clear from (4.18) that the data correlator output, g¢[m], suffers from
MAI and ISL. Afterwards, the output of the data correlator (despreader) at each receive
antenna is applied to a linear mapper defined by the inverse of the cross-correlation matrix,

R;l, corresponding to the data code sequences to give
gy[m] = Hyjbg — B'Q4E" + Nyy[m] (4.19)

where Q; = R;'CHP,, and NY;[m] is modeled as N.(0,R;"). Finally, the first 2LK
elements of each decorrelator output vector, gy[m] (v=1,...,V), are combined with the
corresponding channel estimates defined in (4.7) for final data estimates. Without loss of

generality, we consider the first user as the desired user. Thus the decision variables for
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the odd and even data bits are given by

Re { R (@3lmD)a-10 — By (g3lm])aua (4.20)

Mh

Bll[m] = Z

v=1 1

!
-

bia[m] = Re {7152”(85[7”])2!—1,1 + h}f*(gg[m])m} (4.21)

M <
Mt‘

v=1 =1

where (g3[m])c1 (¢ = 1,2, ...,2L), is the (** element of the v decorrelator output vector.

In the above analysis, we have considered the case of two transmit antennas. How-
ever, the estimation technique can be generalized to the case of U > 2 transmit antennas
as follows. The transmitted data is first serial-to-parallel converted to U parallel sub-
streams. As in the two transmit antenna case, the U paralle] bits are spread using the
STS scheme in [8]. Following the STS, the U parallel data bits are superimposed by U
distinct pilot spreading codes, where each pilot s.equence is assigned to a different an-
tenna. Upon reception, the received signal is sampled at the chip rate and accumulated
over an estimation interval of UN -+ L — 1 + Tmqe. Following the same procedure as in the
two-antenna case, the received signal after sampling, is de-spread using C,, for channel es-
timation or Cy for data detection. Subsequently, decorrelation is implemented to remove

the effect of MAI and ISI from both channel and data estimates.

4.5 Performance Analysis

In this section, we evaluate the performance of the proposed estimation technique
in terms of its probability of bit error. We start by finding the decision variables cor-
responding to the data estimates at the decorrelator output and after signal combining.
Then, we obtain the pdf of these decision variables which will facilitate the evaluation of

the average probability of error.
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4.5.1 BER Analysis

From (4.19), (gY[m])ai-1,1 and (g4[m])a,1 in (4.20) and (4.21) are given by,
(gh[mDa-11 = AR} by [m] + ARG biam) — B (Q4EY)ai—1,1 + (Nig)ai-1,1, (4.22)

(&3[m])ary = —A'hybu[m] + ARy bia[m] — B (QE)an + (Ngg)aa (4.23)

where (QgE")z-11 and (QuE?),1 are defined in terms of the channel estimation errors
corresponding to the K users at the v'® receive antenna. By partitioning Qg into three
groups: Qug1, Qa2 and Qg3 Whére each group has the same dimensions of 6LK X 2LK,
QE is defined as QuEY where Qg = Qa1 + Qa2 + Qus. Consequently, (QgE”)2-1,1 and
(QE")a1 1 are derived as

(QuEY)21-11 = Xu 1 EY, (4.24)
(QUE)a11 = XoEY (4.25)

where X (¢ =20 —1,20), is a [1 x 2LK] vector consisting of the elements of the £ raw

of Qus. Using (4.7) and (4.22)-(4.25), (4.20) can be written as

v L _
bulm) = 3° 5" Re{(A'|RP 12 + A'lhg? 1P + Alesi” hy” + A'eyi”™ hyiYou[m) + (4

v=1 (=1

Lvxplw r lwuxp Lo 71, Lo v 7 _1ux v’ 71 1,ux

x e hy — Aley by )ora[m] — B'hy" Xy 1B — Bey” X1 1 EY + Bhyj
v 1 lux ! 1,u% U 1,u% v 1,u% v

x XoEY + Bley”" XaEY + hy” (NG a1 + e (Ngg)am1,0 — ko (Ngg)a

— el (NSg)ai1}. (4.26)
Now consider the case of by;[m] = +1, then the probability of error is given by

Py = %Pb(i?u[m] < Olbyg[m] = +1) + %Pb(éll[m] < Olbizfm] = —1). (4.27)
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Let the estimate Bll[m] equivalent to, Z; when bja[m] = +1, and Z; when bp[m] = —1.

Then (4.27) can be written as
1 1-
P = §Pb(21 < 0) + '2-Pb(ZQ < 0) (4.28)
Given the complex variables  and y, we have
* 1 * *
Re{zy*} = 5(1:3/ + yz*). (4.29)

Then Z; and Z, can be expressed as a sum of independent symmetric quadratic forms as

follows:
Vv 174
2= X8, X" =" Z, (4.30)
v=1 v=1
1% Vv )
2y =) XH8X =" 7y, (4.31)
vr=] v=1
where
XY = [ ALY RIE, R ey eat sy ot - el (NS0, (NYg)2n, - - -
, (NS)2p-11, (Nig)21]T (4.32)

It should be noted that X? is a [4L + 2LK] complex normal vector with zero mean and
covariance matrix R, (the derivation of R, is done in Appendix A.2). In (4.30)-(4.31),
S; and S, are coefficient matrices of the quadratic forms Z;, and Z, respectively , which
are defined in Appendix A.3. The vectors X" (v =1,...,V), are statistically independent
with the same covariance matrix R,. Also, the coefficient matrices, S; and S; are identical
for each receive antenna.

From (4.30), we can find the characteristic function of the decision statistic Z; as

[82],(83]
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O (w) = FElexpljwZi]|=F

SE)

=[] ¢z, ()  (4.33)
where
¢z, (W) = E [exp (jwZ1y)] (4.34)

Note that the characteristic function of the quadratic form in (4.34) can be derived in

terms of the eigenvalues of the matrix S;R, as [83]

N’

1
= I I — 4.
¢Zlv (w) 1L (1 _jw/\n) ( 35)
where A,, n=1,..., N', are the N’ eigenvalues of the S;R; matrix. Based on the matrix

structure of R, and S; (see Appendix A.2 and A.3), both S; and R, are symmetric
matrices. Also, we can notice that R, is positive definite while S, is generally singular
matrix. Accordingly, the eigenvalues, A,, n = 1,..., N’ are real valued but may be
positive or negative. Substituting (4.35) in (4.33), the characteristic function @z, (w) is

given by

NI
1
Oz, (w) = L[l T (4.36)
From (4.36), we can find the pdf of Z;, fz,, [75]. Using this pdf; one can evaluate the
probability P,(2; < 0) as follows [84]:
_ 0
Pb(Zl < 0) = / ledzl

1 [0 _
:%/ / ®z, (w) exp|—jwZi}dwdZ,

11 ﬁ 1
2 2m ) (1= jwA,)Y

(jw) dw. (4.37)

n=1
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The remaining integral in (4.37) can be evaluated using contour integration, where

we consider the integral along an indented contour C oriented in the positive direction as
shown in Fig. 4.3. The contour integral is then given by

]i f(2)dz = fc [ﬁ ——1——} (jz)"tdz.

: (4.38)
n=1 (1 —]z)\n)v
Note that the integrand in (4.38) has singularities at z = 0 and z = —j/\1,..., —3/An.
4 im{z}
e c
/, . __1 Al
’I ”"J)v’. \\‘
L L@ : .
¢ ¢ Re{z}

Figure 4.3: The indented contour C.
Since the contour C is located in the upper half-plane, the poles bounded by this contour
are based on the negative eigenvalues (i.e., {\,} < 0). Using the residue theorem [85],
the contour integral defined in (4.38) is given by,
7{ f(2)dz = jmRes
c

(f(z),z=0)+j27rzl:Res <f(

z),z= —)\—T) (4.39)
r=1
where Res(f(z), z,) denotes the residue of f(z) at the pole z = 2 and n, represents the
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number of negative eigenvalues of the matrix S;R,. In order to evaluate the residues, we
use the partial fraction expansion method of a rational function with high order poles.
For further details regarding this method, the reader is referred to [76]. In (4.39), for all

values of V, we have

Res(f(z),z=0)=—3. (4.40)

For the remaining distinct poles, the residues are found for different values of V/ according

to [76]. For instance, for V = 1,2, 3 receive antennas, we have respectively

Case 1 (V=1): Res (f(z),z = —/\%> = ﬁ (1—_]'75, (4.41)

: N
Case 2 (V=2): Res <f(z),z = —%) = jA X H A2

n=1An#0
s 1 ad 2
S O vl P S vyl § R
=1 #EA r P=LA#A T

. . N
>:]—;\T—x H A3

Case 3 (V=3): Res (f(z),z = —X]_
T n=1,An#0

N/ 1 N/ 3
 —————————— 2  ———————————————————————-
. 11 (A=A AT+, 2 (A2t =012
=12 #Ar r P=LA#A T

2
N/

3

- D oo . (4.43)
=12 #A T T

Now using the obtained residues, we can evaluate the contour integral in (4.39). Note

that the contour C can be split into a straight part (real part) and curved part. Let

f'(z) = P'(2)/Q'(2) where the degree of P'(z) and Q'(z) are u and s, respectively, then
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the integration over the curved path tends to zero for large |z| ([z| — co) when s > u +2
([85], theorem (19.5)]. Given this fact, and considering the limit as e goes to infinity, the

integration defined in (4.39) can be evaluated as

/_ " f(z.)dz = jnRes(f(z),2 = 0) + j2r > Res ( f(2),7 = —Al) (4.44)

r=1 T

where e represents the radius of the contour C, and z, denotes the real part of the complex
variable z. Substituting (4.44) in (4.37), we get Py(2, < 0) for the cases V=1,2, and 3

antennas respectively as follows,

N ny
Case 1 (V=1): Py(2, < 0) = ( H /\;I) X z (Ar

n=1An#0 r=1

N’ 1
X I I —_— 4.45
’ ()\—1 - )\—1) , ( )
r =1,)\r1¢>\r I r

N’ ny N’
_ 1
Case 2 (V=2): F(2, < 0) = ( I | )‘;2> X § : Ar H O — AZ1)2

n=1,A\,#0

NI
2
X /\r it Z )\__,I————)\'_’_l s (446)

r=LA i #EA T T
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N’

N’ 1
Case 3 (V=3): By(2, < 0) = ( H )\;3) X Z :\% H ()\—_/1'_}—)\—_1—)3

n=1,An#0 r=1 r’:l,/\r/#)\r T

A2 3 (i
x [X+ > IR G

Pl EA T T

N’ 3 2

_legr:,#r _——’\Pl — A:‘) : (4.47)
Following the same procedure, we can evaluate the probability, 151,(22 < 0), by replacing
An by B, and n; by ng, where 8,, n=1,..., N, are the eigenvalues of S;R, and n, is the
number of the corresponding negative eigenvalues. Finally, the average BER in (4.28) is

obtained.
In the above analysis, we considered a uniform multipath inténsity profile (MIP).
However, this analysis can be generalized to the exponential MIP in the same manner
where the subscript [ is added to the corresponding variance of each multipath component,

ie., o2 is replaced by 07, = 1,..., L where o2, is defined by [86
h hi hi

0,2” = ag exp (-ﬂn(lg 1)) , 1=1,...,L, (4.48)

02 is the average power of the initial path, and & is the normalized decay factor. To keep

the total fading power equal unity at each transmit antenna, we have

2 M_—_l' (4.49)
Thus, the covariance of the channel vector h¥, Rg_p, is defined by a diagonal matrix with
elements 02,,0%,, . ..,07, (see Appendix A.2). Based on these assumptions, and following

the same procedure as above, the closed forms of the average BER will have the same

expressions as in (4.45)-(4.47), regardless the channel power delay profile.
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4.5.2 Asymptotic Performance and Diversity

One way to prove that our system can deliver the full system diversity is through
a comparison with the corresponding MRC with the same number of diversity branches.
In that, we show that the slope of the BER performance for the two systems at high
SNR is identical, indicating equal diversity orders. This approach is i.nvestigated in more
details in the following section. On the other hand, if the eigenvalues of the matrix S;R;
of each receive antenna can be evaluated in terms of the received signal parameters, then
expressions ((4.45)-(4.47)) can also be used to provide further insight into the proposed
system performance. Unfortunately, a straightforward application of this approach proved
to be difficult as the dimension of the corresponding matrix is (4L +2LK) x (4L + 2LK).

In [87], Russ and Varanasi have encountered a similar problem when dealing with
noncoherent multiuser detection over Rayleigh fading channels. Similarly Brehler and
Varanasi [88] have noticed the same problem in analyzing the performance of quadratic
receivers in fading channels. In these works, the authors have presented the BER perfor-
mance of their receivers as a function of the eigenvalues of some parametric matrices. A
remedy to this problem was proposed in [87] and [88], where the authors examined the
asymptotic behavior of the corresponding eigenvalues as the SNR increases (pg — 00).
Using empirical results, the authors in [88] observed that half of the nonzero eigenvalues
asymptotically approach —1 while the other half are positive and linearly proportional
to ps. As a result, they concluded that such.a structure of eigenvalues is sufficient to
prove the full system diversity is equal to the number of asymptotic positive (negative)
eigenvalues. |

In the previous section, we have shown that S;R; is defined for any vt receive
antenna, v =1,--- ,V (see Appendix A.2 and A.3). bTherefore, the estimated eigenvalues
of this matrix are equivalent to the eigehvalues of a STS system with two transmit and
one receive antenna assuming L resolvable paths per transmit antenna (equivalent to a

system with 2L diversity order).
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Following the same approach as in [87] and [88], we have noticed that half of the
nonzero eigenvalues are asymptotically equal to €, (¢ — 0~ as the SNR pg — 00), where
0~ denotes a very small negative value. The remaining half of the nonzero asymptotic
eigenvalues is positive and linearly proportional to py. It should be noted, however, that
this result did not turn out to be identical to the result obtained in [88] since we consider
a different system configuration. Similarly, the structure of these eigenvalues show that
the number of asymptotic positive (negative) eigenvalues is equivalent to the full diversity
of a STS system with 2L diversity order.

Fig. 4.4 shows a sample of our results where we consider the proposed system
with five users, two transmit and one receive antenna, for L = 2, 3 resolvable paths. This
system produces a group of 8 nonzero eigenvalues for the first case (L = 2), and a group
of 12 nonzero eigenvalues for the second case (L = 3). For each group, half of the nonzero
eigenvalues is positive and the other is negative. This confirms that the number of positive
eigenvalues represents the full system diversity, where the number of positive eigenvalues

of each group (four and six respectively) is equal to the full system diversity of each case.

By utilizing this asymptotic behavior of eigenvalues, we are able to study the behav-
ior of the BER as py — co. Note that the first term in the right-hand side of (4.45)-(4.47)
takes the form Hﬁ’;mn 40 AV where V=1,2 and 3 receive antennas. In the asymptotic
case, this term is proportional to p(;”‘v. The remaining terms which belong to the right-

hand side of these equations include a common factor in the form

N/ 1 N’ /\V
11 Evasseiie 11 = V=123
r=LAEN T T =1 #Ar A

Taking the limit of this term as p; — oo, and substituting with the positive and negative
asymptotic eigenvalues, one can easily show that the limit of this term has a constant

value independent of SNR, py. Consequently, the BER expressions in (4.45)-(4.47) show
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- Average positive eigenvalue (L=2)
- Average negative eigenvalue+1{L=2)
- Avarage positive eigenvalue (L=3)

= Average negati g lue+1 (L=3

10’

10°

20
P(dB)

Figure 4.4: Asymptotic nonzero eigenvalues of 5-user STS system with L=2,3 paths, two
antennas at the transmitter and one antenna at the receiver side.

that the proposed system achieves a diversity order of 2LV

4.6 Simulation Results

In this section, we examine the BER performance of the STS system employing the
proposed channel and data estimation technique. Both Monte-Carlo simulations and the
analytical results are presented for different system configurations. In all cases, we consider
a DS-CDMA system with two transmit and V = 1,2, 3 receive antennas. We also consider
an uplink asynchronous transmission of a data block of thousand symbols (A/=1000) over
a frequency-selective slow-fading channel. Throughout the simulations, we consider a
multiuser system where all users are assigned Walsh code sequences of length 64 chips for
the pilot and data sequences. The delay among user signals, (7, k € {1,2,..,, K}), are
assumed to be multiple of chip periods within T;. Without loss of generality, we assume

that the users’ delays satisfy the condition 3 =0 < ... <7, < ... < 7 < T, [73]. The
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path delay is also assumed to be multiple of chip intervals, 7, = [T, [ =1,2,..., L. Since
we assume that the channel coefficients are constant during the transmission of the data
block, we consider in all our simulations that the pilot sequence is superimposed to the STS
signal during the first symbol period of each data block. This estimation interval includes
sufficient information about the channel in order to implement the estimation process;
the multipath channel coefficients and the delayed versions of the pilot sequences assigned
to the K users. This enables us to implement the despreading and the decorrelation
successively in order to get the channel estimates. In this case, the average pilot signal
to noise ratio among the frame, PNR = 10log ps — 10log M. Along our simulations, we
compare the BER performance of the STS system versus different data signal to noise

ratios, pq.

—-&—- Joint conventional channel and data estimation [19] :
-2~ Conventional channel estimation+Decorrelating data estimation}.

- Joint decorrelating channel and data estimation(Analysis)
- MRC(1x4)

Figure 4.5: Comparison between different channel estimation and data detection tech-
niques for the 5-user STS system with L=2 paths, PNR=>5dB, two antennas at the
transmitter and one antenna at the receiver side.

Fig. 4.5 shows the BER performance for different channel estimation and data

detection techniques: (i) perfect knowledge of the channel at the receiver (reference case);
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(ii) conventional channel estimation and data detection [19] (no MAI removal from both
the channel and data estimates); (iii) conventional channel estimation followed by decor-
relating data detection (only interference removal from the data estimates); and (iv) the
proposed decorrelating channel and data estimation technique. Confirmed by simulations,
our analytical results prove that the proposed scheme achieves a performance very close
to the perfect channel estimation case for PN R=5dB. Examining the results in Fig. 4.5,
one can see the effect of interference removal from both channel and data estimates on
the system performance. Note that the third system renders a slight improvement over
the conventional technique [19], due to the MAI removal from the data estimates but still
affected by the imperfect channel estimation. With MAI removal from both the channel
and data estimates, the proposed receiver outperforms the other estimation techniques.
For reference, we included the BER performance of the MRC with four diversity branches.
We can notice that the proposed scheme is able to deliver the full system diversity (2V L)
at the prescribed PNR.

Fig. 4.6 shows the performance of the proposed system with the same antenna
configuration as a function of PNR. Compared with the perfect channel estimation case,
the proposed receiver achieves accurate estimates for PNR greater than 0 dB. Fig. 4.7
also shows the performance of the proposed scheme when the number of resolvable paths
is increased to L = 3 per transmit antenna. The proposed receiver is shown to offer
accurate channel estimates even when the number of resolvable paths increases. Also
note that the system in this case offers a diversity order of six (2V L = 6), as evident from
the comparison with the equivalent MRC with same number of diversity branches. In Fig.
4.8, the BER performance of our system is examined for 2 x 3 MIMO systems with two
resolvable paths per transmit antenna and different number of users. The results conclude
that the effect of increased interference only appears as a SNR loss and no diversity loss
is incurred.

In Fig. 4.9 we investigate the performance of our proposed system considering
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- PNR==-5dB{Simulation)
+- -~ PNR=-5dB8(Analysis)

- PNR=0dB(Simulation)
~ PNR=QdB(Analysis)
- PNR=5dB(Simulation)
- ke - PNR=SdB(Analysis)
e MRC(1x4)

P4(dB)

Figure 4.6: Effect of different PN R values on the BER performance of the proposed esti-
mation technique for a 5-user STS system with L=2 paths, two antennas at the transmitter
and one antenna at the receiver side.

different channel power delay profiles, namely uniform MIP with unity total fade power
(62 = 1/L) and exponential MIP with unity total fade power (see equation (4.48)). The
results show that the realistic channel assumptions are interpreted as SNR loss without
affecting the full system diversity.

In all the results, our analytical results are shown to be in excellent agreement with

the simulated ones, and the full system diversity is maintained.

4.7 Conclusions

We have proposed a channel estimation and data detection technique based on the
superimposed training approach for STS systems. In particular, we have shown that the
proposed scheme is robust to channel interference caused by the multiple-access transmis-

sion in asynchronous CDMA uplinks. Furthermore, this scheme achieves accurate channel
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<1~ - 3-paths(Simulation)
— 3-paths(Analysis)
- MRC(1x6)

BER

Figure 4.7: BER performance of the proposed estimation technique for a 5-user STS
system with L=3 paths and PN R=5dB, two antennas at the transmitter and one antenna
at the receiver side.

estimates and offers high spectral efficiency. However, there is a power penalty since a
portion of the transmitted power is assigned to the training sequences. In addition, each
user is assigned four spreading codes. This wastes the system resources. Therefore, in the
following chapter, we provide another JDE technique based on the EM algorithm. This
technique has the advantage of achieving the ML solution iteratively without wasting the

system resources at the expense of some additional computational resources.
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5-user(Simulation) [
— 8 — 5-user(Analysis)
g~ 8~user(Simulation)
— % — 8-user(Analysis)
- 11-user(Simulation)
— » — 11-user(Analysis)

BER
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25
P4(dB)

Figure 4.8: BER performance of the proposed estimation technique for the multiuser STS
system with L=2 paths and PN R=5dB. The STS system employs two transmit antennas
and V=3 antennas at the receiver side.

10°

—— cn2=1/L
1 ——©— Exponaentionat MIP (x=3)
] —&— Exponentional MIP (x=5)

BER

Figure 4.9: BER performance of the proposed system considering different channel delay
profiles. The STS system employs two transmit and one receive antenna with L= 2 paths
and PN R=5dB.
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Chapter 5

EM-Based Joint Channel Estimation
and Data Detection for

MIMO-CDMA Systems

5.1 Introduction

In this chapter, we present an iterative joint channel estimation and data detection
technique for MIMO CDMA systems over frequency-selective fading channels. The pro-
posed receiver performs the channel estimation and data detection using the expectation-
maximization (EM) algorithm. We derive a closed-form expression for the optimized
weight coefficients of the EM algorithm, which is shown to provide large performance
improvement relative to the conventional equal-weight EM-based signal decomposition.
Our results show that the receiver can achieve near-optimum performance with modest

complexity using very few training symbols.
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5.2 System Model

Throughout our work, we consider a transmit diversity scheme with U=2 transmit
antennas at the mobile user and V multiple receive antennas at the base station. We also
consider the original STS scheme proposed in [16] for an asynchronous K-user system over
a slow frequency-selective fading channel with L resolvable paths. The channel coefficients
are, therefore, considered fixed within a block of M codewords, where each codeword has
a period of Ty = 2T} and T, denotes the bit period. The received complex low-pass

equivalent signal at the v receive antenna is given by

K L M-1
= Z Z ht; [bkl [m]exi(t = mTy — 7 — 71) + brz[m]cia(t — mTy — T~
k=1 I=1 m=0
- Tl)] + h2l l:bkz Ckl t —mly — 1 — T[) bkl[m]ckg(t —mTy — 1, — Tl)} +n ( )

(5.1)

where by;[m] and bgo[m] are the odd and even data streams of the k** user within the
mth codeword interval. The codes c;(t) and cya(t) represent the k™ user’s spreading
sequences with processing gain 2N, where N = T;,/T, is the number of chips per bit, and

T. is the chip duration. In (5.1), REY g = 1,2, is the attenuation coefficient corresponding

gl »
to the k" user, [""path from the ¢** transmit antenna to the v'* receive antenna, where
h';l’” = \/%a';l’”, a';l’" is the corresponding fading channel coefficient and Ej is the k**
user transmit energy. These attenuation coefficients are modeled as independent complex
Qaussian random variables with zero mean and variance o2, where o} = 202, and o7 = .
The noise n¥(t) is Gaussian with zero mean and variance N,. At the receiver side, the
received signal at each receive antenna is chip-matched filtered, sampled at a rate 1 /T, and
accumulated over an observation interval of (2N + 7,4 + L —1) chips corresponding to the

th symbol of the received data block for the K-user system. The (7inqz + L — 1) samples

are due to the maximum multipath delay (i.e., delay of the I"* path) corresponding to the
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user with the maximum transmit delay, Timq.. Let y¥[m] denote the observation vector at
the v** receive antenna containing all samples related to the STS symbols transmitted by

the K users within the observation interval. Then, we have

y’[m] = (C[0]B(m) + C[-1]B(m — 1) + C[1|B(m + 1)) h* 4 n®[m],

m=1,...,M -2, (5.2)

where C[0], C[-1], and C[1] include the code sequences corresponding to the current,
previous and following STS symbols of the K-user system within the observation interval
respectively, each has a dimension of (2N + L — 1 + T, ) X 2LK (see Appendix A.1). In
(5.2), B(m), m = 0,..., M — 1, represents the users data matrix within the m* period,
defined as

B(m) = diag{B1(m),Ba(m), ..., Bx(m)},

where

. . brilm]  bralm
Bi(m) = I, @ bg(m), bg(m)= alml - il k=1,...,K;m=0,...,M —1,
bkg [m] —bkl [m]

and I is an identity matrix of L-dimension. Also, h¥ is (2LK x 1) channel coefficients

vector defined as

b =", hy", .. T,

where h? = [B¥P REY. ... hEPIT. Finally, in (5.2), n*[m] is a [(2N + L — 1 + Tinaz) ¥ 1]
vector representing the AWGN samples at the v receive antenna, each with zero mean
and variance N,. Note that in the case of m = 0, one can exclude from (5.2) the effect
of previous STS symbols on the data chip-matched filter output, y*[m]. Also, when
m = M — 1, the effect of following symbols are excluded. After sampling the received

signal, the matched filter output at the v™® receive antenna , y*[m, is correlated with the
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code matrix, C[0], as follows

y'[m] = (R[0]B(m) + R[-1]B(m — 1) + R[1]B(m + 1)) h” + n{[m],

m=1,...,.M-2, (5.3)

where R[0] = C#[0]C[0], R[~1] = CY[0]C[~1], and R[1] = CH#[0]C[1]. Also, we can
notice that R{1] = R[~1]T (see Appendix A.1). In (5.3), n¥(m] is modelled as N, (0, R[0]).
Similar to [20], let

R[0] = F[0]"F[0] + F[1]7F(1], (5.4)

and

R[-1] = F]0]"F[1], | (5.5)

where F[0] is a lower triangular matrix, and F[1] is an upper right triangular matrix with
zero diagonal. If y¥[m) is passed through a filter with impulse response (F[0] + F[1]2)~T
[20], then |

v fm] = le F[Am|B (m — Am) b + n?,[m), (5.6)

Am=0

where n?,[m] is a complex Gaussian vector with zero mean and covariance matrix NoIzpk,
and Iy is an identity matrix of dimension 2LK. Note that both y?[m] and y},[m] have
the same information about the transmitted data. Due to the whitening noise property

of (5.6), our subsequent analysis will be based on y},[m].

5.3 EM-Based ST Receiver

In [37], the EM algorithm is proposed as a JDE technique for SISO CDMA systems.
Here, we extend this work to MIMO CDMA systems. Our subsequent analysis is based on
the approach proposed in [36] for the estimation problem of superimposed signals. Using

this approach, the observed data is decomposed into their signal components. Then, the
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parameters of each signal component are estimated separately and iteratively using the
EM algorithm. Accordingly, we decompose the whitening filter output, y%,[m], into a sum

of K statistically independent components, i.e.,
K
yi[ml=>_ gi(m), (5.7)
k=1

where g?(m) = koo F[Am|By(m — Am)hY + n¥,[m], Fi[Am] is 2LK x 2L matrix
including the 2L columns corresponding to the k** user in the matrix F[Am|, n},[m] is
a complex Gaussian vector with zero mean and covariance matrix Gy NIy x and Gf is a
non-negative value satisfying the constraint Z,’;l B¢ = 1. Our goal is to obtain the users’

data estimates using the EM algorithm. First, we define the EM algorithm parameters:

1. Observed data, y,,, which includes the outputs of the V' whitening matched filters

within a frame of M codes is given by

,2T

T T
Vo= ,¥2 .y T

where

ve = ye o ye )T, Lys M = e =1,...,V.

9. Parameters to be estimated, b, includes the transmitted data bits from the K users

within the frame period

b= [bf,bl,...,bL]",

where
bk - [bk[O]T, bk[l]T, ey bk[M - ].]T]T, k= ]., e ,K,
and bg[m) = [ba[m], bea[m]]T,m =0,..., M - 1.

3. Complete data, G: we employ the complete data definition in [37], where the un-

known channel coefficient vectors are included as a part of the complete data as
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follows:

G =" e . eV,

where

G® =[(g},h}), (g3, h}),...,(gk, hk)],v=1,...,V,

and

gr = [g2(0), g2 (1), .-, gk(M = 1)],k=1,... K.

Since the components of G given b are statistically independent, the complete

log-likelihood function is given by

Vv K
®(Glb) =Y > ®(g}, hy|by), (5.8)
v=1 k=1
where
®(gy, hy|bi) = ®(gilhy, by) + @ (hi|by). (5.9)

The second summand in (5.9) is neglected as it is independent of b. Therefore, (5.9) is

reduced to

M-1 1 ‘ H
P(gk, bilbx) oc — Z (gZ(m) - Z Fi[Am|Bg(m — Am)h}:>

m=0 Am=0

X (gz(m) - Z Fi[Am|Bk(m — Am)hz) . (5.10)

Am=0
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By neglecting the terms in (5.10) which are independent of b, the conditional likelihood

in (5.10) can be simplified to

®(gy, hY|by) o« > 2Re{hy By (m)F¢ (0] gi(m) + b} Be(m)Fi[1) gl(m + 1)

m=0

~= h2 By (m)Ryk[-1]Bie(m — 1)hY — hY¥Bi(m + 1) Ry [~ 1]

X Bk(m)h}é} h”HBk(m)Rkk[O]Bk( hz, (511)

where Rkk[—l] = Fk[O]TFk[].], and Rkk{O] = Fk[O]TFk[O]+Fk[1]TFk[1] At the ’ith iteration,
the E-step of the EM algorithm is implemented by taking the expectation of the complete
log-likelihood function defined in (5.8) with respect to the observed data vector, y,, and

the current EM data estimates, b*, i.e.,

Q(blb’) = >~ Qx(be[b?), (5.12)
where y
Qu(bifb®) = ) E [®(g}, by |bk){yw, b] (5.13)

From (5.11), the expectation of the individual log-likelihood function is reduced to

vV M-1
Q(belb) = 3 2Re { E [hyBi(m)Fx[0] gk(m) + i Be(m)F[1]"

v=1 m=0

xgl(m + 1) — h?7 By (m)R[-1]B(m — 1)h} — h?"B(m + 1)Ry[—1]

X B (m)hY[yw, b’} — E [h¥By(m)Rux 0]Bi(m)h}lyw, b’] . (5.14)

To find the joint conditional expectation in (5.14), we evaluate E [g}(m;)]yw, b*, h], m, €
{m,m + 1}, where h = [h!,h%,...,1"]. Then the subsequent expression is used to find

E[f(hY)|yw, bi], where f(hY) denotes the resultant function in hj. By noting that the
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conditional probability density function, P, (g%(ms)|yw, b’, h) is Gaussian with mean [36]

B gim)lyn b b = 3 FulAmlBy(m Am)ihzw:(yv(ms)
Am=0
1

—Z Y F;[Am|B;(m, ~ Am)' h) ms € {m,m+ 1}, (5.15)

j=1 Am=0

The conditional expectation of the likelihood function in (5.14), after some algebraic

manipulations, can be expressed as (see Appendix B.1)

v M L L

0uton) = 33~ e {33 (-0 (Pl ot
v=1 m=1 =1 U'=1

5 ©) = 1) = () ) (7)) + (10

(Pt 1) 00 5 m0)) = (1) - ) ()

i i i i
x (msir) + ((1 = B2) (550 (=1) + Pt n) + P35 (©)) = P8l (1)
i* 1 " i i i
—pzsl,,mm) (ms) (b)) + ((1 = B2) (P 1) + P51 (1) + A (0))

) = ) () (45) -3 S A () (85)

=1 I'=1,I'>1
O ) 05+ A ()" ()"t () ()
+65 () Bi(m )(yg,k[m] - i (Rkj[—l]Bj(m — 1)+ Ry [~ 1] Bj(m + 1)’
=Litk

FR(0B,(m)) (1)') | (5:19)

where P’fﬁz',m(mp),pgﬁ;’,m(mp),/)gﬁ:',m(mp)’ and Pﬁf;;',m(mp) , mp € {~1,0,1}, are defined
in terms of the cross-correlation coefficients between the [** path of the k" user’s code
sequences during the transmission of the mth STS symbol and the I*# path of the same
user’s code sequences during the transmission of the (m + m,)™" STS symbol, and the

kt* user’s current and next data estimates. The index ¢ when excluded from the previous
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defined parameters means that the effect of current data estimates are not considered (see
Appendix B.1). Also, y¥,[m] is a (2L x 1) vector including the outputs corresponding to
the kt* user at the despreader output, defined as y?, (m] = F[0]Tyy [m] +Fi[1]y}, [m+1]
[89]. In (5.16), the conditional expectation of the attenuation coefficients given y,, and b’

is given by

kN v i _ v
() = B [0 D Tasge vty = [0 sy (517

(hl;iv*hz’?’)i = (hﬁi”)i*(hi‘/'if)i + (U )2L (k-1 +ar2(-1)2LG -1 +a+2(~1)) (5.18)
where q,¢' € {1,2}, ,' € {1,...,L}, k,je {1,...,K} and
4, = B [(b° = (0)) (b = (1)) Jy, b (5.19)

In Appendix B.3, we prove that the conditional distribution of the channel vector, h?,

given y,, and bt is Gaussian with mean
(h*)" = ( Z B(m)* (R{0]B(m)* + R[-1]B(m — 1)’ '+ R[1B(m + 1)%)
+ Noz:,;h> X Z B(m)'y’(m), (5.20)
and covariance

M-1
= N,,( Z B(m)’ (R[0]B(m)" + R[-1]B(m — 1)’ + R[1]B(m + 1))

m=0

-1
+NQ§3;,3) ., (5.21)

where Tpy = diag{Zn1, Zha, ..., Shk}, Thk = 0plpr. From (5.12), the M-step of the
EM algorithm is performed by maximizing the individual likelihood functions QO (by|b?),
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bit! = arg max Qi (bi|b?). (5.22)
k

In order to give further insight into the system performance, we consider a synchronous

transmission over single path channel (L=1). In this case, (5.16) is reduced to

M-1

Qi(be[b) = > Qu(bi[m]Ib), (5.23)

m=0

where

bk[m “0z ZRG{ (1-58%) (Plf,kfxm 0)' (hllclv) | + P2 11, m(o) (hlftu> )
(1) + o) (157) (1) + ol O] (1)) + 5 1)

xBy(m) (yck Z Ry;[0]B;(m)’ (h ))} (5.24)

j=1j#k"

From the likelihood function in (5.24), we notice that the EM-based ST receiver can be
interpreted as follows: the channel coefficients of the K users are estimated based on the
observed data, y,, and the previous data estimates b’. The data bits of each user are
then detected from (5.24) based on the balancing weight, By, between the ST parallel
interference cancelation receiver and the ST single-user coherent detector. We can also
notice that by using the EM-algorithm, the K-user optimization problem is converted into
K parallel single-user optimization problems leading to low computational complexity. A

block diagram of the proposed ST EM-JDE receiver is shown in Fig. 5.1.

5.4 EM Optimized Weights and Initialization

In this section, we derive the optimized weights of the EM algorithm to ensure

optimum performance. Also the conditions on the EM initialization are derived and

81



EM Channel i .
Estimation #1 > EMData b'l"
Detection
User#il
€M Channel [ |
M1 Estimation #2 >
MMSE-SDE Converged
b ?
>
. >
EM Channel EM Data
m > Estimation #M Detection .
User#K by
b
bll ‘
o £ !f i+ lr

Figure 5.1: ST JDE receiver based on the EM algorithm.

discussed in detail.

5.4.1 Optimized Weights (5})

As discussed before, the decoupling of the received superimposed signal involved in
the EM algorithm depends heavily on the choice of the balancing weight at each iteration,
By. Here we obtain an optimized weight that, as will be shown later, brings the perfor-
mance of the EM receiver close to the single-user bound. In [37], the authors derived a
closed-form expression of the optimized weights for SISO CDMA systems for flat fading
channels, using the so-called optimization via complete data technique. In this technique,
the optimum weights are derived based on the MMSE criterion. A shortcoming of this
method is that it does not take into account the effect of cross-correlations between the
signature waveforms. Therefore, the authors in [90] proposed another technique, called
optimization via projected complete data, where the effect of cross-correlation is taken

into consideration. This optimization technique shows performance enhancement com-
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pared to the first technique especially for frequency-selective channels [91]. Throughout
our work, we consider the first technique for the flat fading channels, while we employ the
second technique for the frequency-selective fading channels.

In (5.16), we notice that Qx(bk|b?) is a sum of V statistically independent terms
given b and its EM estiméte b?, which are related to the V' receive antennas. Since the
spatial channels corresponding to the links between transmit and receive antennas are
considered independent, By can be separately optimized.

In this case, we choose the weight coefficients to minimize the linear mean-square
error between the true signai vector, g} (ms), and its estimate (gY(m,))"

= E [g}(m,)|yw, b}, m; € {m, m+1}, after being projected on F[0] and F[1] respectively

as
B = argmin B [|| B, |°], (5.25)
k
where
E, = FA{0]" (g1(m) — g2(m)") + Fe[U]” (g2(m +1) — gh(m +1)?), (5.26)
and || - || denotes the vector norm. Taking the expectation of (5.15) with respect to h?,
we have

B gl(mo)lywb] = 3 FelamlBy(m, — Am) (h2)' + B (ymms)
Am=0

K 1
- Z Z F;[Am|B;(m, — Am)’ (h}’)i),ms € {m,m+1} (5.27)

j=1 Am=0 .

In order to simplify our analysis, we assume that M — oo, i.e. the random channel
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coefficients are assumed to be known to the receiver (see Appendix B.4). It follows that

1

E [gl(mo)lya b] = 3 FulAm]By(m, — Am)'h + 5 (y:z(ms)
Am=0
K 1

=Y Y Fi[AmBj(m, — Am ’h”),ms e{m,m+1} (5.28)

j=1 Am=0

Substituting g¥(m;) and (g}(ms))', ms € {m,m + 1}, in (5.26), we have

Fy = Rul0] (Bi(m) — Bu(m)?) B + Rus[~1] (Bim — 1) — Bi(m — 1)7) b

+ Rkk[—l]T (Bk(m + ].) - Bk(m -+ 1) ) hv + Fk[O]T [m] + Fk[I]T {m + 1]

K
— BRyexlm] + B; ( Y Ri[0]B;(m)'h} + Ry [~1]B;j(m — 1)'h] + Riy[-1]"

j=1

x Bj(m + 1)ih’;) (5.29)

where Ry;[—1] = Fi[0]7F;[1], and Ry;[0] = Fi[0]7F;[0] + F[1]7F;{1]. Substituting
v m] = S0, Ry [0]B;(m)h? + Ry [~ 1]B;(m — 1)hY + Ry [—1]"B;(m + 1)hj + ng, [m],
where n?, [m] is (2L x 1) vector including the noise samples corresponding to the k" user
at the vt* despreader output, and /BinZ,[m] = Fe[0]"n%,[m] + Fi[1] ny[m + 1] , in
(5.29), we have

Eg = Rkk[O] (Bk(m) - Bk(m)’) hz + Rkk[_ll (Bk(m - 1) — Bk(m - ].)Z) hv
-+ Rkk[—l]T (Bk(m + 1) — Bk(m + 1)1) hz + ﬁknck (Z Rk]

x (Bj(m) — B;(m)") hY + Ry;[—1] (Bj(m — 1) — Bj(m — 1)*) hj + Ry[~1]"

x (Bj(m+ 1) — Bj(m + 1)") Y +ng,[m]) (5.30)

Now, we can find the value of || E, || as follows. By neglecting the terms independent of
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By, we have

I 5y 2= 2/FERe{ bt ((Butm) ~ Bim))” RaslO + (B~ 1)
~Bk(m — l)i)T Rkk[-l]T + (Bk(m + ].) Bk(m =+ ) ) Rkk[ 1])
nilm) b - 28¢Re{ i ((Bion) = Bu(n)) Raal0F + (Bl =1

~Be(m — 1)) Rus=1]7 + (Bum + 1) = Be(m + 1)) Ru[-1])

X (Z (Ri;[0] (Bj(m) — Bj(m)’) + Ryy[~1] (B;(m — 1) = B;(m — 1)")

Jj=1

+Ri;[—1)7 (Bj(m +1) = Bj(m + 1)) ) hj + nﬁ,k{ml) } - 260\/B;

< Re{ i (Z Ruy{0] (B (m) — B, (m)) + Ryy[~1] (B;(m — 1)

Bj(m — 1)) + Ry [~ 17 (Bj(m + 1) — B;(m + 1)%)) b + n:,k[m])} LB
x| Z (Ry;[0) (Bj(m) — Bj(m)*) + Ry[—1] (B;(m — 1) ~ Bj(m — 1)})

+Ry [~ 1T (Bj(m + 1) — By(m + 1)) bY + n[m] |I* +6¢nZ,[m]" ' nZ,m]. (5.31)

In our system model, we assume that the noise samples, ng,[m], and the channel coeffi-

cients, hY, are mutually independent, as well as

U[?;a j:kaq=q11l=ll

B [hy h’f,’,] = , (5.32)
0, otherwise
E [nzk [m]Hn’;k [m]] =N, (Rkk,n[O] + Rkk,zz[O] + ...+ Rkk,ngL[O]) , (533)

where R ¢c[0] (¢ = 1,2,...,2L), represents the ¢** diagonal element of R [0]. Therefore,
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taking the expectation of (5.31) is reduced to (see Appendix B.2)

8z = argmin {No (87 = 263 + B) (R [0] + Buszal0] + -+ Ree 21 0)
k

L
—4028? Z (riro(20 = 1,20 — 1) + r 0(20,20)) ((1 = E [bra[m]bra[m]])

=1

+ (1 = E [bro[m]bxa[m]’])) + (rr,-1(20 = 1,20 = 1) + g 1 (21, 20))
x ((1 = E [bra[m = 1bxr[m — 1]]) + (1 — E [bra[m — bra[m — 1))

(T (20 = 1,20 = 1) + 71 (21, 20)) (1 = E [ba[m + 1)bga [m + 1]°])

. K
+ (1 = E [bralm + Ubgam + 11])) + 2627 Y 07 Y (ryjo(2l — 1,20 = 1)

i=1 =1
+7550(20,20) ((1 = E [bj[m]bj[m]']) + (1 = E [bja[m]bj2[m]]))
+ (Tjj,_l(Ql — 1,2l — 1) + T‘jj’_l(2l,2l)) ((1 - K [bjl[m - 1]b]1{m - 1]2])
+(1 = E [bjalm — 1bp[m — 1]])) + (rj51(2 = 1,20 — 1) 4 7551(21,21))

x (1= E [bulm + oufm + 1]) + (1 = E [bpolm + 1belm +1]])) }  (5:39)

where 755, (¢, (), 7 =1,...,K,{ =1,...,2L,m; € {~1,0,1}, represents the ¢th diagonal

element of R;;{m,]"R;;[m,]. We notice that

(1 = E [bjg[m + mplbjglm + mp']) = 2P, 5 = 1,...,k, ¢ = 1,2,

€jq

m, = —1,0,1, (5.35)

where the probability of error, P25 = f (bjg(m + mp) # bje(m + mp)),j=1,...,k,
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qg=1,2,m, = —1,0,1. Using (5.35), (5.34) can be expressed as

By = arg r%iun {No (5}: - 25}5% + 5}52> (Rik,11[0] + Rik22{0] + ... + Rk 2020[0))
k

€K1 €k2

L
— 8028y (Pt + P2 D (riwo(2l — 1,20 = 1) + 7 o(21,20)
I=1
+T‘kk,_1(2l -1,20 - 1) + Tkk’_1(2l,2l) + T‘kk,l(Ql - 1,21 - 1) + Tkk,1(21,2l))
K L )
+ 462> 0% (Po+ PUL) 3 (o2 = 1,20 = 1) + 7550(21,2)
j=1

I=1

+T'jj)_1(2l — 1, 20 — 1) + Tjj’_1(2l, 2l) + rjj,1(2l — ]., 20 — 1) + T'jj’l(2l,2l)) } (536)

Assume that o = Rkk,ll[o] + Rkk,gz[O] + ...+ Rkk,ngL[O], and 9{ = T‘jj,o(Zl -1,2l — 1) +
T]‘j,g(zl,Zl) -+ rjj,_l(Ql - 1,2l - 1) + Tjj,—l(2l721) + Tjj,1(2l — 1,2l - 1) + Tjj,1(21,2l). By

differentiating (5.36) with respect to 8¢ and substituting x = /B, we have

K L
<2Naak+820j (Poi+ eﬂ)z ) ~3N,a) z

j=t

<N ay — 8} (PF + P2%) Ze,) =0. (5.37)

Solving(5.37) with respect to z results in two possible solutions for Y. Assuming that the
performance of the EM-based ST receiver with V=1 receive antenna will converge to the
single-user (SU) bound with perfect CSI assuming transmission over frequency-selective
fading channels. Then the probability of error of the odd and even data bits are defined

as [16]

Pel = %Q (R@{g(1,1)+g(1,2)} g(il) )

19 (Re{g(l,l) 9(1,2)} 12 1)>, (5.38)
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. 2
e N )

N %Q (Re{Q(Z,Z) ~ g1} g(ziz) )  (5.39)

where
Q = [(slchl - SzChQ) (SQChl -+ SIChg)]H . [(31Ch1 - 82ch2) (SgChl + Sléhg)] y (540)

and s; and s, include the multipath versions of the two code assigned for every user, and
ch,, ¢ = 1,2, include the multipath channel coefficients from the g** transmit antenna
to the receive antenna. Also, the Gaussian Q-function, @Q(z), is defined as, Q(z) =
1/v/2r [ e™**/2dz. Substituting with the EM channel estimates defined in (5.20) in
the single-user bound, P., and P.,, we obtain an approximation for P3¢, and Pyi. The
importance of the optimized weight coefficients arises from the fact that it determines
the best balance between the single-user matched filter detector and the ST PIC based
detector. In the literature, the partial PIC has proven to be near-far resistant, where
it achieves a performance close to the ML detector [92]. To explain how the weight
coefficients control the performance of the EM receiver, consider the scenario of 2-user
STS system with two transmit and one receive antenna assuming transmission over AWGN
channel. In Fig. 5.2, we show the relation between the weight coefficients and the MAI
level. As shown in the figure below, for extremely high MALI energy case, i.e., 72 — 00,
where x, k = 1,2, represents the k' user SNR, §; — 1, and the detection of user one
data is completely based on the output of ST PIC detector. On the other hand, f; — 1
for very low MAI energy, i.e., 72 — 0. Consequently, the performance of the EM-based
ST receiver is close to that of single-user matched filter detector, which is the optimum

detector in this case. For cases falling between these two extreme cases, the weights are
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optimized in such a way to compensate for both the MAI interference and noise. In the

case of equal power, the optimized weight coefficients of different users have equal values,

i'e'v /81 = :82 - %

¥
0.9 L F v
A /
a /.
o8 N
J e B (y,=—30B)
0.7 ;
e B2(71=-3d3)

s B (Y, =3dB)
— B — By(v,=3dB)
] —&~— B (v,=8dB)
- & — B,(y,=8dB)

B8,

Yo/ Y,(dB)

Figure 5.2: The behavior of the optimized weight coefficients for 2-user STS system as-
suming AWGN channel.

5.4.2 EM Initialization

Since the EM algorithm is sensitive to the initialization of the parameters to be
estimated [67], as well as due to the high computational complexity of the joint estimation
and detection in MIMO systems, our proposed EM-based ST receiver is initialized by
reliable estimates, where we employ the ST MMSE separate detection and estimation
(ST MMSE-SDE) technique. This will guarantee that the performance of our proposed
receiver converges to the global maximum of the likelihood function with a fast rate.
Furthermore, this will also ease the maximization of the individual likelihood functions

Oy (bk|b?) in (5.22). Since the estimation of the current codeword (b [m], bx2[m]) is
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based on the knowledge of previous (bgi{m — 1,bk2[m — 1]) and following codewords
(bk1[m+1], bra[m +1]), the Viterbi algorithm can be used to evaluate (5.22) [20]. However,
this will increase the complexity of the proposed receiver. Alternatively, for the first
iteration, we assume that the ST MMSE-SDE estimates provide reliable estimation for
the previous and following codewords, by, [m —1] = bgg[m —1]°, and bgy[m+1] = bey[m+1]°,
q € {1,2}, while for the subsequent iterations, we assume that bgg[m —1] = bgg[m— 1%, and
big[m + 1] = big[m + 1]~ Consequently, the maximization of (5.22) is performed over 4
possibilities for the current k™ user data bits, bxi[m] and bga[m], (i.e, {(1,1),(1,-1),(-1,1),(-
1,-1)}) considering BPSK transmission. The MMSE-SDE receiver was first proposed in
[37] for SISO systems. Here, we extend this work to MIMO CDMA systems as follows. In
order to estimate the channel, we assume that each user transmits p’ training codewords
known at the receiver, i.e., each user transmits 2p’ bits. Let zz, includes the output of the
v*" matched filter bank within a frame of p’ codewords. Based on zj,, we can estimate the
channel vector at each receive antenna, h¥ .. [93]. Then, following the same procedure,
the MMSE data estimate is obtained based on z" while assuming h = hpmse [94], where

z¥ represents the output of the V matched filter banks within a frame of M codewords

5.5 Cramér-Rao Lower Bound (CRLB) on Channel

Estimates

In search for minimum variance unbiased estimators (MVUE), the CRLB is com-
monly used in estimation theory to assess the accuracy of the estimator in terms of its
error variance. Throughout our derivation, we consider synchronous transmission, i.e.,

7. =0k=1,..., K, over flat fading channel, i.e., L = 1. In this case, (5.2) is reduced to

y'[m] = C[0|]B(m)h* + n*[m}, m=0,...,.M -Lv=1,...,V (5.41)
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Let

y = [y(O),y(l), s 7Y(M - 1)]7 (542)

where

y(m) = [y'(m),y*(m),...,y"(m)], m=0,...,M -1, (5.43)

Then, the log-likelihood function
L (MY .
(y[h, b) o — = (Z > (v [m] = CO]B(m)b*)™ (y*[m] - 0[01B(m>h°>) - (549)
% \m=0 v=1
Neglecting the terms independent of the channel vector h, we have
| MoV
d — _ i v v H vl .
(r|h,b) N (;} g ~2Re{h”" B(m)y¢[m]} + b*"B(m)"R{0]B(m)h ) (5.45)

Focusing on the channel estimates, we assume that the data vector, b, is known a priori
or has been correctly detected. The CRLB provides a lower bound on the mean-square

error (MSE) of the channel estimates as follows

. 2
] kv ¢
., fate| () ]}
> g=12%k=1,.. K (5.46)

5 {00

gl

o) -

To evaluate E&TE {(hlqc,lv)’], we replace B(m)* by B(m) and substitute (5.2) in (5.20),

yielding to
E [(hvy] = Fhv, (5.47)

where F = E [(}:frf;} B(m)R[0]B(m) + NOZ;,f) - M B(m)R[0]B(m)|. Consider

2
the asymptotic case when the average SNR of each user increases, % — oo for k =
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1,..., K. In this case, F becomes a unitary matrix, and
B [(b)] =, (5.48)
which proves that the EM estimates are asymptotically unbiased. Consequently, (5.46) is
o ) -

It is convenient to split the channel estimates into their real and imaginary components,

reduced to .

} > _E{ ! (y|h)}. (5.49)

ahk v

hey = R —i—]hql ;- Then, the CRLB can be computed as

ql,r

. 2
i -1 -1
E{'(h’;’l”) — BEY }z + . (5.50)
p{s2-o0m)  B{ E00m)
ql,r

By computing the second derivatives of (5.45) with respect to hsf’r and hq1 ;» and express-

ing the channel variables as h';i” = ,/%&ak’” we obtain the following bound for the MSE

q1>
E kv g kv
Olql thl

In (5.51), it is noted that the power of the estimation error is inversely proportional to

of the EM channel estimates

2
N,
> °_. 51
}_EkM (5.51)

both the SNR and the length of the observation window.

5.6 Simulation Results

In this section, we examine the BER performance of the proposed EM-JDE receiver
in MIMO CDMA systems. In all cases, we consider a system with two transmit and
V = 1,2 receive antennas. We also consider an uplink asynchronous transmission of a

data block of 40 codewords (M=40) over a frequency-selective fading channel. Without
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loss of generality, we consider a 5-user system, where all users are assigned Gold codes of
length 31 chips. We assume the first user as the desired one. A training codeword of eight

training bits is used for the initialization of the EM receiver. Without loss of generality,

1 —¢— Mmse-sD S

B | —%— EM-JDE 2-iteration ...
------------------ 1 —&— Single—user, unknown channel R
—— MMSE, perfect channel estimaton|--- - -
MRC(1x4)

BER,

Yy = =Y (dB)

Figure 5.3: BER performance of the first user considering ST EM-JDE receiver with two
transmit and ore receive antenna over frequency-selective fading channels. The channel
coefficients are assumed unknown at the receiver (M = 40, p'=8, L = 2, 2-iteration).

throughout all our simulation results, we only consider the average BER of the first user,
BER;, assuming different scenarios. As a reference, we include the BER performance
of the ST MMSE-SDE receiver with perfect channel estimation. Fig. 5.3 presents the
BER performance of the proposed ST EM-JDE and ST MMSE-SDE receivers using 2 x 1
antenna configuration. The results are also compared with the BER performance of the
SU system assuming unknown channel. In order to show that our proposed receiver attains
the full system diversity, we compare our results with a MRC with the same number of
diversity branches assuming perfect channel estimation. The MRC represents an optimal
combiner for a receive diversity scheme of one transmit and multiple receive antennas [53].

Considering the STS system with two transmit and one receive antenna, it is clear that
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the EM based ST receiver attains the full system diversity, i.e., same as MRC with four

diversity branches.

v

— - T r

:{ —e— ST EM-JDE,2-iteration

:] - % — ST EM-~JDE,Single—user (2-iteration)|
—8— MRC(1x8)

-~ MMSE, parfaect channel estimation

BER,
3

" L H
5 7 8 9 10
¥, = =vg(dB)

Figure 5.4: BER performance of the first user considering ST EM-JDE receiver with V=2
receive antennas, M = 40,p’ = 8,L = 2, 2 iterations.

In Fig. 5.4, we examine the BER performance for 2 x 2 antenna configuration. The
results show that the full system diversity is attained when comparing the results with
MRC with eight diversity branches.

In Fig. 5.5 we examine the near-far effect property of the proposed receiver for
V = 1 receive antenna. We fix the received SNR of the first user v; at 15 dB, while
the interfering users have equal SNR ratios relative to v;, varying from -10 to 60 dB.
We also compare the performance of the ST EM-JDE receiver considering optimum By
values (5.37) and equal 87 values ( By = 1/K). The results show that the EM receiver
with optimum S} is near-far resistant. Also when the interference level is high, a reliable
estimate of the MAI is obtained and consequently the MAI removal is performed efficiently.

On the other hand, the performance of the MMSE-SDE receiver degrades due to the
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noise enhancement. We can notice the effect of 3¢ on the performance of the ST EM-
JDE receiver. That is, compared with the case of equal 3}, the optimum weights, 53¢,
achieve the best balance between the ST single-user coherent detector and the ST parallel

interference cancelation receiver (5.16). The same conclusion also follows from Fig. 5.6.

107°

| —&—— ST MMSE-SDE

‘| — & — ST EM-JDE(3-iteration), P, =1/K
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Figure 5.5: BER behavior of the first user as a function of the MAI level with V=1 receive
antenna over frequency-selective fading channels, M = 40,p’ = 8, L = 2,v,=15dB.

Finally, in Fig. 5.7 we assess the accuracy and the asymptotic performance of the channel
estimates based on the EM algorithm for a system with V=2 recéive antennas. We also
assume synchronous transmission over flat fading channel, i.e., L=1. In this figure, we
simulate the MSE of the channel estimate, ﬁ}'ll, averaged over 10° channel realizations at
different SNRs. The results show that the channel estimates are asymptotically efficient
where the average MSE of A1l estimate converges to the CRLB at high SNR, confirming

our analytical results presented in Sec. 5.5.
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Figure 5.6: BER behavior of the first user as a function of the MAI level for V=2 receive
antennas over flat fading channels, M = 20,p' =1, L = 1,v,=8dB.

5.7 Conclusions

We have developed an iterative joint detection and estimation receiver based on
the EM algorithm for STS systems. Using Monte-Carlo simulations, we examined the
performance of our proposed receiver in frequency-selective fading channels. It was shown
that with few training bits, the receiver can achieve performance close to the single-user
bound in few iterations. We have also shown that the proposed receiver attains the full

system diversity through accurate channel estimates.
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Figure 5.7: MSE of channel estimates in MIMO CDMA system with V=2 receive antennas
considering flat fading channel, M = 20,p’ = 1,2 iterations.
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Chapter 6

Conclusions and Future Works

6.1 Summary and Conclusions

This section briefly summarizes the accomplished work and the major contributions
in this thesis.

In Chapter 1,2, the essential background of the space-time processing techniques for
the MIMO systems was provided. Given the importance of CDMA as a generic multiple-
access scheme, we revised the standard transmit diversity scheme for WCDMA systems,
known as STS. This scheme has the advantage of achieving the full system diversity
without wasting the system resources. Since the detection process of MIMO CDMA
systems is based on the perfect knowledge of the channel at the receiver side, a brief
description of different channel models and possible channel estimation techniques were
presented.

In Chapter 3, we investigated the performance of MIMO CDMA system over
frequency-selective fast fading channels, where perfect CSI was assumed at the receiver
side. We proposed a space-time receiver which utilizes the spatial and temporal diver-
sity gains provided by the time-variant multipath fading channels. In our work, we also

studied the effect of asynchronous transmissions on system performance. To mitigate the
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effect of MAI, a decorrelator detector was employed at the receiver side. We derived the
BER expression over frequency-selective fading channels considering both fast and slow
fading cases. Finally, our proposed receiver was shown to achieve the full system diversity
through simulation and analytical results.

In Chapter 4, the effect of channel estimation errors on the performance of MIMO
CDMA systems was examined. It was shown that channel estimation based on training
techniques degraded the performance of MIMO CDMA systems due to the increased level
of interference. As a remedy to this problem, we proposed a channel estimation and
data detection technique based on the superimposed training approach for MIMO CDMA
systems. In our proposed technique, the interference effect was eliminated from both
the channel and data estimates using two decorrlators; channel and data decorrelators.
The performance of the proposed estimation technique was investigated over frequency- .
selective slow fading channels, where we derived a closed-form expression for the BER
of the prescribed system. Finally, our proposed scheme was shown to be more robust to
channel estimation errors. Furthermore, both analytical and simulation results indicated
that the full system diversity was achieved.

Considering that training estimation techniques suffer either from low spectral ef-
ficiency (i.e., conventional training approach) or from high pilot power consumption (i.e.,
superimposed training-based approach), in Chapter 5, we presented an iterative JDE us-
ing the EM algorithm for MIMO CDMA systems over frequency-selective fading channels.
We also derived a closed-form expression for the optimized weight coefficients of the EM
algorithm, which was shown to provide significant performance enhancement relative to
the conventional equal-weight EM-based signal decomposition. Finally, our simulation
results illustrated that the proposed receiver achieved near-optimum performance with

modest complexity using very few training symbols.
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6.2 Future Works

In what follows we address some topics of interest for the future extension of this

research.

e In this work, the users’ delays and the channel impulse responses are assumed to
occur at multiples of the chip period. Furthermore, the users’ delays are assumed to
be known at the receiver side. However, the effect of imperfect synchronization on
the performance of STS systems as well as possible synchronization techniques are
practical issues which have not been addressed in the proposed scheme throughout

the thesis. Addressing these problems is an interesting research direction.

e Throughout this dissertation, the fading correlation in the MIMO CDMA channel
was neglected. Recent research in [95] has shown the possible utilization of the
channel correlation information to bring further advantages to the MIMO systems
if the channel knowledge is available at the transmitter. Future works should focus

on the effect of correlation on MIMO CDMA systems.

e Adaptive rate application in MIMO CDMA systems considering frequency-selective
fading channels is a promising and practical problem that should be considered in

the future research.
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Appendix A

A.1 Definition of Pilot and Data Code Matrices

In this section, we drive the pilot and data code matrices corresponding to the
current, following and previous STS symbols of the K-user system within the observation
interval respectively, with the aid of Fig. 4.2. In (4.2), the nonzero elements in C[0]

include the periods of the transmitted sequences with blank background in Fig. 4.2.

Therefore C[0] is defined by

O0r, xa ) 0, xa Orp x4
0 o 0 0
Pry Py Chr1 Cio 0 0 0 o
1 1 i 1 0 0
Pi1 Piz2 Ck1 - Ck2 Pr1 Pka 0 0
0 0
Py Ck2
Cilo] = : .. : : .. : .
2N -1 2N-1 2N -1 2N -1 2N -2 2N -2 2N-L 2N-L
Py Pra Ck1 k2 Py Pa P Ck2
2N -1 2N -1 2N ~L+1 . 2N - L+1
Q 0 0 0 Pkl sz Pkl .- [
2N ~L42 2N L42
0 0 0 0 0 0 P Py
2N -1 aN-1
0 0 0 P 2
O0ar, x4 07, x4 Oar, x4

where 0 represents a zero matrix, and A7y = Tpmq, — 7x. From Fig. 4.2, the nonzero

elements in C[1] include the periods of the transmitted sequences with downward diagonal

background. Hence, Ci[1],(k =1,2,..K) is given by
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Cilt] =

| P

O@N+rg) x4

) 0
Py Pra
1 1
Pkl Pk2
L-1 -1
P P2
Arg+l-2  pArirl-2
k1 k2

O 2N+ 7y )xa

0 0
o o
Py P
L—2
Py
Arg+L-3
&
P

Similarly, during the data detection, C'[0], is defined by

C'[0] = [C1[0], C,[0)], .., C (0],

with )
Ork x2
iy Cho
Ch Cha
ch ko
C,l0] =
0 0
0 0
0 0
L OArk X2
and

1

OTkx2

Ck1

Cr1

2N-2
k1

IN-1
Cr1

0

0

OATk X2

Ck2

Cka

IN—2
Ck2

2N-1
Cko

0

0T}¢X2

0
Cr1

IN-L
Cr1

2N—L+1

Cr1

2N—~L+2

Cx1

IN-1
Cry

OATk X2

C'l1] = [Cy[1], Caft], -, Crel1];
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O +7p ) x4
0
0

Arg-1
Ci2
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IN-L
Ca
)

IN—L+2
Cxa
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where

Oan+7)x2 0N+ )x2 o O@Ntm)x2
A, A, 0 0 cee 0 0
1 1 0 0
Cr1 Cka Cr1 Ck2 e 0 0
2 2 1 1
il = Ck1 Ck2 Ck1 Ck2 T 0 0
1] =
-1 L1 L—2 L—2 . 0 0
Cr1 Cra Cr1 Cra ‘ Cr1 Cra.
Ate+L-2 At +L—-2 At +L-3 At+L—-3 . ATe—1 Are—1
Cr1 Cra Cr1 Cia : Cr1 Cka i

In (4.9)-(4.11), C'[-1] is [(2N + L — 1 + Tinqz) X 2LK] data code matrix which includes
the data sequences corresponding to the K users of the previous STS symbols within the
current observation interval. From Fig. 4.2, the nonzero elements in C’[~1] includes the

periods of the transmitted sequences with small grid background,

C/[“I] = [Cll[_H: C;[_1]> ) C,K[—l]]a

where
2N -1 2N -1 2N—71,-1 2N —-1—1 2N -1, —L+1
Ck1 Ck2 k1 Ck2 o Cra
2N —TE+1 2N =7 +1 2N ~T1g 2N -1 2N —T1—L+2
k1 Ck2 k1 Cr2 e Ok
2N-1 IN-1 IN-2 IN-2 aN-L
Cr1 Cra Cr1 Cr2 o Cia
1—1] = 2N-1 2N-1 ON—L+1
Cil-1] = 0 0 Ci1 Cho ... Ckg
2N—L+2
0 0 0 0 cee Cip
2N-1
0 0 0 0 ... Cio
O@Ntagx2 O@an+agx2 oo OeN+ay)x2
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A.2 Covariance Matrix of XV

In this section, we drive the covariance matrix of XV at the v™* receive antenna,

whose elements are defined in (4.32). The covariance matrix of X" is defined as

Rp_u  Oapxarx  Oorxar

R, = EX*X""] = | Oypkxor Re-r  Oankxor

Ocrx2r O2px2rx Rn-n

where Ry_y, Rg_g and Ry_n represent the cross-correlation matrices corresponding to
the channel coefficients of the first user, the channel estimation errors corresponding to

the K-user system, and the noise samples at the data decorrelator output of the first user,

respectively.
Let
b = [y bty ez o]
EY = e1, s, e5ps- - Lex|T
and
N = (NS, (N -+ (Noaaz—10, (Ngg)azal ™

Then, ) i
o2 0 0
0 o2 -~ 0

Ru_i = E[h'h*H] = " :

0 0 o}
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Ry 5 = E[E'E"")

(Rp ™ M1a Ry )12 Ry s - R, M) 4Lk
(R;H)z,l (R, 7)22 (R, )25 e (R;H)2,4LK——2
) )
= B/2 X ]
(R, " )ar-21 Ry M)ar—22  (R;M)apas - (R )ap—n4rK—2
i (R;H)4LK—2,1 (R;H)4LK—2,2 (R;H)4LK—2,5 S (R;H)4LK—2,4LK—2 |

and

Ry_n = E[N'NYA]

RyM RyMhe - Ry
| BT Rz o Ry
| (R7%)ozy BR3Pz -+ R7M)apar ]

A.3 Coefficient Matrices S; and S,

In this section, we construct the coefficient matrices S; and S, of the quadratic form
defined in (4.30) and (4.31). S; is a square matrix of dimension [4L + 2LK], consisting

of the coefficients corresponding to the elements of X” in (4.30), and is given by

Su-n Sw-g SH-N
S; = SE_E Se-e Se-n

T T
SH—N SE—N 02Lx2L
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where

SH~E(2L><2LK) -

A 0 0
0 A 0
SH—H(zLx2L) =
0 0 A
[ _mx )44 —BX (-4 —B'X.(3)
2 2 2
B'Xa2(1)+A’ B'X2(2)+A’ B'X2(3)
2 2 2
—B’Xa(1) —B’'X3(2) —B'X3(3)+A’
2 2 2
B'X,r(1) B'X,1(2)
2 2
- .
5 0 0
0 —% 0
SH—N(2L><2L) =
1
i 0 0 -3
o -
5 0 0
1
0 -5 0
0 0 -3
SE—N(zLszL) =
0 0 0
0 0 0
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2

B'X2(2LK)
2

—~B'X3(2LK)

2

B'Xop(2LK)

2




Finally, the square matrix, Sg— gLk x2rK), 1S given by

—B'X,(1) —B’X1(2)2+B’X2(1) o —B’X1(2L)2+B'X2L(l) o -—B'X12(2LK) i
B'Xz(l);B'Xl(Q) B/X2 (2) . B,X2(2L);’BIX2L(2) L. B'X22!2LK)
~B'X3(1)-B'X1(3) —B'Xs(D+B'Xa(3) | —B'X32L)+BXp(3) .. ~B'Xs(2LK)
2 2 2 2
B'Xa (1)-B'X1(2L)  B'Xp(2)+B'Xa(2L B'X,(2LK
2 ()-BX, (L) n@HEXCL) B'X,p(2L) 2(LK)
~B'X;(2L+1) B'Xy(2L+1) . B' X, (2L+1) . 0
2 2 o 2
—B'X;(2LK) B'X3(2LK) B B'Xap (2LK) L 0
L 2 2 ’ 2 _

Similarly, one can find the coeflicient matrix S,.
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Appendix B

B.1 Estimation of Q.(by|b")

In this section, we drive a closed-form expression of Oy (bk|b?) , which is defined in

(5.14). After some mathematical manipulations, (5.14) can be expressed as

V M-1

Qi(bilb) =Y Y 2Re {E [A’“’ m) + AL (m) — A5 (m) —Ai'v(m)lyw,bi]}

v=1 m=0

- B[4 (mlya, b,
where

A (m) = by B (m)F (0] gi(m),

A (m) = hy¥ By (m)Fi[1] gi(m + 1),

AR (m) = W By (m) Ry [~1]Bi(m — 1)h},

AR (m) = ¥ By (m)Ryx[~1]"Bi(m + 1)y,

A’;’”(m) = thBk( Rkk[OJBk( hv
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Starting with A™”(m) and A%¥(m), and using (5.15), A} (m)+A5”(m) can be represented

as
APV (m) + A5¥(m) = by "B (m)Rek[—1]B(m — 1)'h} + hy "By (m)
X Rix[~1]"Be(m + 1)'h} + b By (m) Ry [0]Br(m)'hy + B (hZHBk(m)yz,k[m]
K .
= 0y Bi(m)Rys[-1]B;(m — 1)'hY + by By (m) Ry, [-1]"B;(m + 1)'h}

+ h2 By (m)Ry;{0B; [m]ih}’) . (B7)

Consider the first term of the right-hand side of (B7). By taking the expectation of this

term with respect to y, and b?, we obtain

L L
E [} Bi(m)Rx[—1]Bi(m — 1)'h}|yw, b] =ZZP’fu' (-1) (h’ftu hllcz}))
=1 l'=1
+P§§;/,m(_ )(hlxczv hlzcz?) + Plscl;;' - (hgtv hlf;) +P§’72' - (hlzczv hgl?) , (B8)
where

Plfli;' (-1) = (Plxcf,u'(_l)bkl [m] + Pglf,u'(_l)bw[m]) bri[m — 1]i

(P12 w(=1)bri[m] + P22 5 (—1)bralm]) bra[m — 1), (B9)

Pgﬁ;',m(—l) = (Plflf,u'("l)bkl[m] + P’zdf,w(_l)_ka[m]) bra[m — l]i

- (Plfg,u'(—l)bkl{m] + ng,u'(“'l)bm[m]) bgi[m — 1]i) (B10)

P]:;Ii;f (-1)= (P’f]f,u'("l)bw[m] - P’zdf,u'(—l)bkl[m]) bkl[m - 1]i

+ (P’fg,u'(—l)bm[m] - Plzdzc,u'("l)bkl[m]) bra[m — 1]i, (B11)
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Pﬁ;' (-1 = (Plflf,uf("l)bm[m] - Pglf,lz'(—l)bkl[m]) bra[m — 1]i

- (Plflzc,u'('l)bw[m] - Plzcg,u'(—l)bkl[m]) ber[m — I]ia (B12)

where p¥% . (—1), ¢,¢' € {1,2}, [,I’ € {1,..., L} represents the cross-correlation between
the [** path of the ¢** code of the k' user which is corresponding to the current STS
symbol interval and the '™ path of the ¢ code of the same user during the previous
STS symbol interval. Similarly, we evaluate the conditional expectation of the second and
third terms of (B7) by considering the cross-correlation between the multipath versions
of the kt* user code sequences during the current STS symbol interval with the multipath
versions of the code sequences of the same user during the following and current symbol
intervals respectively, as well as replacing the iterative estimates of the k** user’s previous
data bits (bg[m — 1], beafm — 1]°) in (B9)-(B12) by the corresponding iterative estimates
of the k" user’s following (bx1[m + 1%, bxa[m + 1]°) and current data bits (bg1[m]?, brz[m]")
respectively. Also, we can evaluate the conditional expectation of the sum term in (B7)

as follows. Considering the first term in this sum, we have

L L
E [07 By(m) R [~ 1]B;(m — 1)y, b = S o (- (h’“’ h{']f)

=1 UI'=1

-~

jt U U k, U
‘Fplzf,Jll’,m(~ )(hlfl h%t/) +P3w (-1) (h2lv h]w) +P4u' (-1)

x (h5H) (B13)
where

O m(=1) = (P (= Dbialm] + o] (~Dbsalm] ) biafm — 11

+ (P u(=Dbialm) + P (“Dbialm]) bafm — 1, (B14)
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plzc,jtlt’,m(—l) = (P}f{,u'('l)bkl[m] + Plzc{,u'(‘l)bm[m]) b; [m — 1]i

- (p’fg’”,(—l)bkl[m] + P53 (= 1)ba [m]) bjr[m — 1]}, (B15)

p,;,jlll',m("l) = <Pllc{,u'(—1)bk2[m] - Pg{,u'(“l)bkl [m]) bjfm ~ l]i

+ (Pg,u'(—l)bm[m] - ng,u'(_l)bkl[mw bja[m — 1]ia (B16)

Hrm(=1) = (P8 (= bialm] = 5 (=D [m]) byalm — 1)

— (A= Dbialm] = P (~Dbualm]) bafm — 1, (BIY)

where p’;g,’“,(—l), q,9 € {1,2}, ,l' e {1,...,L}, k,j € {1,..., K} represents the cross-
correlation between the {** path of the ¢** code of the k' user which is corresponding to
the current STS symbol interval and the !  path of the ¢'" code of the j* user during the
previous STS symbol interval. Similarly, we find the conditional expectation of the second
and third terms of the sum term in (B7) by considering the cross-correlation between the
multipath versions of the k% user code sequences during the current STS symbol interval
with the multipath versions of the code sequences of the 5% user during the following and
current symbol intervals respectively, as well as replacing the iterative estimates of the
jt" user’s previous data bits (bj;[m — 1], bjs[m — 1]*) in (B14)-(B17) by the corresponding

iterative estimates of the j** user’s following (b;1[m + 1]%,bj2[m + 1]*) and current data
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bits (bj1[m]?, bj2[m]*) respectively. Finally, E [A'f’”(m) + Ag‘“(m)|yw,bi] is reduced to

L L
E {A’f‘v(m) + A (m)]yw, bz] = Z Z (Px wm(—1) + ok, (1) + P’f}i;' (0))

=1 l'=1

kv* kv i v*¥ ks i
X (hu hw) + (P’zc,w (-1) +P2 u' (1) +P’2C,'§z',m(0)) (hllczv h,;z}))
(1 + )+ 5n©)) (1) (pﬁf;z/,m«—l) o)

. L L
+ b <o>) (b hr) + B ((h”) By (m)y2lm) - ZZ(M

Jj=1I=1 l'=1

+Pl (1) + P1 wm (0)) (hfiv*h{ﬁ)i + (Pz wam(—1) + P2 (1) + Pz 1tr,m (0 ))
X (h’fz”*hé’ﬁ) (A=) + B (1) + 0 (@) (" h’{u)
+ (B (1) + (1) + % (©)) (511 ) . (B18)
From (B4), we find the conditional expectation of Ag'”(m) given y,, and bt as follows. By
replacing the iterative estimates of the previous data matrix, Bx(m—1)*, with its accurate
value, By (m—1), in (B8), we obtain a similar expression for F¥ [A’;”’(m)lyw, bi]. The same

argument is also applied for Aﬁ’”(m). Finally, after some mathematical manipulations, we

evaluate the conditional expectation of AS”(m) given y,, and bf as follows

B |45 (m) lyw,bl]=ZL: EL: Re{ﬂuu (0) (52" ) + 4 m(0)
=1 U'=1,l
< (R HE) + o8 0) (R R )+ e m(0) (h’;f*h’éi?)i}, (B19)

where

Pfﬁt',m(g) = (Plfg,u'(o) + Pglf,u'(o)) bea[m]bra[mi, (B20)
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pgﬁl’,m(o) = (p’f'f,”,(O) - ng,u'(o)) bkl[m]blﬂ [m], (B21)
P§§t',m(0) = (Plf’f,u'(o) - Plchf,u'(o)) ber[m]bra[m), (B22)

piﬁl’,m(o) = (—p'f;w(()) - Plch,u'(o)) bra [m]bra[m]. (B23)

Now, using the conditional expectation of (B2)-(B6) given y., and b*, we evaluate Qk(b|b")

M L L _ '
Qk(bklb")=ZZRe{ZZ(p’f5}, (1) + A5 (1) + 5 (0

k v* .k, v i
hu' <P2 wm(—1) + Pz w (1) + Plzdfz' (0)

hgzv hlfz}) Py, rm(—1) + P4 u' (1) + P4 zz' (0)

w* kv L i
(s vl +( (1) 85 (1) + 55 0)
(1) = (D)) { + (ot

_pgﬁl’,m (=1) - P2 m )

1}* v U v iH v
'Pi,’fz/,m(—l) - Pf,’;l',m(l)) (hgi hlzci') + By ((hk) Bk(m)yc,k[m]

K .
Kt kw* v\’ kj
- Z Z (Pl W m )+ 91 Wm 1)+ Pl,yu',m(o)> (huv hJu') + (pz,]w,m("l)

J=1 1=1 V=1
kst kst kvt o)’ ki k5t kjt
05 m(1) + pzfu,,mm)) (hi 32 ) + (A1) + P (1) + P ©))
kw*p o)} kit kit kgt k¥ g0\’
X (hzzv h]ul')) + (P4,Jtzf,m(“"1) +P4,Jw,m(1) + P4,]u',m(0)) <h21 héﬁ) )

L

Y (O) (W B )+ ok m(0) (R RE) + 55 (0)

=1 I'=1,I'>1

x (R 1) 4 o8l m(0) (h;“;“*hé“zf’)i} (B24)

Considering a large frame M, the second summand in the right-hand side of (5.18) can

be neglected (see Appendix B.4). Thus (B24) is reduced to (5.16).
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B.2 Derivation of E [|| E, ||?]

In this section, we derive a closed-form expression of the error between the true sig-
nal vector and its estimate according to (5.26). After some mathematical manipulations,

(5.31) can be expressed as
| Ey |?= Dy = Dy — Dy + Dy + Ds, (B25)

where

D1 :'2\/,—37536 {th ((Bk(m) - Bk(m)i)T Rkk[O]T -+ (Bk(m - 1)
~Bi(m — 1)) Rig[~1" + (Bi(m + 1) — Be(m + 1)) " Run[-1])

xnz,k[m] } , (B26)

D, = 28YRe {h;;H ((Bk(m) ~ Bi(m)))” Rikl0]” + (Be(m — 1) = By(m — 1)))"
K
xRigp[=1]T + (Be(m + 1) — By(m +1)")" Rkk[“ﬂ) (Z (Ry;[0] (Bj(m)

~B;(m)") + Ry[~1] (Bj(m — 1) = Bj(m — 1)') + Ry, [-1]" (Bj(m +1)

~-B;(m+1)")) hY + n‘c”k[m]) } , (B27)

D =231 B a3 (R0 (Btm) ) + R

x (Bj(m — 1) = B;(m = 1)) + Ryg[=1]" (B;(m + 1) = Bj(m + 1)) ) bj

hJ
+nfc’,k[m]> } , (B28)
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Da =G | 3 (Rusf0] (B;(m) — B;(m)') + Ry (=1 (B,(m — 1)

~B;(m ~1)") + Ry[~1]" (Bj(m + 1) — Bj(m + 1)*)) hY + nZ,[m] ||*, (B29)

Ds = fyngx[m] 0, fm], (B30)

In our system model we assume that the noise samples and the channel coefficients are
mutually independent. Using (5.32)-(5.33), we can find the expectation of Dy, D3, and

Dy as follows

E[D)] =0, (B31)
E Dy =263 ay, (B32)
E D] = Bla. (B33)

From (B27), and using (5.32)-(5.33), the expectation of D, is reduced to

B (Di] = 25 Re { [t ((Batm) = Belm))” Raalol” + (Bl — 1
~Bi(m — 1) Rie[~1I" + (Bilm + 1) = Bi(m + 1)) Ria[=1]) (Rex [0
x (B(m) — Be(m)) + Rux[-1] (Bx(m — 1) = Bi(m — 1)°) + Rx[-1]"
x (Bi(m +1) — By(m + 1)%)) hz] } . (B34)

Starting with the first term in the expectation form of (B34), E [th (Bk(m)
— Bi(m)") "Ry [0] Ry [0] (Bi () — By(m)?) hy], and using (5.32), this term is reduced
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to

E[h};” (Bk(m) — By m)i)TRkk{O]TRkk[o] (Bk(m) — Bi(m)*) hy| = 207
X Z Tkk() 9[ - 1 2l - 1) + Tkk 0(2[ 2[)) (( - F [bkl[m]bkl[m}‘])

=1

+ (1 = E [br2[m]bre[m]'])), (B35)

Similarly, we can evaluate E[hy" (Bx(m — 1) — Bx(m — 1)9)7 R [—1]TRix[-1]
x (Bg(m — 1) — Bg(m — 1)) hY] and E[hy” (Bi(m + 1) — B(m + 1)) Ri[~1]
x Ryk[—1]T (Br(m + 1) — Bg(m + 1)¥) hY] as follows
E [th (Bk(m - 1) - Bk(m - l)i)T Rkk[—llTRkk[—l]
x (Bx(m — 1) — Bg(m — 1)*) hy
L
20’ Z Tkk, 1 2l - 1 2l — 1) + Tkk, 1(2l 2[)) (( -F [bkl[m - 1]bk1[m - 1]2])
=1

+ (1= B [bualm - 1Jeuam — 1)) , - (B36)

E [th (Bk(m + 1) - Bk(m + l)l)T Rkk['—l]Rkk[—l]T

x (Be(m +1) ~ By(m + 1)) b

L .
= 20‘,3 Z (Tkk,1(2l — 1, 20 - 1) + Tkk,1(21,2l)) ((1 -FE [bkl[m + l]bkl[m + 1]1])

=1

+(1 = E [bra[m + 1]bra[m + 1]])) , (B37)

In (B34), the rest of terms take the form, E[th (Bx(m + mp) — Be(m + mp)i)T
x Rkk[mp]TRkk[mp’} (Be(m + my) — Be(m + My )" hZ]’ mp, my € {—1,0,1}, mp, # Mmy,
where Rix[l] = Rie[—1]7, and Rex[1]Ri[~1]T = O (see Appendix A.1). After some
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mathematical manipulations, we find

E [th (Bk(m + mp) Bk(m + m,,) ) Rkk[mp] Rkk[mp ] (Bk m —+ My )

_Bk(m -+ mp,)i) hz:t = 0‘,3 Z <Tkk,mpmpr (21 -1,20 - 1) + Tkk,mpmp/(2l, 2l))
=1
x B [(bgi[m — myp) — bpa[m — mp)*) (bra[m — my] = ba[m — my]')
+ (bkg [m — mp] - bkz [m - mp]i) (bkglm - mpr] - bkz[m — mp/]i)]
-+ (Tkk,mpmp/ (21, 20 — 1) + rkk,mpmp/ (2[ - 1, 21)) E [(bkg [m - mp] - bkz[m —_ mp]l)
X (g1 [m — myp] = bra[m — my]") + (bra[m — myp] — bra[m — my|*)

X (bkg[m - mp:] - bk2[m - mp/]l)] s My 7é mm;], (B38)

where Tik mym., ¢, ¢N,¢,¢ € {1,...,2L},mp, my € {—=1,0,1}, mp # myy, represent
the elements of Ryx[m,|T Rk[my]. We found experimentally that rekm,m, (€,¢'),¢,¢" €
{1,...,2L},m,, my € {—1,0,1}, either have zero values or cancel each other in the same
bracket. Therefore, we assume the expectation in (B38) has a zero value. Using (B35)-

(B38), we can evaluate D, as follows

L

E[Dy) =402 > (riwo(2 = 1,20 = 1) + rio(20,2)) ((1 - E [bx1 [m]bri[m]'])
=1

-+ (1 —F [bkg[m]bm[m]z])) (Tkk 1(2l —-1,2l - 1) + Tk~ 1(2l 21))
x (1 = E [bua[m — Ubam ~ 1]} + (1 = E [bea[m — 1Jbge[m — 1]']))
+ (reea (20— 1,20 = 1) + 7,020, 20)) (1 = E [bra[m + b [m + 1))

+ (1 - FE [bkz[m + 1]bk2[m + 1]2])) s (B39)
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In (B29), following the same procedure, we can evaluate E [Dy] as follows

L
D4 = Qﬁ (ZU 12_1: T]JO —-1,20 - 1) + T'jj|0(2l,2[)) ((1 - F [bﬂ[m]

xbj[m]']) + (1 — E [bja[m]bja[m]’])) + (rj;—1(20 = 1,20 = 1) + 1j5-1(2L, 20))
x ((1 = E [bjs[m = 1bji[m — 1]']) + (1 = E [bjafm — 1]bjo[m - 1))
4 (rj;0(2 ~ 1,20 = 1) + 7551(2,20) (1 = E [bja[m + 1]bj[m + 11°])

(1= E [byslm + Lbafm + 1)) + ak> (B40)

Finally, substituting (B31)-(B33), (B39), and (B40), in the expectation of (B25), we get
Ell Eq IPP]

B.3 Distribution of h'|y,, b

In this section, we derive the pdf of the channel vector at the v** receive antenna

conditioned on the observed data vector, y.,, and the current data estimates,b®. Let

— Il 2 v
n, = [n,,ng,...,n.l,

where

n’, = [n2[1],n%[2],...,ny,[M]].

w

Then, the distribution of y,|h, b* is given by

14
fyulh, ') =] f (v I0?,b%), (B41)

v=1
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where

f(yv |hu, bz) — 1 e‘;/—; (Zrhnl;ol (Y&[m]‘ZLAm:o F[Am]B(m“Am)ihv)H)
w TPMLK (det sz)M

Y4[m=F Am=o F[Am|B(m-Am)'h)

_ 1 et ({SM2d yulmi vy ml } - {£ M3 yelm] B (m) Hov)

TIMLK (det sz)M

o o7 (7" {05 BOmyy2(m)})

= (h“H { 32 M 23 B(m)! (R{0]B(m)' +R[~1]B(m—1)'+ R[1]B(m-+1)*) }hv)

, (B42)

where y?[m] = F[0]Ty?[m| + Fili]yym + 1], Bw = Nolark, and det denotes matrix

determinant. The channel vector h has a multivariate Gaussian distribution defined as

1%
fhy =] rm),
v=1
where
1 vH s 110
h) = — e h T ERhY
f( ) m2LK det Zhhe "

Using (B41) and (B43), the joint distribution

14
f(yw b)) = [T F(v2, b¥IbY),
where

I TSI yilmiyylm)
(detEw,) det Zhh

o INTHEMZE yeimiH B(m) b+ N5 0 (S 23 Bm) vz [ml})

] Vi) —
f(y'unh |b ) - TFQLK(M+1)

X e
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~(n¥ (Vo= ML B(m)! (RO]B(m)' +R [~ 1]B(m—1)*+R{1B(m+1)* )+ =} }hv}

(B43)

(B44)

(B45)

(B46)



In (B45), we can notice that the pairs (y2, h"|b*),v = 1,...,V, are mutually independent.
Therefore, we will subsequently focus on the individual joint distribution of each pair,
f(y2,h*[b?). The second and third exponential term in the right-hand side of (B46)
can be reformed to take the form of the exponential term of the standard multivariate

_muH = Im?
Gaussian distribution by multiplying (B46) with &—5——, where
e ™h Fa Mh

o

M-1
Sy = (N“ Z B(m)* (R[0]B(m)" + R[-1]B(m — 1)* + R[1]B(m + 1)*)

m=0

-1
+2,;,§> , (B47)

mj = ( 2—: B(m)* (R[0]B(m)* + R[-1]B(m — 1)’ + R[1]B(m + 1)’)

m=0
-1 M-
N ) xS By (B45)
m=0
By integrating (B46) with respect to h”, we obtain,
P(y;|b") = det X T MI Y yblml oy 2 (B49)

m2MLK (det B,,)" det S

Finally, using (B46) and (B49), we can estimate the conditional distribution of (h*|y, b*)

as

s

) hY. yv¥ bz‘
iy, b) = Ll

1 vyHy —lipv v
L mr-mpFEihv-my) B50
€ )
7I'2LK det Eh ( )
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which represents a Gaussian distribution with mean

M-1

E [h*ly}, b’] ( Z B(m)' (R0]B(m)’ + R[-1]B(m — 1)’ + R[]
xB(m + 1)*) + NOE;,:)— X Z_ B(m)'y*[m], (B51)

and covariance

B i — ey (0] = 3 = (0 3 Blm) (RIOB(m)

m=0

R[-1]B(m - 1)' + R[1|B(m + 1)*) + 2,;,:)—1. (B52)

B.4 Consistency of Channel Estimates

In this part, we show that the channel estimate (h”)i is consistent. First, we prove

that the estimate (h“)i is asymptotically unbiased. In other words,
Jim E [(h ) |h,b] = b, (B53)
We start by the expectation of (5.20) given h” and b?, we have

E [(h” ) [h?, b’] (Z B(m)' (R0]B(m)* + R[~1]B(m — 1)’ + R[1]

xB(m+1))+N}3hh)1 ZB E [y?’[m]|b®, b¥], (B54)
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Substituting (5.3) in (B54) and inserting the factor M ™!, we obtain

E [( )*|hY, bl] (Z M™'B(m)* (R[0]B(m)* + R[-1]B(m — 1)’ + R[1]
-1 M-1
xB(m + 1)) + M"NOE,:,Q M™! Z B(m)" (R[0]B(m)* + R[-1]B(m — 1)’

R[1)B(m + 1)*) h*, (B55)

Invoking the strong law of large numbers, M~ 3"M~! B(m)'R[m,|B(m + m,)’,

my, € {—1,0,1}, converges to E[B(m)*R[m,|B(m + m,), as M — co. Since E[B(m)*

x R[m,)B(m +m,)¢] is only defined in terms of the cross-correlation values in R[my}, i.e.
independent of M, (B53) is proven. Finally, we show that the error covariance matrix of

the channel estimates €%, in (5.21), converges to 0 as M — oo, i.e,
Starting from (5.21), we have
MQ, = (M“No z B(m)* (R[0]B(m)’ + R[~1]B(m — 1)* + R[1]B(m + 1)’)
-1
+ M-lz:,;,f> . (B57)

Employing the same argument as above, it is easy to show that M i, converges to a
matrix with constant elements as M — co. Consequently, 2%, converges to 0 with rate

47> hence proving (B56).
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