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Abstract

A Network on Chip For Concurrent Transmission Of Accurate and Approximate
Data

Richard Fenster

As time passes by, there is an increase in desired computational ability. Networks on
chip have been seen to facilitate communication between tightly coupled processing elements
located on the same die. With said increasing computational demand, comes an increase in
power consumption. As a result, approximate computing techniques are used in conjunction
with networks on chip to reduce power consumption and latency. When implementing these
approximate networks on chip, additional resources are required and may not have maximal
use during runtime. In this work, we propose a network on chip design that maximizes
resource usage irrespective of data type. This is achieved by using virtual channels that are
configured depending on one of two operating modes. An accurate only mode allocates all
bandwidth such that a single accurate link is active. The other operating mode is a mixed
mode where the bandwidth is halved for approximate and accurate data types. If operating
in this mixed Mode, a latency reduction of up to 44.2% from baseline can be realized when
approximate traffic accounts for sixty-seven percent of all network traffic. The additional

power requirement for this improvement is 22.6% when wide flits are used.
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Chapter 1

Introduction

In this chapter, the motivation of this thesis work is presented from both approximate
computing and network on chip perspectives. Once established, the objective of the thesis is

discussed, along with research contributions. Lastly, the structure of the thesis is presented.

1.1 Motivation

1.1.1 Approximate Computing

It has been well established that Moore’s law, dictating that the number of transistors
within an integrated circuit will roughly double every two years, has begun to slow down
[1]. Researchers and product designers are seeking smaller transistor sizes in order to
aggressively fit more into die sizes. Innovations such as FinFETs [2] have been found to
potentially extend Moore’s law to 3 nm. Research in the field of semiconductors currently
points to sub three nanometer processes for device manufacturing [3] [4], however at the
time of writing, commercial three nanometer processes have yet to come online at TSMC.
When this trend is coupled with societal demands for more computational power on tap,
especially in smaller form factors, this set of circumstances can pose to be problematic.

Researchers have sought to find ways to increase throughput, decrease power consump-
tion and delay at both the hardware and software levels. Most software applications do have

non-critical portions that can be subjected to approximation [5] and therefore can benefit.



Applications for approximate computing vary immensely. One set of prime candidate for
approximation is image processing [6], [7] or video processing [8] where the human eye is
resilient to noise and error, allowing for reduced storage requirements. Neural networks
also benefit immensely from approximation as reducing arithmetic precision can lead to im-
provements in latency for neural networks [9], [10]. Other fields include but are not limited
to scientific [11] and financial [12] computing.

Works have shown improvements in power consumption [13] by reducing computational
accuracy at the software level but still retaining acceptable results, yielding up to a 30%
decrease in power consumption. However, there is not one naive approximation method
that benefits all use cases equally. This is just one of many reasons why the field of approx-
imate computing grew in popularity. Approximations are performed in a slew of different
mechanisms or techniques, each one providing some benefit in one or more aforementioned
metrics while introducing error into the system. Consequentially, it is commonly argued

that approximation techniques should be applied on a per application or profile basis [14].

1.1.2 Networks on Chip

To combat Moore’s Law’s stagnation, another means of improving power consumption
and reducing latency is by tightly coupling different processing units together in a single die.
This has led to the growth of the field of heterogenous computing and is ubiquitous in many
products and designs today. Arguably, the first consumer grade exposure to heterogenous
computing was through computer graphics and the announcement of Microsoft’s DirectX
8.0 in November 2000 [15]. DirectX 8.0 provided a specification for programmable subunits
on graphic processing units called pixel and vertex shaders to provide real time effects in
video games.

As time went on, these subunits became referred to as shader units in a more generalized
manner for Microsoft’s DirectX 9.0C and attention to GPUs shifted solely from providing
real time graphics to general computing tasks that year at SIGGRAPH [16]. nVidia had

leveraged this specification in their products to produce C for Graphics, or known as Cg,



which became the foundation of what is known today is as general purpose graphics pro-
cessing unit (GPGPU) programming through their CUDA toolkit. On the other hand, the
Khronos Group which at the time was composed of many of nVidia’s competitors were
working on an open source direct competitor to CUDA known as OpenCL [17]. Both toolk-
its are used to harness the thousands of compute units (the evolution of shader units) for
general computing tasks and kernels in fields such as finance [6] and machine learning [18].
To facilitate meaningful and efficient communication among these compute units, a network
must be formed on the die.

The consumer marketplace for desktop graphics processors had networks on chips in
some capacity since the early 2000s. However, the focus and use of NoCs were not just
limited to data centers and desktop computing where gains were focused more so on per-
formance than power consumption. nVidia’s GeForce 6800GT, released in 2004, was the
first GPU to have fully programmable shader cores and had a TDP of 67W on a 130nm
process with 16 programmable cores [19]. Focus was turned towards the embedded market
to capitalize on the throughput and power efficiency gains.

In 2008, nVidia had announced their Tegra System-on-Chip [20] which was a highly in-
tegrated module containing an ARM11 CPU, dedicated image and video processing cores,
and a full fledged GeForce GPU capable of substantial graphics. nVidia had claimed to
succeed in making a mobile system on chip that could support an HD camera, HD video
decoding and other features. All these cores would have to be interconnected through some
means, being a network on chip. At the time of announcement, most if, not all, mobile de-
vices such as the Nintendo DS or the Apple iPhone had discrete components for processors,
graphics, audio decoding and other peripherals. The SoC was not wildly successful but in
the following year, nVidia had announced during the Mobile World Conference 2009 that
they had achieved success in porting a budding smartphone operating system called An-
droid to the Tegra. The following year, the Tegra 2 was announced with major smartphone
developers such as Motorola, Samsung and HTC using it in their devices. It was at this
point where a person could easily look no further than their pocket to have a device with

a heterogenous system on chip with some form of internal interconnect linking different



processing elements.

In the consumer space, networks on chip are most commonly found in graphics processing
units and associated variants such as GPGPU modules [21]. There is, however, an effort
being made to integrate NoCs into consumer devices [22]. As well, ARM has provided AXI
as a free to use interconnect that can be used to build networks on chip [23]. That said, in
research-oriented bespoke implementations, networks on chip are more prevalent for design

and scale from few cores up to having north of 500 full CPU cores on a single die [24].

1.2 Problem Statement

Approximate computing can lead to benefits in computational latency, throughput and
reducing energy footprints of devices by introducing error-embracing techniques at either
the hardware or software level. Some of these techniques can be extended or implemented
for use at the network level for heterogeneous computing systems. If there is an overhead
introduced for being able to implement approximate network on chip designs, this overhead
is not considerably used. As discussed in [25], the de facto benchmark suite AxBench
[26] will yield 20% of all total traffic to be approximate. Indeed, it can be assessed that
approximate networks on chip suffer from efficient use of given resources at the cost of
throughput. These pitfalls can be overcome by encouraging resource sharing in the design
of the network on chip for both approximate and accurate data when transmitting both
concurrently.

While these approximate networks typically offer gains in latency or energy efficiency,
additional overhead is required to implement these devices at the network level. In a non-
realistic scenario, all traffic throughout an approximate network would be approximate and
there would be no need for protections or to be accurate. However, this is not the case as
processing elements do require control and other types of packets that cannot be approxi-
mated. As a result, approximate networks on chip must support both the transmission of
accurate /protected data and approximated data to be deemed useful.

A resource overhead is introduced because of this requirement of transmitting both



accurate and approximate data. However, approximate network on chip designs do not
allow for the transmission of approximate and accurate data concurrently across the same
link without requiring even more overhead to increase throughput. By having this additional

overhead, any power consumption benefits may be reduced or worse, diminished.

1.3 Contributions

In this thesis, we propose a configurable approximate network on chip design that fo-
cuses on efficient resource use. The design may be operated in one of two modes. An
“Accurate Mode” where the resources of a link are fully utilized in transferring accurate or
protected data is one of two modes available. The other mode is a “Mixed Mode” where
link resources and bandwidth are split in half to facilitate approximate and accurate trans-
mission of packets, albeit with a latency penalty when processing accurate packets. We
have found that with our design, a reduction up to 40% of global network traffic latency
can be realized when operating in Mixed Mode and the majority of network traffic is ap-
proximate. To implement a network tile capable of Mixed Mode operation with a wide flit
size (128 bits), a 26% resource overhead is introduced. Validation and implementation of
the design is performed at the RTL level. A Xilinx Virtex Ultrascale+ FPGA is used for im-
plementation and determining both resource use and power consumption. Mentor Graphics
Modelsim is used to verify functionality as an RTL simulation with randomly generated
traffic. Consequentially, our contributions have been presented at the 14th IEEE Inter-
national Symposium on Embedded Multicore/Many-core Systems-on-Chip (MCSoC-2021)
[27].

1.4 Thesis Structure

The thesis is structured as follows: first, a literature review is performed in Chapter
2. Several techniques within the broad paradigm of approximate computing are introduced
such as precision scaling, bit field reduction and voltage scaling. As well, essential develop-

ments in the field of networks on chip are introduced, pertaining to topologies and routing



strategies. Once these fields have been introduced, a related works review of approximate
networks on chip is presented, using approximate computing as an applied technique within
networks on chip. The proposed design of RELAX is presented in Chapter 3, discussing
each module within the network and how the network functions from a high level. Chapter
4 discusses the register-transfer level design of network components from the ground up,
including basic components such as buffers. RELAX’s network performance is discussed
and evaluated in Chapter 5 along with characterizing an FPGA implementation in terms
of resource usage and power consumption. Lastly, Chapter 6 concludes the thesis with

applicable scenarios for use and potential future work.



Chapter 2

Related Works

2.1 Approximate Computing

2.1.1 Introduction

Approximate computing is a broad field of different techniques that range from the
hardware realm to software. In this section, we will reduce our scope to solely hardware
techniques. Mittal produced a survey work [5] that enumerates most of the techniques and
applications of approximate computing, for both hardware and software, at the time of

publication (circa 2016).

2.1.2 Inexact Hardware

The first type of approximate hardware to be considered is inexact hardware. This infers
that the hardware intentionally produces inexact results to yield improvements in latency
or power consumption. Most commonly, these research works involve manipulating either
the floating point unit or ALU to obtain benefits.

In 1991, Wong et al. published a design for an approximate divider. At the core of the
work, lookup tables and Taylor series approximations for the reciprocal are used to speed
up division. An iterative algorithm is presented, using the reciprocal to find an approximate
quotient. This approximate quotient is then multiplied by the divisor and the result is then

subtracted from the dividend. This process is iterated until a result is obtained.



Pillai et. al introduced [28] a work in 1999, detailing the reduction in power delay
product by scaling the precision of floating point computation in FIR filters. This is achieved
by having a bypass mode to skip MAC units. However, these MAC units retain their state
when entering the bypass mode, reducing dynamic power consumption. It was found that
the resulting reduction in power delay product was north than 75%.

Kulkarni et al. introduced an inexact two bit by two bit multiplier in 2011 [29]. In this
work, the multiplier returns Ob111 (719) as the result of Ob11 X 0b11 instead of 0b1000
(810). Kulkarni et al. found that by having a multiplier that produces 15/16 correct results
and then using it to instantiate larger multipliers can lead to beneficial results. In particular,
a JPEG encoder was designed using a resulting multiplier and was found to have savings in
power consumption in the range of 31.78% to 45.4%, at the cost of 1.39% to 3.32% average
error.

When designing adder circuits, the biggest hurdle in terms of delay is carry chain prop-
agation. Kahng and Kang designed an inexact adder [30] in 2012 which is composed of
partial adders without a carry chain. Should a carry be generated, the results are rendered
inaccurate. The number of subadders can dictate the accuracy as needed. If greater accu-
racy is desired, the number of subadders can be decreased, resulting in an increase of how
many bits each subadder handles. By doing so, the amount of carry chain gaps is reduced.

This type of work can be extended into advanced arithmetic blocks such as multiply and
accumulate units [31]. Such implementations can be desirable in DSP units where energy
savings can be paramount in the context of low power embedded machines. As Internet-of-
Things devices become more popular, especially sensors and wearables, battery life can be

extended as a result.

2.1.3 Precision Scaling

Approximation of floating point numbers can be achieved by manipulating the mantissa
into being less accurate. This can be achieved through two different mechanisms: precision
scaling and bit field reduction. Precision scaling aims to reduce the precision of a floating

point operation by typically using smaller floating point units, leading to shrinking latency



by reducing computational complexity. As well, power consumption decreases due to having
smaller FPUs. That said, a floating point value may still be represented in a (relatively)
large format such as IEEE-754 [32] with a 32 bit mantissa that could have a sizable amount
of its mantissa zeroed out. To augment the yielded improvements, bit field reduction can
be applied, where the mantissa would effectively be either truncated or rounded down to
a smaller number of bits. Using this method yields a smaller data structure than the
standardized IEEE-754 32, 64 and 128 bit formats.

In 2007, Yeh et al. introduced their work [11] which details using a precision scaled
physics simulation. In this work, profiling on a physics simulation is done before execution
to determine the minimum required precision to sustain the simulation in a stable state.
During runtime, the simulation is conducted with this predetermined precision level and
a threshold checker to ensure that the simulation does not enter unstable bounds. Should
the simulation reach this point, the precision is set to maximum in order to stabilize it.
Once stable, the precision is then progressively lowered again. The goal was to to ensure
the longest possible time with reduced precision then report on the energy savings.

Brunie et al. introduced a mixed-precision fused multiply and add unit for use in floating
point units [33] in 2011. Fused multiply and add operations are defined as performing Z
= (A x B) + C. The focal point of the work is using mixed precisions, specially that the
multiplication operands are one level of precision and both the result and addend are doubly
precise as the multiplication. As an example, A and B are 32 bit floating point numbers,
while Z and C are 64 bit floating point numbers. Under normal circumstances, A and B would
need to be represented in a 64 bit format to match the result and other operand’s width.
With some revisions to the datapath, it was found that the operation can be performed
with mixed precision and no error. As a result, their mixed precision FMA unit is fit and
compliant for use with Fortran and C based code using double precision.

Mach et al. introduced the smallFloat library of formats in their work, “A Transpreci-
sion Floating-Point Architecture for Energy-Efficient Embedded Computing” [34]. In this
work, the authors discuss the design of two custom floating point types. The first type is

binary8 which consists of a 3 bit wide mantissa and 5 bits allocated for the exponent. The



second is a 16 bit wide format called binary16alt that is complementary to the IEEE-754
2008 standard 16 bit wide floating point format. When using these formats, it was found
that a performance gain of 15% to 25% could be achieved alongside an energy efficiency

gain of 14% to 18%.

2.1.4 Approximation By Voltage Scaling

The last approximate computing technique of interest is voltage scaling. By reducing
the voltage, power savings can be achieved typically at the cost of introducing bit errors.
This technique is most commonly seen in implementations involving memory. One case
can be found in DRAM implementations, where each cell storing one bit is composed of a
capacitor holding the voltage level and a transistor acting as a gate. Due to the nature of
DRAM cells, the stored charge will leak out over time, altering the stored value inside the
cell. This, in effect, is a bit error and can be avoided by refreshing the cells in intervals. Jung
et al. introduced the concept of approximate DRAM [35] by profiling the necessary refresh
rates to retain a high degree of confidence in the data while allowing it to decompose. In
this context, there is no latency or throughput gain. As a result, DRAM circuits consume
less energy since the dynamic power is reduced by reducing the refresh interval.

Sampson et. al introduced analogous techniques for SRAM in [13]. The authors found
that reducing supply voltages for SRAM devices introduces read upsets where bits may be
flipped during a read operation along with write failures which are failures to write the
exact value desired. By reducing SRAM supply voltages by 70%, which is deemed mild
by the authors, the probability for a read upset is 107167 and 107°%? for a write failure.
A medium strategy for power reduction implies an 80% supply power reduction with read
upset and write failure probabilities of 10774 and 10~%%4. An aggressive strategy reduces
supply power by 90% but introduces substantial increased risk for read upsets and write
failures at 1073 for both. With this in mind, the authors state a reduction in memory
power of 17% for the mild strategy, 22% for the medium and lastly, 24% for the aggressive
strategy.

Ataei and Stine further validate this concept of approximation on SRAM by focusing

10



their efforts in the context of video processing [8]. Their work introduces a 64Kb SRAM
array that operates on three different supply voltages. It has been well established, as
mentioned in their work, that for a given pixel in a video frame, human vision is most
sensitive to the higher order bits of chroma and luma pixels. As a result, the most significant
bits of chroma and luma pixels are stored using the highest of the three voltages, implying
that these portions of the chroma and luma binary representations are protected from any
bit errors that may be introduced by the SRAM. The middle chunk of the chroma and luma
bit strings is stored by the middle supply voltage and is subjected to a moderate amount
of bit errors and approximation. Lastly, the least significant segment of bits of each pixel is
shown to have minimal perceptive difference in human vision and is therefore stored using
the lowest supply voltage. Using this technique can yield up to a 69% improvement in power

consumption.

2.1.5 Applications

The use of approximate computing in terms of applications or fields is immensely broad.
One of the most immediately applicable fields for approximate computing is multimedia.
This can seen in works such as [8] where approximation techniques are used to reduce the
size of encoding chroma and luma pixels for video while maintaining satisfactory quality. As
pixel densities for display devices increase, UHD resolutions such as 4K and 8K proliferate
consumer devices. 4K Displays are more commonly found in televisions at cheaper price
points and have begun to penetrate the mobile market in cellphones. 8K Displays, while
available at a premium, are no longer a pipedream.

To provide rich content at these resolutions, the HEVC codec is commonly used [36].
Another example of approximation in multimedia is seen in [37] which details an approxi-
mate HEVC codec using fractional motion estimation, providing up to a 50% reduction in
power consumption. Such an implementation would lend great value to mobile devices or
other embedded systems such as hardware backends for television displays.

However, multimedia is not the only field that may benefit. Neural networks have seen

use in the financial sector for more than two decades. The use of neural networks in this

11



sector range from fiscal early-risk warning [38], market prediction [39], GDP prediction
[40] just to name a few. Depending on the complexity of these models, the latency of the
network may be staggering. In these scenarios, inexact hardware or precision scaling can
be used to improve the latency times of neurons.

AxBench [26] is a suite of benchmarks that is dedicated to quantifying approximate
computing performance. As well, the PARSEC [41] benchmark suite has been ported for
approximate computing benchmarking. Both AxBench and PARSEC cover similar areas
in terms of applications. The included benchmarks in both span not just multimedia and

machine learning, but numerical analysis, gaming among others.

2.2 Networks on Chip

2.2.1 Introduction

Networks on chip is an extremely diverse topic in computing research and as a result,
the related works of interest pertaining to this thesis fall into two topics. Firstly, works
involving network structure and topology are discussed. Afterwards, works focusing on
network arbitration are presented. Within the scope of this section, it is assumed that the

focus is on silicon networks on chip and not photonic or wireless variants.

2.2.2 Mesh Network Structure and Topology

When considering network topologies, the mesh topology is considered to be the most
common due to its homogenous and simple structure. While other topologies such as ring
and torus do exist, they are not considered within the scope of this thesis. One of the
most fundamental and influential works is “Network on a Chip: An Architecture for Billion
Transistor Era”[42], written by Ahmed Hemani et al. In this work, the authors lay down
the foundation of networks on chip. Initially, a honeycomb structure is discussed, where
neighboring nodes are interconnected along with a switch in the center of each honeycomb
cell. This design requires two different routers, one for neighboring nodes and another for

the honeycomb cell, handling six nodes. In 2002, Kumar et al. [43] presented their work,

12



“A Network on Chip Architecture and Design Methodology”. This paper extends Ahmed
Hemani’s work by introducing the methodology for designing a mesh network on chip. A
mesh router contains five ports, one for each cardinal direction (north, south, west and
east) and lastly, one to connect to the processing element. In comparison to the honeycomb
topology proposed, a mesh topology is simplified and far more regular, using one single
switch as opposed to two independent switches.

Balfour et al. introduced the concept of a concentrated mesh topology in [44]. This
topology is a modified mesh topology where each router connects to four processing elements
and four routers. While this increases the latency of a router by one clock cycle, dynamic
power consumption is less globally due to overall less hops needed. As well, since each
router provides an increase in the number of processing elements connected to, the global
latency of the network is also substantially decreased.

Yang and Wu presented their Tmesh topology [45] in 2010, serving as an improvement
on the well-studied mesh topology. The mesh topology is modified by introducing a sixth
and seventh port for the nodes on the edges of the network. These ports connect adjacent
edges of the network in order to reduce the number of hops. Assuming a 3X3 mesh network,
this implies that the worst case trajectory will always be at most two hops.

Due to its general simplicity, the mesh network topology is used as the basis for hybrid
topologies. The first example of which is a mesh-torus implementation by Salah et al [46].
This topology is a classical mesh topology with links that wrap around at the extremities of
a row or column. To implement this topology, there is little to no logic cost. However, there
is increased effort when dealing with placement and routing for implementation to account
for the signature torus link wraparound. In terms of global latency, this topology provides
benefits for certain cases where a packet needs to traverse the entire width or length of the
mesh.

Another hybrid topology is a ring-mesh design by Bourduas and Zilic [47]. In this work,
a mesh network is divided into two sets of segments. The first and most atomic of these
segments is a sub-mesh which consists of four nodes or tiles. In one of these tiles per

sub-mesh, an interconnect can be found to interface with a ring of other local sub-mesh
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networks. The collection of this ring and sub-mesh networks is referred to as a local mesh.
As well, in the ring of a local mesh is a bridge that serves as an interconnect to a ring at
the top of the hierarchy of multiple local mesh networks. As a result, this topology has
strong priority for nodes to communicate within the sub-mesh and then the latency penalty
increases substantially as packets travel beyond the sub-mesh. Assuming one node in a
sub-mesh requires to send a packet to another sub-mesh contained within the same local
mesh network, the packet must first travel to the node within the sub-mesh network that
has the interconnect to the local mesh ring. Once it is received, it must then traverse the

sub-mesh to reach its desired destination.

2.2.3 Resource Arbitration

When producing a network of any kind, the arbitration technique used is critical in
determining the amount of latency. Typically, one of three strategies are used for resource
arbitration. Before proceeding, two terms must be defined. Firstly, priority implies that
a requester that desires to transmit a network packet is able to do so when resources
are available irrespective of any other requesters. The second term is fairness, which is
antagonistic to priority. Fairness implies that all requesters will be given an opportunity to
transmit.

The first strategy of interest is round robin arbitration. With this strategy, all requesters
are given equal priority and selection is determined by giving each requester the right to
request the resource (in this case, the ability to transmit data outbound) in a fixed rotation.
Xiaopeng et al. discussed this fundamental arbitration and its implementation in their work
[48]. The issue with round robin arbitration is that there is no means of implementing
priority and is a moderately fair arbitration technique. This implies that computational
tasks may be stuck waiting, increasing latency while other packets are being transmitted.

The two other arbitration strategies implement some form of priority. A fixed priority
encoding strategy is one where each requester is given a priority level. In the most simplistic
of cases, each requester has a different priority level. The requester with the highest priority

is automatically given the grant to transmit data when the resources to do so are available.
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This type of arbitration is the cheapest in terms of digital logic to implement but also
exhibits zero fairness.

The last arbitration technique is the matrix arbiter. It is seen as a compromise between
fixed priority and round robin arbitration strategies. Matrix arbitration operates on a least-
recently serviced strategy, allowing for strong fairness. As per Zhizhou and Xang [49], the
matrix arbiter is the costliest to implement but scales far better with larger amounts of
potential requesters. This implies that the least recently granted requester is given priority

to transmit.

2.2.4 Flow Control and Routing Strategies

Flow control implies the mechanisms and signaling used to control the movement of
packets from one node to another. Depending on the traffic of the network, the flow control
mechanism and routing strategy used, an undesired state of the network called deadlock may
be reached. Deadlock is defined as a state of the network where no data flow is possible
and packet movement comes to an unrecoverable halt. A well implemented flow control
algorithm will aid in preventing this state from being reached.

Though introduced for large scale computer networking, wormhole flow control is a com-
monly found mechanism used in the network on chip space. In wormhole flow control, a
packet is split into segments called flits. During transmission of the packet, the receiving
buffers are allocated for these flits. A characteristic property of wormhole routing is having
multiple buffers in parallel with different packets. Each of these packets could, in theory,
could be transmitted out of the order in which they were received. This functionality is
known as virtual channels. Prakash and Ravikumar demonstrated the first VLSI implemen-
tation of a wormhole router with this functionality in 1994 [50]. The authors detail that
by having the packet divided into flits, a header flit is typically produced and encoded to
contain information such as the number of flits that follow and the destination.

As interest and research in networks on chip progressed, wormhole flow control was found
to be an ideal candidate with the flexibility that can be obtained with virtual channels.

However, one pitfall of wormhole flow control is if the buffers are entirely provisioned,
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blocking any new data from being transmitted. This phenomenon is known as back-pressure
and could ultimately lead to deadlock.

Due to the large amount of traffic that networks on chip may produce, this deadlock
scenario became a major focal point in research. If a network is prone to deadlock, it is not
a viable design. Because of this, major research efforts were exerted to overcome or prevent
this hurdle. Palesi et al. published a work in 2009, detailing algorithms to be used when
profiling applications [51] to be executed on a network on chip for producing ideal routing
algorithms. While yielding deadlock-free results, this work will produce routing algorithms
that are dependent on the applications being ran. In the following year, Seiculescu et
al. published their work [52], detailing a method to remove deadlocks in networks on chip
using wormhole flow control. In the work, the authors detail a universal means of removing
deadlocks from any network topology by analyzing the network topology from a graph
theory standpoint and determining which links are to succumb to deadlock. Once these
points of failure have been determined, they are augmented with a minimal amount of
physical or virtual channels. As a result of this processing, the authors managed to yield
an approximately 88% reduction of resources needed for the network on chip. As a result
of this resource reduction, a typical area savings of 66% was obtained.

Beyond the works of Seiculescu et al., there has been a large effort to find suitable means
to validate mesh networks of various types to ensure that subsequent designs are deadlock
free. In particular, Boppana and Chalasani presented a seminal work contained routing
algorithms for fault-tolerant wormhole routing within mesh networks [53] in 1995, before
networks on chip were considered viable. A year later, the authors had released an updated
work that contained a framework to design said algorithms [54].

All things considered, not all network routing algorithms are bespoke and generated from
algorithms based on expected network traffic. XY or YX routing is a common technique
used to route packets throughout a mesh network. As implied in the name, XY routing will
route a packet horizontally then vertically towards its’ destination. YX routing behaves
in a similar manner, however enforces vertical traversal for a packet first. Though these

algorithms are particularly simple, they can be prone to deadlock as detailed by Zhang et
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al. [55]. Zhang and company propose instead a routing algorithm called odd-even routing
that is based on the odd-even turn routing model by Ge-Ming Chiu [56]. Zhang et al. argue
that while their algorithm is more complex to implement, it is both adaptive and can be
deadlock-free. Based on the results presented, odd-even routing provides an 11% increase
in throughput for a 3X3 mesh network with a 4.6% average decrease in latency. That said,
XY routing has been modified and augmented to prevent deadlocks as seen in [57], [58] and

[59].

2.3 The Convergence: Approximate Networks on Chip

2.3.1 Overview

The design of networks on chip and their respective interconnects have converged with
approximate computing in the past 15 or so years. This implies that approximation tech-
niques are typically applied at the network physical layer, or OSI layer 1 [60]. Implemen-
tations and designs can be categorized in one of two categories. The first set is composed
of lossy networks which infer some potential data corruption or loss of packets or flits.
What results is that either flits or packets are dropped, or errors are introduced at the bit
level that network interface will attempt to rectify the loss of data through some means
of approximation. The second type is a lossless network, where flits or packets are not
dropped but the contents are manipulated by the network interface to reduce flit size and

the resultant packets.

2.3.2 Lossless Networks

Lossless networks are the more common of the two varieties and have been prevalent for
longer. Lossless networks infer that, at a minimum, some form packet or flit size reduction
is being performed by the network interface. In some cases, this attribute can be combined
with additional approximation techniques are used before the network layer is considered.

Stevens et al. published their design, AxBA [61] in 2018. Though not a traditional net-

work on chip but rather a bus architecture, the approximation techniques used are directly
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applicable. AxBA aims to achieve reduce flit size through mathematical manipulation of
data. Assuming a cache line of floating point values, AxBA transmits a baseline value fol-
lowed by consecutive deltas of the values. This is known as base-delta compression. While
the size of the flits is not reduced, this technique allows for more than one consecutive
datum to be packed into a flit by only requiring the delta to be encoded.

Boyapati et al. introduced APPROX-NoC [62] in 2017 and is considered to be the paper
to have established approximate networks on chip as a research interest. APPROX-NoC
is a lossless approximate network on chip with a focus on pre-processing packets in order
to compress them. The techniques for approximation are focused towards packet and flit
size reduction. This is achieved by two mechanisms: if data can be approximated, as is the
case with floating point numbers, the mantissa is manipulated through a logic block called
VAXX so that the size is reduced. Afterwards, the data, irrelevant of being approximable
or not, is fed to a compressor which then further reduces the flit size by mapping common
bit patterns to smaller ones. Once the packet is received, it is reconstructed by the network
interface.

DAPPER [63] was presented by Raparti et al. in 2018 with a focus on GPGPU designs.
This design differs from most approximate network on chip designs since the approximation
is not performed by the network interface itself or at OSI layer 1 at all. Instead, the
approximation is performed by the memory controllers on the network.

Data approximation is performed if the core requesting the data from memory flags it as
approximable. The network interface passes these flags as part of its request. If all values
contained within a cache line can be approximated, the approximation process may begin.
Fach data packet sitting in the outbound buffer of the memory controller is analyzed to see
if it can be merged into a single packet without exceeding the error threshold in order to
reduce the number of packets transmitted.

Chen et al. presented an untitled approximate communication framework for networks
on chips [64] in 2020. In this design, Chen et al. discuss a quality control framework to
ensure that the approximations being performed stay within acceptable error ranges. A

central quality control table is proposed that tracks memory addresses, the data type and
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error tolerance associated. These values are obtained before execution of the application
and require both profiling and preprocessing before runtime.

Based on the values of the table, data that can be approximated is subjected to first
truncation based on the acceptable error threshold determined by preprocessing. After-
wards, further reduction in flit size is obtained by using pattern matching and encoding

techniques similar to those found in APPROX-NoC [62].

2.3.3 Lossy Networks

In 2017, Wang et al. introduced ABDTR: Approximation-Based Dynamic Traffic Reg-
ulation for networks on chip [65] which is used as a stepping stone for other lossy network
designs. This research work details a dynamic traffic regulation system that drops packets
based a predefined quality control rate. A global controller issues each router an allowed
drop rate to each router that is continuously updated based on network performance. With
this value, a router may drop packets flagged as safe to approximate in order to reduce
congestion. Upon reception of these safe to approximate packets, linear interpolation is
used to reconstruct lost flits. Though more accurate and complex choices do exist for re-
constructing data, linear interpolation offers a fair trade-off between implementation cost
and quality of the end-product.

Ascia et al. discussed about the possibility of using a JPEG encoder as a tile on a
network on chip with an approximate interface in [66], published in 2018. An apparent
energy savings of 70% were realized with a root mean squared image degradation of 1075,
This gain could be obtained if the payload flits going through the interface have a low supply
voltage of 0.6V. Protected or control flits are transmitted with a high voltage of 1.1V.

Similarly, in 2018, Akram Ben Ahmed et al. presented AxNoC [67]. It is considered
to be a seminal development in approximate networks on chip and introduced the concept
of a lossy network. AxNoC functions by means of having the critical path of the network
interface isolated such that it may operate with one of two supply voltages, a low and high
supply voltage respectively. The higher supply voltage allows for protected transfers that

are immune to bit errors or losses. When using the lower supply voltage, bit error rates
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may be introduced into the transmission.

A caveat to having the dual supply system is that a certain amount of time is needed
to set up and select the appropriate voltage source, which may introduce additional latency
during transmissions. This can be seen especially when introducing protected flits or seg-
ments frequently. Though recovery methods are not used with AxNoc since whole flits or
packets are not dropped, Ben Ahmed et al. have found that their design works well with a
bit error rate of 1075 to 1077,

Wang et al. introduced, as a follow up to ABDTR, AMNoC [68] in 2020, which is a
multiplane network on chip consisting of a bufferless approximate layer with a light routing
architecture and an accurate/protected layer. The approximate layer, or subnet, is bufferless
and draws inspiration from SCARAB [69], a bufferless network on chip designed by Enright
Jerger et al. When a packet is placed on the approximate subnet, it is subjected to
bufferless transmission implying that flits may be outright dropped. Though AxNoC does
not have any means of recovery since bit errors are the expected type of errors, AMNoC
requires a recovery mechanism to account for flits to be lost. For this, Wang et al. chose
linear interpolation once again as their means of recovery due to the lightweight cost to
implement.

Xiao et al proposed ACDC [70] in 2020. This work adopts the mechanisms detailed
in APPROX-NoC, in particular, VAXX. Therefore, ACDC uses the same mechanisms for
approximation as APPROX-NoC. The focus of this work is not the technique to approximate
data but however, a real time control of the quality of data versus network congestion.

A global controller analyzes the network congestion and is given a total error balance
for the network. This error acceptance value is obtained by profiling the application being
executed beforehand. It determines the error budget for serializing data and updates it
accordingly during runtime based on heuristic analysis of network congestion and the error
acceptance. The balance of the budget is then issued to each node, in which the node can
independently determine how to spend that balance accordingly through approximating
data. As well, if the network congestion is deemed to be reaching a critical point, flits may

be dropped and then recreated by using nearest neighbor interpolation.
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Chapter 3

System Level Description and

Modes of Operation

3.1 Introduction

The approximate computing paradigm is one that encompasses many strategies and
techniques to approximate data for some gain. As previously mentioned, these strategies
can yield benefits in area, power consumption, latency and throughput [5]. In the context
of networks on chip, power consumption of the network can be reduced through the use of
dynamic voltage scaling techniques [67], reducing dynamic power consumption at the cost
of potential increased packet drop rates or bit errors [13]. Both latency and throughput
can be decreased through means of accuracy reduction. Accuracy-affecting approximation
techniques such as using imprecise arithmetic [11] or loop perforation [71] do not have any
effect on throughput or latency at the network level as these strategies are localized to
processing elements. However, bit field reduction has a sizeable impact on latency and
throughput at the network level [72] and can be implemented by modifying flit sizes.

While effective as per their functional mandates, the current variety of approximate
networks on chip that use bit field reduction do not facilitate the concurrent transmission
of approximate and accurate data. In this chapter, we introduce RELAX: a REconfigurabLe

ApproXimate network on chip. This network on chip design can transmit both accurate and
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bit field reduced approximate data concurrently with a focus on hardware reuse, minimal
area and power overhead. RELAX itself does not perform any approximation but instead
facilitates the transmission of reduced bit field approximate data.

RELAX is designed to operate in one of two modes. The first mode allocates the entire
bandwidth of the network for accurate data transmission. If the network operates in the
second mode, half the bandwidth is allocated to approximate, reduced bit field packets while
accurate data transmission is given the remaining half. A net throughput increase can be
obtained while operating in the second mode due to being able to transmit two packets
concurrently.

First, the two operating modes provided by RELAX are introduced in detail and how
these modes differ is discussed. Afterwards, the handshake protocol and link design used to
transfer data from one network node to another is introduced in detail. Lastly, a functional

description of the network at system level is presented.

3.2 Overview

3.2.1 Topology

For all intents and purposes going forward, the implementation and design of RELAX
is focused on a two dimensional mesh topology. While RELAX can be adapted for use
with other topologies such as torus and ring, the mesh was chosen as it is ubiquitous with
networks on chip [73]. This implies that there are a total of five ports, one for each cardinal
direction (north, south, west and east) and lastly, one for a processing element. Each link
across two routers consists of two virtual channels referred to as (virtual) channels A and
B, each N bits wide. As a result, a single direction link between two RELAX nodes may
pass up to 2N bits of data in parallel. A three-by-three mesh RELAX network is shown in
Figure 3.1, demonstrating packets being transferred in both modes. The mesh router used is
presented in a generalized black box view in Figure 4.1, showing the links and configuration

signals needed.
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Figure 3.1: A 3X3 RELAX mesh network transmitting packets under different modes. When
operating in Accurate Mode, an accurate packet utilizes 100% of the available bandwidth
as shown on the left. Data transmission across the network is shown in Mixed Mode on
the right. Accurate data is given half of the available bandwidth, while the remaining
bandwidth is allocated to approximate data. This can be seen as an approximate packet,
shown as a circle, is partially following the same trajectory as the accurate packet and being
transmitted across routers at the same time. While concurrent transmission of both accurate
and approximate data is possible, the accurate packet is penalized with an additional two
clock cycle latency when operating in Mixed Mode in this example.
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Figure 3.2: Black box representation of a RELAX mesh router.
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3.2.2 Operating Modes

The desired operating mode is selected before an application’s execution has begun.
After a selection has been made, it is globally set throughout the entire network and may
not change while the execution of an application takes place. An increase of data throughput
when operating in Mixed Mode is achieved due to the design of RELAX. This is achieved
by taking advantage of splitting network resources in half and the characteristic property
of reduced size for approximate data [5].

When operating in Accurate Mode, RELAX uses both virtual channels in parallel as a
singular channel for accurate data. As seen in Figure 3.3A, each datum AC, occupies a
slot in both virtual channels with higher order segments (ACyp) being stored in Channel
A and lower order segments (ACyy,) in Channel B respectively.

Mixed Mode grants the ability to transmit accurate and approximate concurrently using
channels A and B respectively. Due to serialization, accurate data occupy two successive
slots, ACyg and AC,,, in the buffer of Channel B. While this technique increases trans-
mission latency for accurate data, Channel A is freely available to transmit approximate
data independently of any accurate data packets. Each approximate packet is allocated one
single slot per datum, as shown in Figure 3.3B. By doing so, approximate data transmission

has an equivalent transmission latency of the network operating in the Accurate Mode.

3.3 Data Transfer and Protocol

At the core of RELAX is the network interface, which allows for processing elements
such as memory controllers or processor cores to communicate across the network. Each
interface has the ability to inject data into or eject data from the network. A network
interface may inject data 2N bits wide when accurate and N bits wide for the approximate
type.

It is assumed that the type of packet (accurate or approximate) to be transmitted is
already determined by the processing element [74] and packaged accordingly. If the network

is operating in the accurate only mode, both channels A and B have N bits of data injected
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Figure 3.3: Virtual channel use in both operating modes.

into their FIFO buffers as seen in Figure 3.3A. The higher order bits are placed in Channel
A, while the lower segment is stored in channel B. Should the network be operating in
Mixed Mode, accurate data is placed in channel B since the buffer is equipped to write 2N
bits of data in two adjacent N sized slots within one clock cycle. Figure 3.4A illustrates this
functionality. The injection of approximate data is achieved by writing the higher order N
bits to Channel A, as illustrated in Figure 3.4C.

The mechanism used by ejection ports is similar to injection ports. When operating
in the Accurate Mode, both virtual channels are concurrently used to eject accurate data.
During Mixed Mode operation, approximate data is ejected from Channel A, and accurate
data from channel B. Since accurate data is stored across two FIFO slots during Mixed
mode operation, the ejection port is equipped with the ability to deserialize the packet and
eject the datum within a single clock cycle. It should also be noted that there is no priority
to eject data based on type. This is done so that each network tile can schedule priorities

as needed.
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Figure 3.4: Visualization of data flow in both operating modes.

A lightweight protocol was chosen for the traffic flow since it must be implemented twice,
as per the switching of operating modes. Since Mixed Mode splits the network into two
effectively separate layers, any logic used for flow control must be minimal to reduce the
amount of overhead. As a result of this directive, the RELAX protocol makes use of two
flow control signals to implement its transmission protocol as a simple handshake [75].

The first signal, clearToSend, is sent by the receiver to the transmitter and indicates if
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there is space within the receiving buffer to transmit data. If the buffer is full, this signal
is set to a logic zero. The second signal, Valid, is set consequentially based on the state
of both the receiver and transmitters’ buffer occupancy. The connection and direction of
these signals is shown in Figure 3.5a. Though there is one direction of data transfer shown
for the sake of simplicity in the aforementioned figure, each link is in fact fully duplex.

Should there be sufficient space at the receiver and there is valid data to transmit, Valid,
is set to a logic one. During the following clock edge, the data is sampled by the receiver
and popped from the transmitter’s buffer. There are two pairs of these signals, one for each
virtual channel. If the network mode is set to accurate only, the signal pair for Channel
A is used to control the transmission. When running in Mixed Mode, each pair operates
independently as each virtual channel operates separately. This behaviour can be seen in
Figures 3.5b and 3.5c.

Traditionally, a three state handshake flow is used, consisting of ready, transfer and wait
states [75]. As seen in Figures 3.5b and 3.5¢, RELAX’s transmission protocol only uses two
states, being ready and valid. There is no need for a wait state since effectively, the TX

finite state machines would simply set the Valid signal to zero just the same.

3.4 NoC System Level Design

3.4.1 Resource Allocation and Routing Finite State Machines

Traditionally, an arbiter is used to control resource allocation in NoC routers [49]. Since
RELAX has a mode of operation that leads to splitting network resources into two indepen-
dent networks, the mechanism used for arbitration must be carefully selected to meet the
directive of encouraging hardware resource with minimal overhead. Because of this, a sim-
ple round robin FSM design is selected. As per the discussion in [76], a traditional arbiter
that supports both modes would be classified as multi-fixed priority arbiters (MFPAs) and
would been seen to have 10 inputs in the case of a mesh network (four cardinal directions
and the processing element with accurate and approximate channels). As seen in Figures 10

and 11 of [76], having a 10 input MFPA can lead to a reduction of maximum frequency by
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Figure 3.5: RELAX handshaking protocol signals and finite state machine flow. It is as-
sumed for Figure 3.5¢ that if the networkMode input is set to a logic 1, the control of the

channel B FIFOs is mirrored from those of channel A.

a factor of two and requires quadrupling the logic slices needed for a MFPA of five inputs,

barring any additional overhead from handling concurrency and the different transmission

requirements for both data types. With this realization in mind, it is quite apparent that
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having an MFPA of 10 inputs does not meet the desired criteria of reducing the amount
of overhead resources needed. The outcome of this revelation is a system of two minimal
FSMs, where one FSM is active for both modes and another is engaged in parallel when
operating in Mixed Mode.

The first FSM of interest is the Channel A, or accurate-mode FSM. It is designed to
handle data transmission in the Accurate Mode and approximate data during Mixed Mode
operation. It is delegated control of these operations due to the fact that both approximate
and accurate only transmissions are one flit wide. Data transmission during the accurate
only mode operation with this FSM is shown in Figure 3.6A. A multiplexer that feeds
control signals to Channel B is present and is controlled by the network mode. When
providing only accurate transmissions, it can be seen that Channel B is controlled by the
accurate-mode FSM.

During Mixed Mode operation, the extra finite state machine (Mixed Mode FSM) is
enabled via the multiplexer so that the routing of Channel B remains autonomous. Since
accurate data is serialized and stored in two adjacent FIFO slots when using Mixed Mode,
the Mixed Mode FSM allocates two clock cycles to each receiver for to pass the packet
through the crossbar. Figure 3.6B visualizes the second clock cycle of an accurate data
transmission, with the datum chunk ACiy written to the appropriate transmitter. To
account for having accurate data serialized and placed into two FIFO slots when running
in Mixed Mode, the Mixed Mode FSM provides each receiver two clock cycles to pass data
through the crossbar. The accurate data transmission shown in Figure 3.6B shows the
second clock cycle as the datum chunk ACyy is being passed to the transmitter.

Since the Accurate Mode FSM is designed to account for transfer of a packet in one
clock cycle, it is repurposed when operating in the Mixed Mode. Through multiplexing, it
instead controls approximate transmissions which require one clock cycle as opposed to the
two cycles needed for accurate data transfers in this mode. This allows all resources to be

used in the mixed mode as seen in Figure 3.4.
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Figure 3.6: Differences in routing for both modes of operation.

Along with the network interface consisting of ejection and injection ports, a RELAX

tile contains a router made up of a crossbar combined with receivers and transmitters

for each link. The selected network mode dictates the behaviour of the crossbar and the

router as a whole. When compared to regular NoCs, RELAX implements simultaneous

and independent routing of both accurate and approximate data. Because of this, certain

control resources within the router such as crossbars are duplicated. These extra resources
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add to the design cost of RELAX. It can be seen in Figure 3.6 that the multiplexers of the
crossbars are in fact controlled by the network mode selection.

In terms of routing algorithm, XY routing is selected. While Odd-Even routing provides
better performance, XY routing requires substantially less resources to implement with a
14.2% latency penalty and a 10% penalty [55]. For the design goals of RELAX, this penalty

is deemed acceptable since the penalty is invoked twice from implementing the mixed mode.

3.5 Summary

In closing, we present RELAX as a mesh network on chip that may operate in one
of two network modes. These modes allow either transmission of either fully accurate
data or a mixture of rounded/truncated approximate data and accurate data concurrently.
Two virtual channels are used to provide this dual mode functionality with each data type
delegated to one virtual channel when running in the mixed mode.

As well, the routing mechanisms and strategies used in RELAX are discussed. XY
routing is the chosen routing strategy since it has a low implementation cost when compared
to others such as odd-even routing. In terms of resource arbitration, the round robin
technique is implemented through simple finite state machines in order to observe the tenet
of reducing hardware overhead and resources. Another simple set of finite state machines

are instantiated to implement the data transfer protocol which is a variation of flow control.
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Chapter 4

RTL Design

4.1 Design Hierarchy and Overview

In this chapter, the RTL design of RELAX’s components is presented along with the
hierarchy of components. It is assumed that the components are implemented with a mesh
topology in mind. With this topology, a tile is composed of five fully duplex links. Four links
are used for the cardinal directions (north, south, west and east) to other network tiles. The
remaining link is used to communicate with processing elements such as memory controllers
or processor cores. At the network level, the tile is the top-most module instantiated and
encapsulates numerous subcomponents. However, the tile itself does not encompass the
processing element. The high level structure of a tile is shown in Figure 4.1.

We first discuss the router from a high level perspective. Afterwards, the different
FIFO buffers used are discussed, which are essential to RELAX’s functionality. Some of the
buffers used in the network interface provide functionalities that are critical to the behaviour
of RELAX depending on the selected network mode. The tile hierarchy is traversed, by
focusing on link-level ports and their behaviours then routing logic blocks such as crossbars.
Afterwards, the router is discussed at a module-level view along with the processing element

port.
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Figure 4.1: Block structure of a RELAX Mesh Tile.
4.2 Router

The router found in a RELAX tile is the collection of reception and transmission ports
for the cardinal directions along with the crossbar. As well, the interfaces for the injection
and ejection ports are provided. Structurally, the router is the same as shown as the black
box in Figure 3.2. Each interface has a collection of data signals for parallel data transfer
along with protocol signals as mentioned in Chapter 3. The high level representation of
the router is shown as the dashed rectangle in Figure 4.1. If a port is not needed due to a
router being on an extremity of the network, it is disabled by having the control signal and
data inputs effectively zeroed out so that the router sees the port as never having any data

available.

33



4.3 Buffers

4.3.1 Normal FIFOs

The most fundamental and used buffer in a RELAX tile is the normal FIFO. Each tile
uses eight of these units, one per virtual channel across the four cardinal direction links.
These buffers are traditional circular buffers, implying their read and write pointers wrap
back to zero when incrementing from the last index [77]. As well, this buffer serves as the
basis for the other specialized dual mode buffers used in the injection and ejection ports.

Structurally, the normal FIFO is implemented in a two-dimensional decoding scheme
[78]. In particular, the buffer is composed of a n x 2 array of registers, where n is the number
of rows present. This architecture was chosen due to its ability to mitigate large decoding
propagation delays, especially when these buffers can vary in size due to their parametric
design. As well, this architecture lends itself to the specialized buffers where two adjacent
cells may be manipulated in a single clock cycle. The structure can be visualized in Figure
4.2.

When reading from the buffer, all the bits in the read pointer except the least significant
are used to select the row. In Figure 4.2, the read row select would be controlled by bit Bj.
The whole content of each row is passed to a row select multiplexer. Assuming a virtual
channel size of N bits, this implies that each input to the multiplexer receives 2N bits of
data. Lastly, bit By of the read pointer controls which N sized segment of the 2N string is
output.

Writing to the buffer works in a similar mechanism to reading. A row select decoder
is used in conjunction with all the bits of the write pointer aside from the least significant
one. The least significant bit is used as a column select. The result of the column select (Bgy
for column 0, By for column 1) and the decoder row output is fed through an AND gate per

slot to act as a write enable.
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Figure 4.2: Two column structure of a regular FIFO. In this example, a four slot FIFO is

shown.

4.3.2 Dual Write FIFO

The Dual Write FIFO buffer is found in the injection port of a RELAX network interface.
It has two behaviours of operation that are selectable. When instanced in the injection port,
the selected network mode will be used to determine which behaviour is desired. At the
top level, the Dual Write FIFO has a data input port of 2N bits, where N is the specified
FIFO width but has a data output of N bits. The RTL structure of this FIFO buffer can
be seen in Figure 4.3.

Should the selected mode be set to zero, implying the network is operating in accurate
only mode, this buffer will act as a normal FIFO described in the previous subsection.
Though there are 2N bits as an input, only the least significant N bits are written into a single
slot per clock cycle. The top-most bits are simply just ignored through the multiplexing
action found at the D input. This implies that two writes are needed to proceed to the next

row in the buffer’s array of memory elements since the write pointer is incremented by one.
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Figure 4.3: Simplified functional representation of a Dual Write FIFO. Additional added
hardware such as logic gates and multiplexers needed to implement the dual write ability
are shown in gold.

In order to provide the ability to write to two adjacent cells, the write row select is used
in conjuction with an AND gate. The AND logic from the normal FIFO is also present.
Both AND gates are fed into an OR gate as seen in Figure 4.3. When the buffer is set
to operate in dual write mode, each write will store the entire string of 2N bits into an
entire row of the buffer. Due to the toggling of the multiplexer, the write pointer will be
incremented by two for each write operation. It should be noted, however, that the buffer

will still eject one slot of N bits at a time.

4.3.3 Dual Output FIFO

The Dual Output FIFO is found in the ejection port of the network interface. It acts
in an opposite manner of the Dual Write FIFO. This implies that the buffer has a data

input of N bits but has an output 2N bits wide. Because of this, data is retrieved one row
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at a time. Irrelevant of the chosen output size, the buffer will always output valid data in
the lower N segment (Outr). Outy, the higher N bit segment, is provided by a chain of
two multiplexers. The first (innermost) multiplexer selects the slot, while the second masks
Outy depending on the operating mode. The general structure of this module is shown in
Figure 4.4.

If the dual output mode be disabled, the higher N bit segment (Outy) will be masked
and simply return a string of zeros provided by the final output multiplexer. As well, the
read pointer value will have its value incremented by one due to the multiplexer feeding the
pointer’s input. If the dual output mode is enabled, Outy will not be masked. As a result,
a whole row of the buffer will be outputted. To account for this change in behaviour, each
pop of the buffer will increment the read pointer by two and simply traverse rows, foregoing

alternating columns.
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Figure 4.4: Simplified functional representation of a Dual Output FIFO. Additional added
hardware needed for operating in Mixed Mode is shown in gold.
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4.4 Reception and Transmission Ports

Within a mesh RELAX router, there are a total of four available full duplex links
between routers. Each port contains two regular FIFO buffers, one for each virtual channel.
As well, there are two pairs of TX and RX finite state machines instantiated to implement
the RELAX packet transaction protocol discussed in Chapter 3. It should be noted that

the network mode has no bearing on the functionality of these ports.

4.5 Crossbar and Routing Logic

The crossbar and routing block in RELAX is composed of several sub-components.
Traditionally, a crossbar is composed entirely of combinational logic with the intent of
passing data and control signals to the appropriate locations, while an arbiter will control
said crossbar. With RELAX, this typical design is deviated from to account for the ability
to change operating modes. Instead, two arbitration finite state machines are instantiated.
In fact, the crossbar block found in a router contains the two arbitration FSMs and crossbars
previously shown in Figure 3.6 along with additional combinational logic to implement the
routing logic and strategy. Given a mesh network, there are five instantiations per outbound
port in a RELAX router.

When operating in Accurate Mode, the single cycle FSM controls the data going to both
buffers of the associated transmission port. This is achieved by having packet destinations
fed to a multiplexer that is controlled by the FSM. The Mixed Mode FSM is effectively
disabled and its outputs ignored. Whichever port is selected, its packet is placed on the
transmission data ports in a single clock cycle through the multiplexing mechanism shown
by Figure 4.5. Though not shown in the figure, status and control signals are passed from
the RX port to the TX in a similar manner.

As can be also seen in Figure 4.5, if Mixed Mode is selected, this aforementioned FSM
is delegated to handle Virtual Channel A and its approximate data. The second FSM is
engaged and configured to move a packet to the transmission port in two clock cycles since

the accurate packet has been serialized. Two combinational blocks are instantiated and
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Figure 4.5: Crossbar and routing RTL structure for a single port. Added hardware to
support Mixed Mode is shown in gold.

perform the actual routing, controlling the multiplexers of the data. A closer, in-depth look

of the crossbar and routing control for a single transmission port can be seen in Figure 4.5.

4.6 Flit Encoding, Ejection and Injection Ports

4.6.1 Flit Encoding

RELAX may transmit packets composed of one or two flits. One flit transfers are
approximate packets, while two flit transfers are accurate packets. As previously mentioned,
an accurate packet may be transferred as two flits in parallel if in Accurate Mode or in serial,
should the network be running in Mixed Mode. A flit itself does not encode the type of data
present within but rather is determined based solely on the virtual channel(s) used. All

flits have the same structured used, as shown in Figure 4.6a with the destination encoded
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in the most significant bits.

X Addr Y Addr Payload

(a) Sample flit structure. The X and Y address fields are sized logs(# of X addresses - 1) and
loga(# of Y addresses - 1) respectively. The payload is composed of N bits.

19 18 17 16 15 14 13 12 11 10 9 8 7 6 5 4 3 2 1 0

10 | 01 1011000100011111

(b) Sample approximate flit going to X = 2, Y = 1 assuming a 2X2 mesh network, with a payload
of 0b1011000100011111.

191817161514 131211109 8 7 6 5 4 3 2 1 O

10|01 0110101010101101 }ACH
ACL{ 10|01 1110011101011111

(c) Sample accurate packet in Mixed Mode, destined to X = 2, Y = 1 assuming a 2X2 mesh network.
The full payload is 0b01101010101011011110011101011111. ACpy is transmitted first, followed by
ACy.

39 38 37 36 35 34 33 32 31 30 29 28 27 26 2524 2322212019181716151413121110 9 8 7 6 5 4 3 2 1 0

10|01 0110101010101101 XX 1110011101011111

Virtual Channel A Virtual Channel B

(d) Sample accurate packet in Accurate Mode, destined to X = 2, Y = 1 assuming a 2X2 mesh
network. The full payload is 0001101010101011011110011101011111. Bits 16 to 19 are don’t care
values since the destination location is obtained from the flit in Virtual Channel A.

Figure 4.6: Flit structure and sample packets

4.6.2 Ejection Port

The ejection port is the point of exit for data in RELAX. It is composed of finite state
machines, along with a normal FIFO attached to virtual channel A and a Dual Output
FIFO connected to virtual channel B. The Dual Output FIFO is able to deserialize an
accurate packet when running in Mixed Mode. Where the differences lies from other router
link ports is the outputs of the port. The ejection port is designed to be connected to a
processing element and has additional signals for account for this.

An attached processing element is given the status of the port with signals such if
accurate or approximate data is available (assuming that Mixed Mode is enabled). If the

processing element requests data, the same handshake protocol previously discussed is used
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but the type of data is specified by asserting dataType to 1 if approximate data is desired.
While RELAX supports concurrent transmission of both accurate and approximate data
types, the link between an ejection port and processing element can only transmit one packet
a time. As the packet is ejected, the origin of the packet is also output to the processing
element as a string of bits sized loga(# of tiles - 1). A black box view of the element can

be seen in Figure 4.7a.

4.6.3 Injection Port

The injection port works in a similar manner as the ejection port. It acts as the point
of entry for data onto the network. Just like the ejection port, it has finite state machines
to control the buffers and a normal FIFO buffer tied to Virtual Channel A. However, a
dual write FIFO buffer is used to serialize an accurate packet into two flits if the network
is operating in Mixed Mode. Due to the structure of the Dual Write FIFO buffer, the
serialization process only requires one clock cycle. An injecting processing element uses
the same two signal handshake protocol to place data in the network. Omne packet may
be placed at a time with the data type indicated by the dataType signal. When asserted,
the data being injected is approximate. Figure 4.7b visualizes the connections between the

injection port, processing element and router.

4.7 Summary

In this chapter, we presented the RTL design of RELAX. At the core of its design are
three circular FIFO buffers: the normal FIFO, Dual Output FIFO and lastly, the Dual
Write FIFO. The latter two FIFO buffers are critical to the network’s ability of operating
in Accurate or Mixed mode. As well, the two arbitration FSM structure of RELAX was
discussed. The hardware overhead necessary to implement these features was analyzed and
was found to be composed mostly of multiplexers along with some additional supporting
logic.

Afterwards, the flit structure was reviewed. Using a single flit structure for transmission
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of accurate and approximate data in all cases allows for homogeneous hardware to be used,
ultimately encouraging design reuse. Lastly, the mechanisms to inject and eject data from
the network were analyzed. At the heart of packet injection is the Dual Write FIFO buffer,
which allows for accurate packets to serialized in a single clock cycle, ensuring minimal
latency. In terms of packet ejection, the dual output FIFO buffer is used to provide opposite

functionality by deserializing data in a single cycle. With these two ports, a processing
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element may inject or eject packets in a single cycle, irrespective of their data type. However,
ejection and injection ports may handle only one packet at a time despite the rest of the

network being able to transmit two packets concurrently.
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Chapter 5

RTL Synthesis and Network

Validation

5.1 Introduction

In this chapter, the performance and characteristics of RELAX are presented. First,
synthesis is performed and as a result, associated attributes such as logic utilization and
power consumption are quantified. Buffer components are synthesized for several widths and
quantities of slots then compared for power and resource consumption. Afterwards, other
network components such as routers and tiles are synthesized with a fixed virtual channel
width of 22 bits then compared against the components from a baseline mesh network that
handles solely accurate data. By doing so, an apples-to-apples comparison is achieved.

Lastly, network performance and validation is performed through a cycle accurate RTL
simulation. The baseline network is tested with various injection rates, measuring latency
and throughput. RELAX is subjected to the same testing conditions but with the addi-
tion of various accurate and approximate data distributions. The performance trends are
then mapped according to well-established approximate computing tasks and their usage of

approximate data.
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5.2 Synthesis and Utilization

5.2.1 Environment

Each module is written in VHDL-2008 with synthesis performed by Xilinx Vivado ML
2021.2 with the Xilinx Virtex Ultrascale4+ xcvu9p-fsgd2104 FPGA, running at speed grade
1 as a target. When performing synthesis, modules are provided with KEEP_HIERARCHY
attributes to retain the inferred RTL hierarchy. Default strategies are used when performing
synthesis and implementation/place and route, with no preference for performance or size
reduction. Power consumption values of each module is determined by vector-less activity

propagation analysis performed by Vivado with a clock of 100MHz.

5.2.2 FIFO Buffers

Scope of Testing

The three different FIFOs discussed in Chapters 3 and 4 are characterized by being
synthesized for FIFO depths and widths of 8, 16, 32, 64 and 128 bits. Each buffer is syn-
thesized 25 times to acquire results for each possible combination. The flip-flop and lookup
table usages for each synthesis is plotted and then analyzed. Static power consumption is
omitted from this study since it was found experimentally that the static power effectively

remains consistent for a given width when varying depths.

Normal FIFO

When scaling the depth and width for normal FIFO buffers, it can be seen that the
resource utilization increases linearly for flip flops and lookup tables. Seven and eight input
multiplexer (F7/F8 mux) use, however, ramps up dramatically when a buffer with a width
of 128 bits is used. The use of F7/F8 muxes has a benefit since it is a primitive [79]
and is already implemented in hardware. By using these primitives, delay can be reduced
since multiple lookup tables in a single slice do not need to be linked together to produce
the same functionality. As well, using F7/F8 multiplexers does not incur any additional

penalty in static power consumption since it is an internal component inside a logic slice.
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This increased use can be attributed to the fact that there is now sufficiently wide data
to facilitate use of these primitives. Overall, this is an acceptable result since it implies
that instantiating larger FIFO buffers will incur stable, predictable increases in resource

utilization with minimal increased power consumption.
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Figure 5.1: Logic utilization and power consumption characteristics of a normal FIFO buffer
with differing FIFO buffer depths and widths.
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Dual Write FIFO

The Dual Write FIFO buffer exhibits nearly identical utilization characteristics as the
normal FIFO and has linear trends for usage. The difference in resource usage when com-
pared to a normal FIFO buffer is small and as a result, only the differences are plotted in
Figure 5.2. Resource usage and power consumption grow until a certain threshold. Deduc-
ing from the utilization reports, there is a total of 386 more LUTs (+7.78%) used in the
Dual Write buffer with a depth and width of 128 bits, but two less registers and 640 less
F7/F8 multiplexers (-3.55%). Similar but less drastic trends are visible for other depths as
well. It can then be assumed that the obtained reduction in power consumption, register
and multiplexer use results from an implementation optimization, trading LUTs for other

elements in order to yield better routing.
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Figure 5.2: Logic utilization and power consumption characteristics of a Dual Write FIFO
buffer compared to a normal FIFO buffer depths and widths.
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Dual Output FIFO

The Dual Output FIFO buffer has the largest cost to implement. The difference in
lookup table use when compared to the normal FIFO buffer tends to increase in an expo-
nential trend. Given the nature of having an optional ability to output two adjacent slots,
large combinational paths may be inferred to multiplex outputs accordingly. Additionally,
depending on the width of the buffer, these multiplexer paths may not necessarily benefit
from the F7/F8 multiplexer primitives available on FPGAs due to not being sufficiently
large or deep. Ultimately, as seen in Figure 5.3, deserializing and ejecting data is costlier

than injecting data into the network.
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Figure 5.3: Logic utilization and power consumption characteristics of a Dual Output FIFO
buffer compared to a normal FIFO.
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5.2.3 Tile Component Resource Usage

The components of RELAX and baseline networks were synthesized, with resource usage
for both the baseline and RELAX components being tabulated in Table 5.1. A FIFO buffer
width of N = 22 was used, implying that RELAX has two virtual channel buffers with a
payload of 22 bits wide, while the baseline has a single buffer with a 44 bit payload per
link. Each scenario allocates 96 slots per buffer and assumes a 4X4 mesh network. While
performing synthesis and place-and-route, fi,.x is found to be 1756MHz for the RELAX
network tile through static timing analysis.

The resource usage of each module for both baseline and RELAX versions can be seen
in Table 5.1. TX and RX ports share the same resource usage in either baseline or RELAX
variants. Any overhead incurred in the RELAX design of the TX and RX ports is attributed
to the ability to operate the N bit wide virtual channels independently as opposed to having
a single 2N bit wide channel. When comparing relative or percent-based differences, the
crossbar and routing logic have the largest increase. This is due to the fact that when
RELAX is operating in Mixed Mode, two crossbars and routing finite state machines are
needed for the network to operate, effectively doubling the overhead. Injection and ejection
port overheads are attributed to providing serialization and deserialization capabilities when
operating in Mixed Mode. Overall, per tile, RELAX requires an approximate additional

45% increase in resources.

Module Baseline RELAX

LUTs FF's LUTs FF's

(x10%)  (x10%) (x10%) (x10%)
TX Port 1.62 5.06 1.84 (+138.6%) 5.83 (+15.2%)
RX Port 1.62 5.06 1.84 (+138.6%) 5.83 (+15.2%)
Ejection Port 1.61 4.67  2.08 (+29.2%) 5.08 (+8.78%)
Injection Port 1.52 4.62 1.96 (+29.0%) 5.85 (+26.6%)
Crossbar 0.13 0.005 0.17 (+30.8%) 0.01 (+100%)
Router 13.3 40.5 14.8 (+11.3%) 46.6 (+15.1%)
Tile 13.0 39.7 18.8 (4+44.6%) 57.5 (+44.8%)

Table 5.1: Resource utilization of RELAX components vs baseline.
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vector-less propagation through the synthesis tool and a frequency of 100MHz for virtual
channel widths of 8, 16, 32, 64 and 128 bits. For example, assuming N is equal to 8 bits, the
baseline channel width is 2N or 16 bits. The results are tabulated in Table 5.2. RELAX’s
dynamic power consumption grows linearly with virtual channel width, producing an R?
value of 0.9968 when plotted as a linear trend.

Likely due to place and route effort and the primitives available on the Virtex Ultra-
scale+ FPGAs, the best trade-off in terms of power consumption is operating with a 128 bit
wide virtual channel. Static power consumption is subjected to a minor increase of 2mW
(approximately 0.08%), while dynamic power increases 0.189W or 26.7%. This is likely
due to the synthesis tool being able to effectively use larger primitives instead of inferring
equivalent logic for smaller channel widths. A more accurate dynamic power consumption
estimation would be obtained through performing an RTL simulation then using a .saif

vector file generated as a by-product.

Virtual * g celine RELAX Baseline RELAX .
Channel . . . . A Dynamic
Width Static Static ~ Dynamic Dynamic (W)
(W) (W) (W) (W)
(N)
8 2.470 2.469 0.082 0.143 0.061 (+74%)
16 2.470 2.471 0.131 0.169 0.038 (+29%)
32 2.471 2.472 0.193 0.293 0.100 (+51.8%)
64 2.473 2.475 0.362 0.476 0.114 (+31.5%)
128 2.478 2.480 0.707 0.896 0.189 (426.7%)

Table 5.2: Power consumption of a RELAX tile compared to the baseline for various channel
widths at a frequency of 100MHz.

5.3 Simulated Testing Environment and Flow

5.3.1 Testing Overview

A 4X4 top-level mesh network consisting of RELAX tiles operating in Mixed Mode are
set to inject packets randomly with arbitrary destinations. The baseline test is RELAX op-

erating in Accurate Mode. Using the implementations written in VHDL-2008, the network
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is simulated using Mentor Graphics Modelsim for various injection rates and distributions of
accurate and approximate packets. The randomization functions are provided by OSVVM
and are used to determine when a packet is to be injected, the destination of said packet

and the packet type (accurate or approximate).

5.3.2 The Case for Controlled Randomization

When testing digital designs, random stimuli are used for testbenches and verification.
However, a case can be made that reproduceable randomization where the same results are
obtained if the same seeds and other inputs are used is desirable [80]. The justification for
this scenario is that when verifying a design, using the same stimuli or inputs is necessary
to aid in validation especially if a failed test case needs to be reproduced.

OSVVM’s randomization functions are designed with this reproduceable property in
mind. Given that network performance metrics such as latency and throughput are being
tested; true, non-reproduceable randomization is desired to account for stochastic events
such as operating system context switches affecting when packets may be injected. The
RandomPkg of OSVVM has a defined type called RandomPType that is a reproduceable
randomizer that requires a seed input for initialization. To ensure that each network tile does
have true randomized injections, the randomization seed for a given network tile contains
the instance name (which differs tile from tile) and a supplemental Mersenne Twister [81]

value returned from Python’s random() function in the range of [0.0, 1.0).

5.3.3 Testing Environment

The testing environment is composed of two components: a Python pre- and post-
processing script and a Modelsim simulation. Upon launching the Python script, the injec-
tion rates and data type distributions are determined from a configuration file. Simulations
are divided into sets, consisting of one data type distribution tested against all injection

rates. A simulation pass is performed in three stages:
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(1)

Pre-processing

The network configuration file, noc_parameterspkg.vhd, is updated by the Python
script to include the new data type distribution and injection rate. As well, the
injection driver is updated to include an updated seed including the aforementioned

random () value.

RTL Simulation

The Python script then invokes Modelsim, which compiles all the VHDL files with
updated values then launches the simulation. During the operation of the simulation,
a .csv file is produced per tile with each line corresponding to a received packet. On

each line, the packet’s origin, injection and ejection times and type are recorded.

Post-processing

Once Modelsim has exited, the Python script then combines all the generated .csv

files into a single file located outside of the RTL simulation’s working directory.

Once a set of simulation passes is completed, the Python script will read all .csv files

of that set and place the data in an Excel sheet for ease of access and presentation. The

working directory is then sterilized of all .csv files and the process is repeated until no

there

are no more sets to test.

5.3.4 Testbench Flow

Overview

For testing purposes, a testbench written in VHDL-2008 is designed to instantiate a 4X4

mesh

network. At the core of this testbench are two timekeeping registers along with non-

synthesizable injection and ejection drivers that attach to the interfaces of their respective

ports.
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Timekeeping Registers

The first timekeeping register keeps track of the simulation time, or rather, how many
simulation cycles has passed. This information is used to determine the duration of a
generated packet’s travel time. When a packet is injected, the current simulation time
value is encoded into the flit. The total travel time is the difference between when the
ejection port ejects the packet and the encoded injection time. This value is written in the
recipient tile’s corresponding .csv file when ejecting the packet.

Execution of injecting a packet depends on the second timekeeping register known as the
injection period counter. A property known as the injection period is defined in the network
parameters file. Its purpose is to count the number of cycles, incrementing alongside the
timekeeping register, however rolling over after exceeding the number of cycles specified in
the parameters file. As a result, when performing a simulation pass, the injection rate is
defined as

L Number of packets to inject per cycle
Injection Rate =

(1)

Injection period size

with the number of packets to inject per cycle defined in the parameters file as well.

This value, though, is generated then written in by the Python preprocessing segment.

The Injection Driver

Before the simulation may begin, a reset must be issued. During this reset, each injection
driver generates a vector of times within the injection period to push a packet into the
network. These times are produced by using the randomization package of OSVVM and
fed into a data type known as an integer vector (VHDL-2008 standard data type). Given
the randomization context mentioned previously, the injection driver of each tile produces
a different set of values from having a seed composed of the tile’s instantiation name in
the simulation, its coordinates in the network and the random value produced by Python’s
random() function. The injection vector generation is implemented by the following VHDL

process:
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-- Generate injection times
times_gen_proc : process (clk, rst) is
variable injectionTimes_rand : randomptype;
begin
if (rst = '1') then
report "Generating New Seeds"
severity note;
injectionTimes_rand.InitSeed(injectionTimes_rand'instance_name &
to_string(x_coord)&to_string(y_coord) & "0.7225013680664656") ;
injectionTimes_i <= injectiontimes_rand.RandIntV(0, (packet_period_size - 1),
packets_per_period, packets_per_period);
end if;

end process times_gen_proc;

As seen in the code snippet, the value 0.7225013680664656 is the value produced by
random() during preprocessing. Each pass of the simulation will produce a different value.
As a result, there is substantial insurance that each tile will have notably varied injection
times within the injection period.

The RandIntV() function produces a randomized integer vector with the following pa-
rameters in order as shown in the code snippet:

(1) Smallest value

In this case, start at zero to maximize the range of available values.

(2) Largest value

Similarly, end at packet_period_size - 1 to maximize the range of possible values.

(3) Number of values
Use the value generated in preprocessing with the injection rate and then specified in
the parameters file.

(4) Number of unique values
All values should be unique (ie, no injection of two packets at once by one injection

driver) so the number of values desired is also the number of unique values to produce.
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Inside each injection driver, there are two additional components of note. First is a
buffer for packets to be injected. This exists to handle any potential backpressure from the
latency when injecting accurate packets which require two cycles to fully propagate through
and is sized rather large. The second component is a counter for the number of packets
injected. Having the counter ensures that the injection driver does not exceed the number
of packets required to be injected. For all tests documented in this chapter, the value is
set to 1000, implying a total of 16000 packets are generated and injected throughout the

network per pass.

Injection Flow

During runtime and on each positive clock edge, an injection process is triggered. The
injection driver first checks to see if there is a value inside its injection times vector that
matches the current injection period counter value. If there is a match and the buffer is
not full, the injected packet counter is incremented and then a packet is generated and to
be injected. The data type and destination are generated randomly by once again using
OSVVM.

A Boolean value is generated from a randomization function that uses a distribution
of probabilities specified in the parameters file. If the resulting value is zero, the packet is
accurate. A result of one will produce an approximate packet. This distribution is defined
as apx_weight and acc_weight in the parameters file and dictates the distribution used
to determine if a packet will be accurate or approximate should the simulation operate in
Mixed Mode. As an example, if apx_weight is set to 60 and acc_weight is set to 40, there is
a 40% chance that a generated packet will be accurate. The cycle that generated the packet
is encoded into the flit and placed into the buffer for injection. Figure 5.4 displays the
process in a flowchart. This process is used to generate artificial traffic used to characterize

the performance of the network.
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Figure 5.4: Flowchart of packet injection process.

5.4 Network Performance Metrics

5.4.1 Testing Methodology and Sampling

While beneficial, the randomization methodology used does not provide exact, repro-
duceable results. As a result, the quantity of approximate and accurate packets can vary
since the packet data type is determined by a distribution of probabilities. When plotting
results such as latencies, this randomization can be present in the form of ripples in the
plots. To account for this, the latency and throughput metrics presented in this section are
the result of averaging 30 runs of each simulation pass in order to smooth out the plot to

an acceptable degree.

5.4.2 Network Latency

The network latency is measured by using various distributions of approximate and
accurate data tested across a range of injection rates from 0.01 to 0.30. It is computed as
the average number of cycles needed for a packet to reach its destination once it has been
injected into the network while accounting for the distribution used. As well, the baseline

case of accurate only data is considered in this series of tests and is implemented as the
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network operating in Accurate Mode as opposed to using a separate implementation.

The results are plotted in Figure 5.5. It can be seen that the case of having only
approximate data being transmitted is functionally equivalent to the baseline case (one flit
per packet). For such traffic, virtual channel B remains vacant. As a result, the latency
penalty from having two flits is avoided. A ratio of 75% approximate data and 25% accurate
data would lead to an overall latency improvement, which is realized from the relative
increase in the injection rate. The best-case scenario is found to be when approximate
traffic accounts for two thirds of the total traffic. This distribution allows to evenly utilize
RELAX’s channels. For traffic involving less than 50% of approximate data, we observe
a significant increase in the latency due to contention in the injection. This issue can be

overcome by configuring RELAX to Accurate Mode.

300

200 |-

100 -

Weighted Latency (Cycles)

O | | | | |
0 0.05 0.10 0.15 0.20 0.25 0.30
Injection Rate (Packets Generated / 1000 Cycles)
— Baseline —> Acc 0%, Apx 100% —> Acc 10%, Apx 90%
Acc 33%, Apx 67% —> Acc 50%, Apx 50% Acc 67%, Apx 33%
—> Acc 75%, Apx 25%

Figure 5.5: Weighted latency across different injection rates.

5.4.3 Network Throughput

Throughput trends were computed by determining the number of packets that were
injected then received within a predetermined sample window from simulation cycle 1000 to

5000. This window was selected as it was found that the network was sufficiently saturated
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by analyzing the transmission transcript .csv files. Assuming a clock frequency of 100MHz,
the throughput is obtained by using the averaged count of packets received in the sample

window, divided by both the window size and frequency. The equation can be written as:

(Averaged) Packet Count

Th hput =
roughpu Sample Window Size x Frequency

(2)

Assuming a frequency of 100MHz, a sample window of 4000 cycles and a count of 1280.2,

the throughput can be calculated:

1280.2

2. 1 6 kets /s =
32.005 x 10° packets/sec 4000 x 100MHz

3)

The results are plotted in Figure 5.6. Out of the distributions plotted, the best case
scenario is when there is a 10% probability of accurate data (+6.6%) and the worst being
a 75% probability of accurate data (-23.5%). These results are due to the fact that an
approximate packet requires the transmission of one flit versus the two needed for accurate
data in the mixed mode, resulting in an additive latency penalty for accurate data in Mixed
Mode. Consequentially, the throughput is inversely affected by the additional latency. That
said, based on the results presented in Figure 5.5, it can be deduced that once accurate
packets account for more than 50% of the total network traffic, the network performs worse
than baseline. In these situations, it would be advantageous to operate the network in

Accurate Mode.

5.4.4 Suitable Use Cases

In order to leverage RELAX’s performance gains, workloads must be selected based on
the distribution of approximate and accurate data. We consider potential applications that
have highly capable approximate workloads to evaluate the efficacy of RELAX. First, a well
known pair of approximate benchmarks, ConvTex and DCT, are compared against RELAX.
These benchmarks are able to yield a distribution of over 85% normalized approximate traffic
[63].

Given a distribution of 67% approximate traffic along with an injection rate of 0.50,
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Figure 5.6: Throughput measurements when operating in the mixed data mode at a given
frequency of 100MHz.

RELAX would be able to yield a 44.2% latency improvement when compared to a baseline.
Latency improvements are only obtained when approximate traffic accounts for at least half
of total network traffic. These gains increase until approximate traffic accounts for 2/3 of
all traffic then taper back down until approximate traffic accounts for 100% of total traffic.
In this situation, there is no latency gain to be had.

Chen and Louri determined in [25], that the blackscholes,fft, inversek2j, jmeint, jpeg
and k-means benchmark applications of the AxBench benchmarking suite [26] yield 20% to
35% of global traffic as approximate and are considered to yield low volumes of approximate
traffic across the network. These synthetic benchmarks may not necessarily produce ideal

operating conditions to obtain the benefits that RELAX can provide.

5.4.5 System Level Simulations

While these tests do provide some characterization of network performance, executing
applications or benchmarks is not realized. The results presented in Figures 5.5 and 5.6
represent probabilistic distributions of network traffic in a continuous stream during an RTL

simulation. However, applications may have unique ebbs and flow in terms of computation
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resource utilization. As a result, the view provided is a narrow perspective. To enrich this
viewpoint, system level simulations may provide better optics in terms of how the proposed
NoC handles application workloads involving reduced precision floating point numbers.
Overall application speedups can be obtained and quantified rather than correlating network
traffic distributions with benchmarks. The applications of interest are blackscholes; fft;
inversek2j; jmeint; jpeg and k-means benchmarks of AxBench [26], along with discrete
cosine transform and ConvTex benchmarks [63].

To facilitate these simulations, the gemb simulator [82] would be an ideal candidate.
gemb is a well-established system level simulator that can execute binaries through Linux
emulation, reducing the time to produce viable simulation results. By being able to execute
these binaries, benchmarks such as AxBench can be ran at a minimal overhead cost. With
that said, executing system level simulations is by no means a trivial endeavour and would
be divided into three tasks.

The first task would be to modify gemb5 to support precision scaling. One open source
approximation fork of gemb of interest is gem5-approxilyzer [83]. gemb5-approxilyzer is a
profiling suite for approximate performance and injects bit flips to quantify and characterize
error resilience of applications. It does not provide any mechanisms for precision reduction
approximation. As a result, the CPU models of gem5 would need to be modified to add
this functionality.

Once the modifications to the CPU model have been performed, the compiler must be
modified to incorporate and support these changes. The llvi [84] backend would be used
to provide compilation duties as discussed in [67], where regions of interest are flagged to
designate sections in which the processor core executing the code may approximate data.
In these regions, the llvin compiler would use instructions created as part of the modified
gemb CPU models. As a result, benchmark code would need to be modified to indicate
these regions of interest. It is at this point as well, a framework such as OpenMP would be
needed to provide multithreading support for these benchmarks.

Lastly, the router and interconnects of the proposed NoC need to be implemented. In

this context, Garnet [85], the interconnection framework provided as part of gem5 would
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need to be extended to support RELAX. However, Garnet does not support variable band-
width allocation. As a result, there is a major limitation present which would require
substantial refactoring in order to support the bandwidth splitting action of RELAX before

implementing the network interface.

5.5 Closing Thoughts

In closing, RELAX can yield notable performance improvements if appropriate work-
loads and network dimensions are chosen. In terms of physical cost, the best case scenario
relative to the baseline is obtained with larger buffers and a large (virtual) channel width.
To optimize for latency, a workload with 33% accurate data would be ideal. Contextually,
the accurate data would be used for control and instructions while the approximate virtual

channel would be used for passing the data to be manipulated.
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Chapter 6

Conclusion and Future Works

6.1 Conclusion

In this thesis, we propose RELAX, a REconfigurabLe ApproXimate network on chip
with a focus on the ability to transmit accurate and approximate data concurrently while
facilitating resource sharing. At the core of RELAX is a mesh network topology with two
virtual channels per link. Links can be configured globally to either facilitate the trans-
mission of accurate data only using the entire available bandwidth, or split in two virtual
channels to allow for concurrent transmission of approximate and accurate data simultane-
ously. By leveraging virtual channels, RELAX can allocate the entire link depending on the
desired use case. It should be noted that RELAX itself does not perform any approximation
but rather serves as the transport layer for data approximated by precision scaling and/or
bit field reduction.

Previous works involving approximate networks on chip allow for data transmission
of both accurate/protected data and approximate data, there is typically some limitation
involving the transmission of both data types. In some cases, the network itself does not
allow the concurrent transmission of both accurate and approximate data on a link [61],
[62], [64]. With other designs, concurrent transmission of both types is possible, however
resource utilization is high, and as a result, power consumption is elevated due to having two

subnetworks operate [68] individually. This also implies that if the network is operating in
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such a manner that only accurate or protected data is being transmitted, a sizable amount
of the area and resources that are allocated for the design remain dormant and unused.
Through RTL simulations, it was determined that the operation of RELAX in Mixed
Mode can have a positive impact on the latency so long as approximate packets account for
more than 50% of network traffic. When operating in these conditions, the case scenario is
approximate traffic accounting for two thirds of the total traffic on the network. Throughput
benefits are maximized when the distribution of network traffic is 90% approximate. These
network performance benefits can be obtained with an average 44.4% increase in lookup
tables and a 44.8% increase in flip flops per tile when implemented on a Xilinx Virtex
Ultrascale+ FPGA. For a given virtual channel width of 128 bits, these performance benefits

can be realized with a 26.7% increase in power consumption.

6.2 Future Works

While RELAX produced promising results for network latency and throughput, these
results were obtained in a blind manner through cycle accurate RTL simulation. Further
profiling with more higher level simulations such as gem5 [82] with Garnet [85] or NOXIM
[86] could provide better guidance in terms of where RELAX could be used more effectively.
As well, having a RELAX implementation in gem5 with Garnet would allow direct profil-
ing of network performance when running standardized benchmarks such as AxBench [26]
without the need of matching latency and throughput trends to pre-established research.

As well, the power consumption estimates are certainly on the higher end of values due
to having RELAX being instantiated on an FPGA. By implementing the network tile on
an ASIC, major power consumption reductions can be achieved. Though omitted, static
power consumption would benefit the most from the migration to an ASIC due to having
to power configurable logic blocks.

Lastly, when selecting the operating mode of RELAX, the selection is global through-
out the whole network. There may be cases where having solely accurate data in some

portions of the network may prove to be beneficial, while other portions may require the
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use of approximate data. Regions that need solely accurate data would not be subjected
to the latency penalties when accurate traffic accounts for the majority, if not all, traffic
in Mixed Mode operation as shown in Figure 5.5. This functionality could be implemented
as a partially reconfigurable feature [87] and further extended by increasing the number of
available virtual channels along with how the bandwidth is distributed among them. With a
per-tile configuration, the number of use cases where RELAX can offer performance benefits

is enlarged while potentially reducing hotspots [88] [89] within the network.
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