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Abstract 

This paper studies the predictability of Google search volume index, CEO reputation, and firm 

reputation, on the stock performance of seasoned equity offering within a one-year period. The 

results have shown that the Google search volume indexes searched according to both firm name 

and firm ticker can significantly predict the stock performance in the first 3 months and the 

performance from the 8th month to one year. After classifying the search volume indexes by their 

magnitude, the predictability of the search volume index varies according to the index magnitude 

and the search content. Among the CEO reputation proxies, only CEO tenure shows significant 

but fragmented predictability. Among the three independent variables studied in this paper, firm 

reputation has the most protracted and significant predictability on the post-SEO performance. 
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1. Introduction 

Studies have confirmed the underperformance of initial price offerings (IPO) in the long run. 

(Ritter, 1991; Loughran et al., 1994; Loughran and Ritter, 1995) Ritter concludes that the 

overpricing of IPO is due to over-optimism of investors. Brav and Gompers (1997) argue that 

underperformance only happens to ‘non-venture backed' firms. Non-venture backed firms are 

more likely to be held by individual investors. In contrast to large corporations where analysts 

can provide rational advice, individual investors are easier affected by their sentiments. 

Therefore, the conclusion of Brav and Gompers (1997) reinforce the conclusion that the long-run 

underperformance of IPO comes from the irrationality of individual investors. Like IPO, 

ownership of stocks is also transferred to new investors during seasoned equity offerings (SEO). 

Spiess and Affleck-Graves (1995) find that SEOs also face underperformance as IPOs. The 

authors also show that levels of underperformance are different according to the features of the 

firms.   

Among the fact that SEO faces underperformance, a question can be derived: can we predict the 

long-run underperformance with models? 

According to the theory proposed by Kahneman (1973), people’s attention is a scare resource. 

Later studies prove the fact. Sims (2003) proves that investors have information-processing 

constraints. Gervais et al. (2001) observe that the trading volume of stock would change 

significantly one day or one week after the stock experiences extreme trading volume. The 

authors explain that the change in trading volume is caused by the change in visibility of the 

stock during the event. Therefore, investors would pay more attention to such stock. Hou et al. 

(2008) observe that, in the long run, high price momentum profits reverse whereas high earning 

momentum profits tend to persist. By constructing and studying portfolios of NYSE/ AMEX 

stocks, they find that high price momentum profits are positively correlated with high trading 

volume which draws attention to investors. Since investors have limited attention, they could 

usually pay their attention to high-volume stocks. Barber and Odean (2008) also test and confirm 

that individual investors are net buyers of attention since the investors, especially individual 

investors, could hardly search for information on thousands of stocks. Da. et al. (2011) confirm 

this effect by showing that the Internet search volume is significantly correlated with the stock 
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performance. These results highlight the importance of the inadequate attention of humans. 

Again, unlike large corporations with sufficient human resources and professional service such 

as Bloomberg, individual/ retail investors are unable to consider all the information from the 

market. Therefore, contrary to the traditional asset pricing model, the limitation of attention of 

individual investors should be carefully considered.  

Among the studies on attention, scholars have shown that the attention of investors is 

significantly correlated with market return. Chemmanur and Yan (2009) find that stock return is 

positively associated with the amount of advertisement during the advertising year and decreases 

after the year. Yuan (2011) studies the correlation between the appearance of events and market 

prices. He concludes that individual investors would reduce their stock holdings in reaction to 

significant events. As a result, the market return would decrease. Dimpfl and Jank (2016) study 

the volatility of Dow Jones and search queries for index names of firms and find similar patterns 

between the two terms. In order to measure and study attention, previous literature applied 

various proxies such as trading volume, extreme returns, events, headlines, and advertising 

expense (Gervais et al., 2001; Hou et al., 2008; Barber and Odean, 2008; Chemmanur and Yan, 

2009). However, Da et al. (2011) disagree with using1 the mentioned proxies since they are 

lagged and indirect measures and cannot guarantee that investors are actually aware of the 

information. In order to develop a proxy that can measure the attention directly, Da et al. (2011) 

apply the internet searching volume as a measure of the attention of investors. Each search would 

only appear if an investor actually makes one.   

 

2. Theoretical Background 

In order to measure the attention of investors, a typical proxy used is ‘Google Trends’ [1]. 

‘Google Trends’ is a website developed by Google to reveal the frequency of the search volume 

of a certain search-term relative to the total search volume on Google with classifications e.g. 

regions and languages. The webpage provides this frequency of internet search on Google, or 

Search Volume Index (SVI), since January 2004. As of April 2018, Google search composes 

                                                           
1[1] https://trends.google.com/trends 
[2] https://www.statista.com/statistics/267161/market-share-of-search-engines-in-the-united-states/ 
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63.5% of search queries in the U.S. [2] Mondria et al. (2010) first introduce this proxy in the 

field of finance to study international investment in 2010. Da et al. (2011) compare the 

correlation between SVI and other proxies for attention. The result shows that SVI, in one week, 

leads the extreme returns, turnover and news/events with a significant correlation. In order to test 

whether SVI is driven by any available proxies, the authors also consider the investor sentiment 

and expectation and find no significant correlation. Results show that the predictability of SVI on 

stock returns are significant. Bank et al. (2011) show that the German stock market would 

experience temporarily increase in price when the search volume on Google increases. Dimpfl 

and Jank (2016) show that search queries can be used to improve volatility-forecast of the stock 

market. Da et al. (2011) show that SVI is able to predict both of the two established facts of IPO, 

large first-day returns and long-run underperformance.  Takeda and Wakao (2014) also confirm 

the capability of prediction in the Japanese market. The results show that SVI is a reliable proxy 

of attention. 

Nonetheless, these scholars above have not considered the reputation of the CEO as a proxy for 

the performance. Traditional scholars have highlighted the importance of firm reputation. 

(Milgrom and Roberts, 1986; Fombrun and Shanley, 1990) Weng and Chen (2017) summarise 

from the studies of Francis et al. (2008) and Cao et al. (2015) that reputation is an important 

factor that affects the value and the cost of equity of a firm. Weng and Chen (2017) first raise the 

idea of comparing the importance of the reputation of the CEO and the reputation of the firm. By 

applying the industry-adjusted ROA (IAROA), the authors prove that the CEO reputation more 

significantly affects the performance of a firm. They conclude that a company can perform well 

with a good-reputation CEO and a bad-reputation firm, but not vice versa. Therefore, this paper 

will add this new factor as a control variable in the study. 

The seasoned equity offering (SEO) is offered by already publicly traded companies. Since the 

publicly traded company has appeared in the market for a period, Investors would usually be 

expected to have more information about the company. However, scholars two decades ago have 

shown that underperformance follows firms completing SEOs. (Loughran and Ritter, 1995; 

Spiess and Affleck-Graves, 1995) Gombola et al. (1999) and Clarke et al. (2001) provide 

evidence to suggest that insiders attempt to sell overpriced SEOs. Clarke et al. (2001) also point 

out that the SEO market is an inefficient market. Therefore, we could expect that the irrational 
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individual investors trading during the SEO as they are during the IPO. Therefore, the purpose of 

this study would be to test whether the SVI could predict the performance during the SEO event 

and after the SEO event.  

Overall, my first hypothesis is that the information proxies have a significant relation with the 

abnormal return of the firms during and after the event week. Underperformance in stock return 

after the IPO date has been proven by many scholars. Loughran and Ritter (1995) and Spiess and 

Affleck-Graves (1995) argue that the underperformance in stock return also appears after issuing 

SEO. The optimistic expectation of investors is regarded as an important reason for the 

underperformance afterwards. Therefore, my second hypothesis is that firms with less attention 

from investors should experience less underperformance and the predictability of the information 

proxies should be weaker for the stock with less search volume.   

 

3. Data and Sample Construction 

The secondary equity offering events are collected from the Securities Data Company (SDC) 

Platinum between 1 January 2004 and 31 December 2014. The offerings are restricted in the 

United States offered to publicly trading companies. Following the criteria applied by Hu (2012) 

to study the SEO market: (1) all the firms are presented in both the databases Compustat and 

Center for Research in Security Prices (CRSP) within the time period; (2) all of the utilities or 

financial firms are removed (Firms with SIC codes from 4900 to 4999 and codes from 6000 to 

6999); (3) each firm has a minimum total asset of 1 million dollars. If a company holds more 

than one SEO in the same fiscal year, only the first event is retained.  Under the criteria (2) and 

(3), I got 716 observations within the 10 years. Due to the fact that many of the large companies 

do not issue a secondary offering. 59 companies are not listed in either CRSP or Compustat. 

Many companies also conduct multiple SEO's within a single year. Furthermore, since Google 

Correlate would not provide the indexes with extreme or special patterns, I also remove the 

observations which do not have an output of either the name or the ticker. After filtering the 

sample under criteria (1), the multiple SEO restrictions, and the Google Correlate output 

restriction, the sample is left with 357 observations. 
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3.1 Firm Characteristics 

The firm characteristics are used as a control variable in this study. Data about the firm is 

collected from the Compustat database: 

(1) Firm Age: number of years from the IPO date to the date of the issuance. Some 

information is also collected from Bloomberg and BoardEX. 

 

(2) Firm Size: the logarithm of the total asset of the firm. 

Firm Size = LN (Total Asset) 

 

(3) Debt Ratio: 

Debt Ratio = 𝑇𝑜𝑡𝑎𝑙 𝐷𝑒𝑏𝑡

𝑇𝑜𝑡𝑎𝑙 𝐴𝑠𝑠𝑒𝑡
 × 100% 

 

(4) Market-to-Book Ratio (MB): 

MB = 𝑇𝑜𝑡𝑎𝑙 𝑀𝑎𝑟𝑘𝑒𝑡 𝑉𝑎𝑙𝑢𝑒

𝑇𝑜𝑡𝑎𝑙 𝐸𝑞𝑢𝑖𝑡𝑦
 

 

 

3.2 Search Queries 

I use the search volume index of Google Correlate as the proxy of attention of the public for the 

study. In 2016, Google Trends changed the method of calculating the search volume index. The 

new search volume index is expressed as an integer between 0 and 100. Furthermore, Google 

Trends no longer provides weekly data. As an alternative method, Bank et al. (2011) use the 

search volume index from Google Insight as the proxy of attention of the Internet. Instead of 

showing in absolute terms, the index of Google Insight provides the index as a value normalized 

between 0 and 100 relative to the total number of searches on Google and then normalized 

between 0 and 100. Therefore, in that case, the authors would only be able to study the variation 

within each firm.  
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The search volume index of Google Correlate is the standard deviation of the search volume 

away from the mean. Each time series is normalized so that its mean is 0.0 and its standard 

deviation is 1.0. Since Google has restricted the absolute value of the search volume, the Google 

Correlate volume could be the best choice left. The index of Google Correlate has several 

advantages. First, the Google Correlate index is in 3 decimal places. The new Google Trends 

index provides only an integer such as 80 between 0 and 100. Since all the decimal places are 

removed, we could hardly expect an accurate result. Google ceased to run Google Insight in 

2016. Therefore, Google Correlate is the only Google search volume index with exact values 

left. Second, the index provides weekly data. The result of Da et al. (2011) has shown that the 

search volume predicts the stock market significantly in one week at earliest. The monthly data 

provided by Google Trends may not capture the predictability. Finally, the indexes of Google 

Correlate are more suitable to compare between each other than the new Google Trends indexes. 

The Google Correlate indexes are calculated to compare between each other. On the other hand, 

the new Google Trends indexes, like the Google Insight index, can only compare within a firm. 

For this paper, I collected the Google Correlate indexes with respect to each firm’s name and 

ticker. Da et al. (2011) suggest that the index for the respective ticker is the most suitable proxy. 

They argue that people could search for the names of the companies in order to learn about their 

products instead of their shares. During the process of collecting name data, I also found that 

some firm names may lead to ambiguity. For example, ‘DirectTV Group Inc.’ is an American 

broadcast satellite service provider. Its customers could also search for information about the 

service. We could add the term ‘Group’ in order to reduce the ambiguity. However, investors 

may not keep the ‘Group’ term. However, the results of Bank et al. (2011) show that the index 

for firm names can also show a significant relationship with the share prices. Therefore, both of 

the indexes are collected and studied. The indexes are collected for the firm name and firm ticker 

during the date of the secondary equity offering. In order to further study the effect of the search 

volume on the stock market before the event and the change in the search volume, the index one 

week before the respective date of issuance is also collected. To collect the firm-name index, I 

follow Bank et al. (2011): in order to obtain the search volume of the common keywords, the 

terms of identification such as ‘inc’, ‘Co’ at the end of each firm’s name are excluded. Some 

tickers are single letters or meaningful words. Noisy tickers such as ‘G', ‘SEE', ‘IT' or ‘AMIS' 

exist within the ticker sample. Da et al. (2011) report that noisy tickers hardly changes the result. 
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However, to avoid irrelevance, another regression will be run excluding the noisy tickers. Firm 

tickers often change. I use tickers which the firms use during their event periods. Finally, the 

region of the keywords is restricted to the United States. After plotting the mean of the SVI 

around the event week, we can observe a trend of increase in the mean SVI before the event 

week and a sharp decrease in the mean SVI afterwards.  

 

 
Da et al. (2011) use the abnormal SVI (ASVI) as the independent variable. The ASVI is 

calculated as the logarithm of the SVI in the current week minus the median of the logarithm of 

the SVI during the eight consequent weeks before the current week. However, since the Google 
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Correlate SVI is already scaled, the maximum SVI in the sample is 7.11 and the minimum SVI 

in the sample is -2.327, I skip the logarithm calculation. The SVI record starts from January 2004 

and some SEO events in the sample were raised in the first quarter of 2004. Therefore, in order 

to keep the SEO events without a record eight weeks before the event week, the abnormal return 

is studied with seven weeks as the benchmark. The ASVI used in this paper is the SVI in the 

current week minus the median of the SVI of the eight consequent weeks. 

 

 

3.3 Corporate Reputation 

The proxy used for the corporate reputation is the dummy variable of Fortune's America's Most 

Admired List. The score of America's Most Admired List has been used widely by scholars to 

proxy for company reputation. (Fombrun and Shanley, 1990; Roberts and Dowling, 2002; Cao et 

al., 2015) The score is between 0 and 1 decided according to 8 attributes: innovation, employee 

talent, use of corporate assets, social responsibility, financial soundness, quality of management, 

quality of products/services, and long-term investment. However, most of the companies in my 

sample are relatively small firms, and firms usually issue secondary offerings when the firms are 

facing difficulty in running. About only 1 in 10 firms are included in the list within each year. 

Therefore, I created a dummy variable which equals 1 if the company is listed and equals 0 

otherwise.   

 

 

3.4 CEO Reputation 

Proxies for the CEO reputation are complex. The widely used proxies are: (1) CEO tenure, (2) 

the number of articles related to the CEO, and (3) CEO was appointed from outside of the firm. 

(Milbourn, 2003; Borghesi et al., 2014; Wen and Chen, 2017) CEO tenure is the number of years 

that the CEO stays within the company. Milbourn (2003) argues that a longer CEO tenure 

implies that the board tends to keep the CEO within the firm. The tendency would be 
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strengthened if the CEO was appointed by boards outside the company. The number of articles 

of the CEO also shows how reputable the CEO is. 

Due to the sizes of the firms in the sample, many of the CEO are not listed in the Compustat 

Execucomp database. I collected information about the CEO from BoardEX and Bloomberg to 

fill the missing information in Compustat Execucomp. CEO tenure is calculated as the number of 

years from the date that the CEO joined the firm and the date of issuance including months. The 

number of articles of a CEO is the number of articles from Factiva database 5 years before the 

fiscal year. The database used is Factiva, from Dow Jones. The database has been used by many 

scholars to study CEO reputation. (Jian and Lee, 2011; Borghesi et al., 2014) In my sample, the 

number of articles for some CEO’s is over 10000. The number for the others is fewer than 10 or 

even nil. To control the scale, I use the logarithm of the number of articles in this paper plus 1. 

CEO appointed by boards outside the company is shown by a dummy variable which equals to 1 

if the CEO was appointed and equals to 0 otherwise. 

 

 

3.5 Abnormal Return 

The abnormal return studied in this paper is the buy-and-hold abnormal return (BHAR). By 

studying American and New York Stock Exchange (AMEX and NYSE) stocks, Loughran and 

Ritter (1996) have proved that, compared to buy-and-hold abnormal return, use of cumulative 

abnormal return (CAR) on relatively low-price stocks is affected by bid-ask spread bias. Since I 

will study the performance of the stocks in a period of one year, studying long-term stock market 

performance with CAR would be less accurate. Follow the benchmark for ASVI, I use a 7-week 

benchmark for the event study. 

In order to avoid collinearity, I choose only one of the three CEO reputation proxies as the CEO 

reputation parameter. According to the correlation matrix, the ‘number of articles’ proxy has the 

most significant correlation with the abnormal return.  
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Table 1 

Summary Statistics of the Parameters. 

This table shows descriptive statistics of the variables in the sample between 1 January 2004 and 

31 December 2014. The mean, the standard deviation (S.D.), skewness, kurtosis, the minimum 

and the maximum value of each parameter are shown in the table.  

 

Table 2 

Correlation Matrix of the Parameters. 

This table shows the correlation matrix of the variables in the sample between 1 January 2004 

and 31 December 2014. The coefficients are calculated by the Pearson correlation coefficient. 

(Prob. > |r| under H0: Rho=0) 
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Table 3 

Number of Observations by Fiscal Year 

This table shows the number of firms by each fiscal year from January 2004 to December 2014. 

By the criteria previously implied, the sample keeps one SEO event for each firm within each 

fiscal year. The table also shows the mean, median and standard deviation of the abnormal return 

during the event week by the respective fiscal year. 
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Table 4 

Number of Observations by Fama-French 12 Industries 

This table shows the number of firms by Fama-French 12 Industries classification from January 

2004 to December 2014. The table also shows the mean, median and standard deviation of the 

abnormal return during the event week by the respective Fama-French 12 Industry. 

 

 

 

4. Methodology 

The main purpose of the paper is to study the effect of information on the secondary equity 

offering market. To study both the Internet search volume and the reputation, I run a panel 

regression controlling the time effect with a year dummy. 

ARt = α + β1Ticker SVIt + β2Ticker ASVIt + β3Name SVIt + β4Name ASVIt + β5Tenuret + 

β6Articlest-1 + β7Outsidert + β8Firm Aget-1 + β9Firm Sizet-1 + β10Debt Ratiot-1 + β11MBt-1 + 

β12Most Admired Listt + Year Dummy + Industry Effect Dummy + ԑi 

 

ARt is the buy-and-hold abnormal return (BHAR) of the company’s stock at time t. By studying 

American and New York Stock Exchange (AMEX and NYSE) stocks, Loughran and Ritter 



13 

 

(1996) have proved that, compared to buy-and-hold abnormal return, use of cumulative abnormal 

return (CAR) on relatively low-price stocks is affected by bid-ask spread bias. Therefore, 

studying long-term stock market performance with CAR would be less accurate. The BHAR is 

calculated as: 

BHARt = (1 + Rt-1) (1 + Rt-2) (1 + Rt-3) (1 + Rt-4) … (1+Rn) – (1 + Rmt-1) (1 + Rmt-2) (1 + Rmt-3) (1 

+ Rmt-4) … (1+Rmn) 

 

Where t is the time for each panel, Rt is the hold-period return of the stock of the firm at time t, 

and Rn is the hold-period return at the week of the SEO event. Rmt is the value-weighted market 

return at time t, and Rmn is the value-weighted market return at the week of the event. Ticker 

SVIt is the SVI of ticker in week t. Ticker ASVIt is the ASVI of the ticker in week t. Name SVIt 

is the SVI of the firm name in week t. Name ASVIt is the ASVI of the firm name in week t. Da et 

al. (2011) have shown that increases in SVI can predict increases in stock returns 2 weeks after 

the respective IPO’s. The authors also find reverse in the change in returns from weeks 5 to 52 

after the IPO week. Following the result, I run a panel regression to study the predictability of 

SVI on the abnormal return of stocks within different weeks. For a study expanding along a 10-

year period, the time fixed effect is necessary to be controlled. In theory, the OLS standard errors 

would underestimate the true standard errors. Therefore, a year dummy is added in the regression 

to control the time effect. For each year, the respective year dummy equals 1 if the event happens 

in the year and equals 0 otherwise. On the other hand, since most of the firms in the sample are 

not duplicated, and the SEO events of the same company only appear once in a fiscal year, the 

firm effect is regarded negligible in the sample. In order to study the predictability of the SVI 

and the reputation, I run a panel regression during the week, and one week, two weeks, three 

weeks, four weeks, five weeks, six weeks, seven weeks, eight weeks, 26 weeks, and 52 weeks 

after the event.  
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6. Event Study of SEO 

 

Mean Buy-and-Hold Return of SEO from January 2004 to December 2014 

 

Setting a benchmark of 7 weeks, the graph shows that, before the event, the BHAR keeps 

increasing and reaches its maximum in the third week before the event week. The BHAR 

decreases until the event week. The stocks afterwards have a long-term trend of increase. The 

result is unexpected. The result could be due to the limited information provided for small 
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companies. Previous studies have shown long-term underperformance for stock returns after 

SEO events due to investors’ optimistic expectations. (Loughran and Ritter, 1995; Spiess and 

Affleck-Graves, 1995) Therefore, I classify the sample into two parts with regard to the ASVI. 

Low-ASVI stocks are stocks with ASVI smaller than the median of the ASVI. High-ASVI stocks 

are stocks with ASVI larger than the median ASVI. 

 

 

After plotting the two groups of BHAR, the result hardly changes. Brous et al. (2001) test the 

optimistic expectation hypothesis and report that investors do not receive unfavourable 

information within their event window. The authors also report that even large and famous 

companies do not face significant earnings announcement effects. Jeanneret (2005) also reports 
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that firms issuing SEO for only capital structure changing purpose do not experience long-term 

underperformance.  The result confirms the conclusion of Brous et al. (2001) and Jeanneret 

(2005). The next question is whether the Google queries, and firm and CEO reputation 

information can capture the trend. 

 

7. Empirical Result 1: Correlation during the SEO Week 

I run a pooled regression of the BHAR of the week on the information variables. The result 

shows that both the Name ASVI and ticker ASVI have a significant relationship with the BHAR 

of the stock during the event week. The result confirms what Dimpfl and Jank (2016) have 

claimed that Name ASVI also has significant correlation the stock return. America's Most 

Admired List shows a significantly positive relationship with the BHAR. This result is confirmed 

by the trend of the BHAR of high-ASVI stocks that no long-term reverse is shown. On the other 

hand, none of the three CEO reputation proxies show any significance. Although Weng and 

Chen (2017) have reported that good CEO reputation should exert more affection than good firm 

reputation on firm performance, my sample does not include a dummy for telling good or bad 

companies. In this case, I infer that, for the number of articles, mixed information of CEO 

reputation may not significantly predict the performance of a firm.  

Da et al. (2010) have also shown that adding back the noisy-ticker observations would not affect 

the result. In this case, I removed a total of 27 observations due to noisy readings of the tickers. 

After adding back the tickers with names such as ‘G’ and ‘SEE’, I get a total of 386 

observations. From the result of the new regression, the significance of the two search volume 

proxies is hardly affected. This finding confirms the conclusion of Da et al. (2010). The power of 

explanation slightly weakens for the firm reputation proxy from 5% to 10% significance. The 

‘Number of Articles’ proxy for CEO reputation shows a 10% significance with the BHAR. This 

result could be due to the noisy information included in the sample. Therefore, although the 

noisy-ticker observations do not affect the conclusion of Dimpfl and Jank (2016), I remove the 

observations from the sample to avoid irrelevance. 
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Table 5 

Information Proxies and First-Week Return of SEO 

This table reports the results from the regression of the abnormal return on the information 

proxies. The dependent variable is BHAR of the stock in the first week of the SEO. The three 

columns study the regression with the three CEO reputation proxies. 
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Table 6 

Information Proxies and First-Week Return of SEO 

This table reports the results from the regression of the abnormal return on the information 

proxies using a sample with the noisy-ticker observations added back. 27 observations are added 

back into the sample with a total of 386 observations. The dependent variable is BHAR of the 

stock in the first week of the SEO. The three columns study the regression with the three CEO 

reputation proxies. 
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Following Da et al. (2011), I then regress the BHAR of stocks from the first to the eighth week 

after the event week on the information variables to test the predictability. As time moves, the 

significance of the intercept weakens, and the abnormal return is explained increasingly by the 

information proxies. Both of the two ASVI show a significant relationship with the abnormal 

return from the one week after the event week to the eight weeks afterwards. CEO reputation 

proxies do not show significant correlations except for ‘Number of Articles' which shows a 10% 

significance for the first two weeks with the Name ASVI'. My explanation is that the CEO 

reputation originally should exert some significance. However, since the CEO reputation does 

not tell whether the information is positive or negative, the effects of CEO reputation is offset. 

The result suggests that confirming the attribute of information is important for financial studies. 

The Most Admired List Dummy is constantly significant. This result reinforces my conclusion 

that positive information is an important estimator of abnormal return. Overall, the results show 

that the predictability of ASVI and firm reputation keeps being significant in the first eight 

weeks. 
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Table 7 

Information Proxies and First-Eight-Week Abnormal Returns of SEO 

This table reports the results from the regression of the abnormal return on the information 

proxies for the first eight weeks after the event week. Each regression tests the predictability of 

each of the ASVI with each of the CEO reputation proxies.  
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8. Empirical Result 2: Outliers and Heterogeneity 

In order to ensure the correctness of the results, I test whether outliers and heterogeneity exist 

within the sample. The descriptive summary has shown that the skewness and kurtosis of most of 

the variables are out of the standard criteria. The outliers are detected with Studentized Residual 

and Cook’s D. I test the heterogeneity with White’s Test and Breusch-Pagan Test.  

 

8.1 Outliers 

From the result of Studentized Residuals, 6 observations are out of the criteria. Among the 6 

observations, the greatest absolute value of studentized residual (254th observation in this case) is 

-4.522 with the criteria being: 

|Studentized Residual| ≥ 3, Prob. ≤ 0.0026 

On the other hand, 26 observations are detected as outliers by Cook’s D. The greatest Cook’s D 

(357th observation in this case) is 0.313 with the criteria being: 

Cook’s D ≥ 4 / n = 0.011 

After removing the 26 observations, outliers, including all of the observations in the year 2008, 

are deleted from the sample. I prepare two samples deleting all of the outliers detected by each of 
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the two criteria. Table 8 shows that the result is hardly affected. CEO tenure shows a 10% level 

of significance. Another finding is that after removing the observations in the year 2008, the year 

effect ceases to exist. In order to control the 2008 financial crisis effect, I add a dummy for the 

2008 financial crisis in the sample. Since the variables keep their levels of significance. I study 

with the original sample with the financial crisis dummy. The results with Name ASVI in the 

regression are also the same except that CEO tenure shows a 5% level of significance.  

 

Table 8 

Regression of Abnormal Return on Information Proxies after Deleting Outliers 

This table reports the results from the regression of the abnormal return on the information 

proxies with samples deleting outliers detected by studentized residuals and Cook's D. The 

results are hardly changed.  
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8.2 Heterogeneity  

After testing the regression with White’s Test and Breusch-Pagan Test, each of the tests shows a 

1% significance. The results indicate that heterogeneity exists in the regression. Therefore, I test 

the predictability of the information proxies above with heteroskedastic robust standard errors in 

later regressions. 

 

9. Empirical Result 3: Predictability of Information Proxies with Lags 

The next question is when ASVI and the firm reputation would stop showing significance with 

the abnormal return. I run several regressions of the abnormal returns of later weeks from week 9 

to week 52. After testing with heteroskedastic robust standard errors, my main variables do not 

change in the level of significance whereas some levels of significance of the control variables 

have changed. I record the results below. 
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9.1 Regression with Ticker ASVI as the Independent Variable 

In the twelfth week after the event week, both the ASVI and Most Admired List Dummy stop 

showing significance. The Most Admired List Dummy begins showing significance after 

studying with heteroskedastic robust standard errors. The Most Admired List Dummy continues 

showing a 1% level of significance. In week 22, the CEO tenure shows a 10% level of 

significance. In week 32, CEO tenure shows a 5% level of significance. In week 33, the 

significance of the Most Admired List Dummy weakens and becomes at 5% level. In week 35, 

the significance of the Most Admired List Dummy rises back to 1% level. In week 40, the 

ASVI’s show 10% level of significance. In week 49, the significance of ASVI’s increase to 5% 

levels. In week 50, the significance of ASVI’s decrease to 10% levels. 

Overall, the result shows several trends. First, the firm reputation has the most significant and 

permanent effect on the abnormal return of a company after an SEO event. This result confirms 

the conclusions of many scholars. (Milgrom and Roberts, 1986; Fombrun and Shanley, 1990) 

Second, the search volumes stop showing significant correlation with the abnormal return from 

the 12th week to the 39th week after the event week of SEO. This discovery is new since Da et al. 

(2011) only study the composed Russell 3000 Stock Returns from week 5 to week 52 in one 

regression. However, the phenomena could be similarly explained by the long-term reverse in 

stock return. The long-term change is not necessarily reverse but a positive increase. The result 

could be due to the fact that investors have already learnt about the companies through the 

Internet, news and journals. This hypothesis is tested in a later next step. 

The Most Admired List Dummy constantly shows significance with the abnormal return. The 

results again confirm that positive firm reputation has a constant positive effect on the stock 

return. The CEO tenure on abnormal return starts showing a 10% level of significance about 5 

months (21 weeks) after the event week and starts showing a 5% level of significance 8 months 

(32 weeks) after the event week. The CEO tenure increases in significance with the abnormal 

return along the time period. This result confirms the conclusion of Weng and Chen (2017) that 

CEO reputation is also an important detector of firm performance. In contrast to the number of 

articles which cannot tell whether the information positive or negative, longer CEO tenure 

usually indicate better CEO reputation and vice versa. (However, longer CEO tenure may also 

mean that a CEO has more chances to produce bad news. I ignore this possibility in this paper.) 
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The information for whether a CEO is appointed outside the working firm should also show 

positive information. However, the results do not show any significance in the CEO Outside 

Dummy. I infer that the information is hard for investors to reach. Since only a limited number 

of firms would issue SEO and many of the companies are relatively small, investors cannot 

gather the information. Da et al. (2011) argue that information on journals and newspapers would 

be meaningless if investors do not read them. The same problem could appear in this case. Jian 

and Lee (2011) report that ‘CEO outsiders’ do matter for capital investments. However, their 

study focuses on more popular capital investments. Performance affected by popular capital 

investments may not face the same problem as a secondary equity offering would do.  

 

 

Table 9 

Regression of Abnormal Return on Ticker ASVI in Certain Weeks 

This table reports the results from the regression of the abnormal return on Ticker ASVI and 

other information proxies in the weeks which levels of significance change. In week 12, Ticker 

ASVI ceases to show significance. In week 22, CEO tenure becomes significant with the 

abnormal return. In week 32, the significance of CEO tenure rises to a 5% level. In week 40, 

Ticker ASVI reappears to show significance and the level of significance becomes 5% in week 

49. 
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9.2 Regression with Name ASVI as the Independent Variable 

The significance of Name ASVI performs differently from Ticker ASVI does. In week 12, Name 

ASVI still shows a 10% level of significance. The predictability ceases to be significant in week 

13. In week 22, CEO reputation starts showing a 10% level of significance. The Name ASVI 

shows a 10% level of significance in several of the weeks from week 25 to week 36. The 

significance of CEO reputation rises to 5% in week 25. After the 39th week after the event week, 

the significance of the CEO tenure wavers around 1% and 5% level. The significance of Name 

ASVI is at 5% level in week 49. 

The results show that Name ASVI has a more consistent effect on the abnormal return than 

Ticker ASVI does. Although Da et al. (2011) claim that measuring the search volume of tickers 

would be more accurate since people may search for names of companies in order to learn about 

their products and service instead of their stocks. However, results of Dimpfl and Jank (2016) 

and mine show that investors actually search for names of companies. Furthermore, names could 

be easier for investors to search more often on the Internet, especially on search engines such as 

Google. Therefore, the effect of Name ASVI exerts a longer period of the effect on the abnormal 

return.  

Overall, results from this section have shown that the effect of ASVI continues being significant 

for about 3 months and after the 10th month after the event week. The effect could be explained 

by the long-term effect. The positive correlation could be explained by the possibility that: the 

more a company is searched, the better it is understood by the investors and less optimistic 

expectation would exist. CEO tenure starts showing significance with the abnormal return about 

5 months after the event week. The short-run performance of IPO or SEO is relatively 

complicated. Previous studies usually focus on the relationship between reputation and post-IPO 

performance. (Carter et al., 1998; Krishnan et al., 2011) On the other hand, studies hardly report 

any predictability of CEO reputation on stock performance in the short term. However, the 

results of Da et al. (2011) and mine have shown that the search-query proxies have significant 

predictability of the stock return in the short run. My results also show that the firm reputation 

constantly shows a 1% or 5% level of significance within one year after the event week. Since 

the number of articles about a CEO does not tell whether the information is positive and 

negative, the predictability of the information is mixed. 
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Table 10 

Regression of Abnormal Return on Name ASVI in Certain Weeks 

This table reports the results from the regression of the abnormal return on Name ASVI and 

other information proxies in the weeks which levels of significance change. In week 13, Name 

ASVI ceases to show significance. In week 22, CEO tenure becomes significant with the 

abnormal return. In week 25, the significance of CEO tenure rises to a 5% level. In week 36, 

Name ASVI reappears to show significance and the level of significance becomes 5% in week 

49. 
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10. Empirical Result 4: Performance of High-ASVI and Low-ASVI Firms 

Scholars have contradicting views on the optimistic expectation of investors on stock 

performance after SEO events. Loughran and Ritter (1995) and Spiess and Affleck-Graves 

(1995) argue that investors are optimistic, and therefore, stock returns will experience long-term 

underperformance after SEO. Brous et al. (2001) report that stock returns do not experience such 

underperformance in reality. Jeanneret (2005) and Denis and Sarin (2001) also show that the 

underperformance would only appear for certain companies. According to Brous et al. (2001), 

firms in a hot market should be affected severely because of the information in theory. 

Therefore, I study whether the information proxies will show different predictabilities for firms 

with high and low search volumes. 

Table 11 

Regression of Abnormal Return on Information Proxies with High and Low ASVI 

This table reports the results from two regressions of the abnormal return on Ticker ASVI and 

other information proxies with a high-ASVI sample and a low-ASVI sample. The results show 

that the Ticker ASVI in the high-ASVI sample is more significant in predicting the performance 

of the abnormal return. 
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10.1 Ticker ASVI 

I first classify the sample into high and low ASVI parts according to the magnitude of Ticker 

ASVI. Observations with Ticker ASVI larger than the median is classified into the high-ASVI 

sample and the rest observations are put in the low-ASVI sample. The results in Table 11 show 

that the classification makes a significant difference in the predictability of abnormal return. The 

Ticker ASVI in the high-ASVI sample shows a 1% level significance. On the other side, Ticker 

ASVI in the low-ASVI sample hardly shows any significance. The Most Admired List Dummy 

experience the same change. However, CEO tenure shows a 10% level of significance. The 

result confirms a part of my second hypothesis that predictability of the information proxies 

should be weaker for the stock with less search volume. 

The next question is when the significance of the proxies would change after the event week. 

After regressing abnormal return in each week on the information proxies, the significance of 

Ticker ASVI becomes weak in week 17. In week 21, the Ticker ASVI stops showing 

significance anymore. With the high-ASVI sample, the CEO tenure never shows any level of 

significance along the weeks. The Most Admired List Dummy shows significance throughout the 

period. 

In the beginning, the significance is the same as it is with the full sample. However, the 

significance of the independent variables moves differently after Ticker ASVI stopping showing 

significance. My interpretation is that firms with less attention from investors should experience 

less underperformance, a part of my second hypothesis.  

The result is different for the low-ASVI sample. The significance of CEO tenure disappears 2 

weeks after the event week. The firm reputation shows weak significance in week 5, week 7, and 

week 8. CEO tenure shows a 10% level of significance in week 7, week 11, week 13 and week 

16. After week 16, the significance of CEO tenure keeps at 10% level until week 23. From week 

23, the significance of CEO tenure becomes increasingly significant. The Most Admired List 

Dummy has a 10% level of significance in week 5, 7, and 8. Neither number of articles of the 

CEO’s nor dummy for CEO appointed outside the firm shows any significance. 
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Table 12 

Regression of the High-ASVI sample in Certain Weeks 

This table reports the results from the regression of abnormal return on information proxies with 

the high-ASVI sample. From week 17 to week 20, the significance of Ticker ASVI changes 

between a 10% level and no significance. From week 21 to week 52, Ticker ASVI no longer 

shows significance. 

 

 

Table 13 

Regression of the Low-ASVI sample in Certain Weeks 

This table reports the results from the regression of abnormal return on information proxies with 

the low-ASVI sample. The table only displays the weeks in which the significance of the 

information proxies has changes in the level of significance. 
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The result that the low search volume proxy has little predictability on the stock performance is 

obvious since only a few investors have really searched for the information. The result also tells 

us that the firm reputation neither has significant predictability on stock performance, showing 

that most of the firms with little search volume are not listed on America's Most Admired List in 

the respective year. Only CEO tenure shows a high level of significance about 5 months (22 

weeks) after the SEO event. The results show that low-volume information proxies can hardly 

predict trends of stock performance in short terms after SEO event. The attention of investors are 

connected to stock performance only after the 38th week after SEO event, and the best predicting 

factor is CEO tenure. 

 

10.2 Name ASVI 

I then classify the sample into high and low ASVI sample according to the magnitude of the 

Name ASVI. The results show different levels of significance in CEO and firm reputation. 

Performance of firms with high ASVI is not significantly correlated with the respective firm 

reputation.  
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Table 14 

Regression of Abnormal Return on Information Proxies with High and Low ASVI 

This table reports the results from two regressions of the abnormal return on Name ASVI and 

other information proxies with a high-ASVI sample and a low-ASVI sample. The results show 

different levels of significance in CEO and firm reputation. 

 

 

 

Regressions of the high-Name-ASVI sample from week 1 to week 52 show that the significance 

of the ASVI decreases sharply about 3 months after the SEO event. CEO tenure becomes 

insignificant with the abnormal return after about one month after the SEO event and the Most 

Admired List Dummy is insignificant throughout the year. Regressions of the low-Name-ASVI, 

on the other hand, show that the low Name ASVI merely shows significance. CEO tenure shows 

a 10% level of significance from week 17. The Most Admired List Dummy becomes 

insignificant in week 13 and reappears being significant in week 37. 
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Table 15 

Regression of the High-ASVI sample in Certain Weeks 

This table reports the results from the regression of abnormal return on information proxies with 

the high-ASVI sample according to Name ASVI. From week 12, the significance of Name ASVI 

reduces to an insignificant level. From week 3, CEO tenure becomes insignificant with the 

abnormal return. 

 

 

After a period of about 3 months, both the Ticker and Name ASVI lose their significance in 

predicting the stock performance. Under the classification according to the high and low search 

index, only low-volume ASVI becomes relevant with the abnormal return after the starting 

period, the first 4 months. Therefore, the results show that ASVI can reliably predict the 

abnormal return during, and 4 months after the SEO event. On the other hand, the significance in 

low-volume ASVI shows that firms with low search volume during the SEO week would have 
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their performance affected after 8 months. The positive correlation shows that, under low-ASVI 

firms, the more the search volume, the better the firm performance will be in long terms.  

The predictabilities of CEO reputation and firm reputation under the classification of Ticker and 

Name ASVI are different. This result shows that Ticker ASVI and Name ASVI have different in 

magnitude for each firm. The difference could come from the possibility that people who search 

for names of the companies may only want to learn about their products. Therefore, I confirm 

that conclusion of Da et al. (2011) that using firm tickers as the search volume proxy is more 

reliable and accurate. Both firm reputation and CEO reputation have some predictability of the 

stock performance within one year after the SEO event. The firm reputation is relatively more 

reliable in predicting high-ASVI firms and CEO reputation is relatively more reliable in 

predicting low-ASVI firms. 

Table 16 

Regression of the Low-ASVI sample in Certain Weeks 

This table reports the results from the regression of abnormal return on information proxies with 

the low-ASVI sample according to Name ASVI. The table only displays the weeks in which the 

significance of the information proxies has changes in the level of significance. 
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11. Conclusion 

Studies since Da et al. (2011) have shown that search-volume indexes of Google have significant 

predictability on stock performance. This paper studies the mixed effect of the new Google 

Correlate search volume index, CEO reputation, and firm reputation in predicting the stock 

performance during, and after the respective seasoned equity offering event. I first confirm that 

the companies do not experience reverse in stock return within the one year after the SEO. This 

result confirms the conclusion of Brous et al. (2001) Second, this paper shows that Google 

Correlate Index, the new Google search volume index, during the SEO event week can 

significantly predict the first-day return at 5% level. The predictabilities are both significant for 

the index by firm's ticker and index by the firm's name. Including Tickers with multiple 

meanings such as ‘SEE’ and ‘G’ would not affect the predictability of the search volume index. 

The significant predictability of the search volume index lasts for about 3 months after the event 

week. The search volume index also predicts long-term performance after about 8 months. When 

considering the predictability of reputation, only CEO tenure shows significant predictability in 

the long run, whereas firm reputation is significantly correlated with the stock performance 

within one year after the event week. The number of articles related to a CEO and CEO being 

outsiders does not provide any predictability. Since the number of articles does not tell whether 

the information is positive or negative, effects could offset each other. Therefore, researches 

should consider the attribute of information. Finally, after classifying the sample into high search 

volume index and low search volume index, the predictability of the search volume indexes 

performs differently as expected. For the search volume index by Ticker, the level of 

significance of the high search volume does not change significantly, whereas low search volume 

merely shows any significance. On the other hand, the high search volume index by the firm 

name predicts short-term performance while the low search volume index predicts long-run 

performance. Overall, the results show that the search volume is a good predictor for studying 

the stock performance of SEO. However, the search volume index by firm name and firm ticker 

would show different predictability if they are classified by magnitude. CEO tenure shows 

significant but fragmented predictability over the time period after the SEO. Firm reputation 

shows the most significant and protracted predictability among the three independent variables. 
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Appendix 1 

Since the market should have already been reacting from the announcement of a secondary 
equity offering, I plot the abnormal return of the SEO performance with 0 as the week of the 
announcement of SEO for the x-axis. Figure A.1 plots the median of the weekly abnormal return 
52 weeks before, and 52 weeks after the announcement week of SEO. The plot shows an 
increase in the abnormal return of the stock 8 weeks before a company announces a secondary 
equity offering. The result shows that the company tries to take advantage of the market. After 
announcing the SEO, the abnormal return drops and recovers after 2 weeks after the 
announcement. The abnormal return keeps increasing at a relatively lower rate. 

 

Figure A.1. 

 

 

 

 

 

 

 

 

 

 



Appendix 2 

From results in Empirical Result 3, the predictability of ASVI disappears between the 12th week 
and the 30th week after the SEO event week. In Figure A.2, I plot the mean of the Search Volume 
Index along the one-year period. Figure A.2 shows that SVI keeps dropping until the 5th week 
after the SEO event. The SVI increases until the 12th week. From the 13th week, the SVI 
decreases to a certain level and hardly changes. Therefore, the ASVI cannot predict the market 
during this time period. The SVI suddenly increases to a high level between the 21st week and 
the 22nd week. From the 21st week to the 30th week, the SVI shows an active change in its 
volume. However, from my results in Part 9, from the 12th week and the 30th week, the ASVI has 
no significant correlation with the SEO market. My explanation is that the financial information 
of a company leaks out as time goes (Brous et al., 2001). The investors may wait for the useful 
information from the 21st week to the 30th week. After the 30th week, the attention is again one of 
the determinants of the market. 

 

Figure A.2. 

 

 

 

 

 

 

 



Appendix 3 

Table A.1. 

Testing the Difference between High and Low ASVI by Quadratic Form 

Instead of classifying the ASVI into a high and low volume in Section 10, I use the quadratic 
form to study the effect. The dependent variable is the buy-and-hold abnormal return of SEO. 
The first column shows the regression of the abnormal return on the Ticker ASVI and Ticker 
ASVI2. The second column shows the regression of the abnormal return on the Name ASVI and 
Name ASVI2. The result from Table A.3 shows a large difference between the Ticker ASVI and 
the Name ASVI, proving that Ticker ASVI and Name ASVI perform differently. 

 

Ticker Name

Intercept 0.142** 0.186**

ASVI 0.006 0.058***

ASVI^2 0.028** -0.005*

CEO Tenure 0.003 0.003*

Most Admired List 0.108*** 0.114***

Firm Age -0.000 -0.000

Firm Size -0.025*** -0.031***

Debt Ratio 0.063* 0.057

MB Ratio 0.000*** 0.000***

Time Effect Yes Yes

Industry Effect Yes Yes

Observation 359 359

R2
0.2126 0.1673


