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ABSTRACT

Venture CapitaFunding After Crowdfunding Success: A Study ot8essful
Kickstarter Campaigns

Tamanna Tasneem

For startups, a successfurowdfundingcampaign could generate significant opportunities to access
additional funding resources. This paper contributes to advancing our understanding of how
characteristics o successful Kickstarter campaign may determine atstprt s -dbndundraising
performance, with a special focus on future VC financMe draw o83 succedsilly crowdfunded
projects on Kickstarteand more than 80 followon venture capital (VC) investments throughthe
period2010-2018to investigaténow various venture qualitgttributeqe.g. high pledged amount, strong
social media allianceand uncertainties (e.g. large number of backers) contribute tsubhsequent
increase (or decrease) in VC investme@tsr resultsshowthatlargerpublic investments (i.e. pledge
amount)signal greatepublic confidencetranslating into significantisein the probability andamount

of subsequent VC financinvVe al s o f i n grofeski@aal cohnectiomd(i@ LirkedIn) factor

in the venture’s f ut wotretheprababitity amdnundberaf sulessgsentV€ r a
rounds. Statistically significant results were found supporting our hypothesi@saend to devalue

a large crowdf backers, presumably dueftdure market loss concerriBoth theprobability and the
numberof follow-on VC rounds were negatively affected by a high number of backers. Fimakypow
thatserial creators withhackto-back crowdfundinguccesssare more likely tago back to the crowd

for future funding needsvhich translates into highgsrobability, numberand size of subsequent
crowdfunding rounds. However this strong association was not found to be negatively affecting the
degree of future VC involvement.
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Venture Capital Funding After Crowdfunding Success: A Study of Successful
Kickstarter Campaigns

1. Introduction

Over the last decade, we have been observing the growing emergermediinding within the early
stage financing industryallowing foundersof entrepreneurial, cultural, or social projects to solicit
funding fom many individuals, i.e., therowd, in eturn for futurerewards or equity (Mollick 2004
Traditionally, entrepreneurs with innovative ideas in need of financing have relied on supply of capital
from venture capital investors (VCs) and angels, in addition to more traditional intermediahess suc
commercial bank§Chemmanur and Fulghieri 2014)rFa long time thesewere commonly the most
soughtaftersource of external financing available to staps due to the uniqueness of their operations
and investment practiceBeyondsupplyng thenecessary capitabne of the most important ways in
which intermediaries such asCs nurture entrepreneutifirms is through a combination of intensive
monitoring, help in developingigh-quality management teams, and contacts and credibility with
supplers and customerg¢Sgienza, 1992; Barney, Buseni al, 1996; Sapienza et al. 1996). Not
surprisingly,hi s f or m oasfdocumemnte tolhavedeo’stronger growth angerformance in
portfolio firms (Chemmanur et al., 2010; Bertoat al. 2011; Chemmanur et al., 2011; Puri and
Zarutskie, 2012Hellmann and Puri, 200Zroce et al., 20L3Aggarwal et al2015)

Thus, for any startup company, the capability to raise equity capital from a venture capitalist or a
syndicate of ventureapitalists constitutes a crucial and visible achieventdoivever,to receive VC
funding business ides undergo a profound selectimmcesghrough a specialized investor, makihe
number of startups thateventuallyreceive investments from VGscredbly low. In 2019,VCs made
investments wort$55billion US dollas, althoughthat capital was only distributed acr@&g71 deals,
compared tahenearly32.5 millionbusinessei the US.

Crowdfunding, as an alternative funding source for early-sf@sthas, therefore, rapidly gained
popularity by allowing foundet® bypass the venture capital industry and supporting products and ideas
which would otherwise not be pursudthe growth of the crowdfunding industry has been phenomenal,
with thesize ofthe worldcrowdfundingmarketexpected to reach USD 2&8lion by the end of 2025

a 16 percent increase froilmne cumulative average growth rate in 2828nce its founding, in 2009,
Kickstarter, a leading platform for rewabdsed crowdfunding wondde, has launched more than
472,000 crowdfunding campaigns, with 37%P sucessfully funded by more than Imillion
individuals? A typical rewardbasedcrowdfunding campaigis intended to communicate the project's
mission and vision readilgnd isdesigné to collectmodest amounts from a large number of backers
(Mollick et al. 2015)This form of crowdfundingreats funders as early customers, allowing them access

! https://www.statista.com/chart/11443/venteapitatactivity-in-the-us/
2 https://lwww.marketresearch.com/QY ReseaBroupv3531/GlobalCrowdfundingSize StatusForecast1 2411297/

3 Seehttps://www.kickstarter.com/help/stats



https://www.kickstarter.com/help/stats

to the products produced by funded projects at an earlier date, better price, or withrsmspeaxial
benefit.And through their investments, individual backers express their interest in using the product and
their belief in its successful development. Products are therefore not developed based on the perceptio
and wishes of imaginargustomes. (Kaminski et al., 2029

However, a for any other funding mechanism in the capital masletsvdfunding also has its fair
shae of challenges and criticisms. While supporters of crowdfungaygit can be interpreted as a
positive signal of miket acceptance by monitoring early adopten n s u reactioss’(e.g., Strausz,
2017),critical voices argue that turning¢cowdfund ng i ndi cates a failed *
convince a reputable professionalestor Furthermoregiven thatproject backersare usually less
sophisticated and inexperiendadividuals they may nothoose to pledge for a stanp based orthe

same amount of backgrouedperience or with thecreeningexpertise of professional investors, such
asVCsor angel investment organizatiofgonini et al. 2019).

Neverthelesghere has been a fundamental shift in these beliefs with more reSedntfs supporting

the view that therowd actuallymakes accurate, expdiite assessments (Mollicknd Nanda2015),

and relies on signals (Ahlersadt, 2015; Mollick, 2013)Contrary to thenotion thatbackersarea group

of mostly ‘“unco@raoineatteod cahnoaotseeil hasl’bean smowed thato | ¢
aggregated group dismns tend to be more agatiethan decisions by individuals in which ordgingle
decision maker relies on his sole assessrtfeémdescu and Chen, 2014; Larrick, Mannes, and Soll,
2011). Mollick and Kuppuswamy(2014) went on todemonstratethat, over 90% of successfuly
crowdfundedprojects remained ongoing venturggl years after their campaign asdch success
provided the creatorsaccess to outside funder§o be specific, lgh sumsof (rewardbased)
crowdfunding,collected fast by starpsis found tohave a positig effecton VOma nager s’ fo
decisiongMaodl, 2018) Kaminski et al. (201pshowed that crowdfunding volume and VC investment
volume are strongly correlated and conclutieat an increse in crowdfunding investmen®&anger
causes subsequent MvestmentsWhile a successful campaign does not necessarily guarantee the
support of VCscrowdfunding invetors surely fulfil a complementargle to VC investors d e ci s i
by providing them withnformation towards newroducts and product categotiparticularly in sectors

where the crowds are end users

This paper examines how VCs interact witnowd-based desion makingin a rewarebased
crowdfunding context consideringsuccessfufundraising as strong quality signalsWe base our
research othe premise thatapital investmentby VCs entaila high degree of uncertainty andaage
difference between the knowledge of cap#iaéking entrepreneurs and capgedviding investors
(themselvespabout the true quality of a starp (Amit et al., 198; Busenitz et al., 2005; Gompers &
Lerner, 2001). As a result, theégnd to address thssymmetric information problem by relying on
signalsof quality, that are observable at the time of the investment dedglping thento correlate
with the norobservable determinants of te&artup quality (Hoenig & Henkel, 2015; Stuart et al.,
1999).Thisthesistherefae seeks to identify the impact and effects of cexaservableharacteristics
of a successful crowdfunding campammVCs Subsequendcreeninglecision

We draw o83 succedsilly crowdfunded projects on Kickstartex globally recognized rewatthsed
crowdfunding platformandmore than 80 followon venture capital (VC) investments throughdiug
period2010-2018to investigatdiow various venture quality attributés.g. high pledged amount, strong
social media alliancednd uncertainties (e.g. large number of backemtribute to thesubsequent



increase (or decrease) in VC investmentsFur t her more, the effect of
of serial product launch (to leverage the existing babkse) on followon VC funding has also been
explored. We simultaneously examine the effects of these signals on-toillorewdundingand non
crowdfundingrounds(e.g.debtfinancing equity crowdfundingnd othes) too.

Our results showtatistically significant empirical evidence that higher pledged amounts significantly
raise theprobability of getting subsequent VC financingVe also foundsignificantly positive
association between pledged amount andhtiraberof follow-on VC rounds and thamountthat is
subsegantly raised through/Cs. Next we find that having weltonnected CEOsr founders(in
LinkedIn) is significantly positively correlated tdooth theprobability (of securing and numberof
subsequent VC rounds$iowever, amountssubsequently raised from VCs were not found to be
significantly correlated to the number of connections the founder has in LinkStHhsticdly
significant results were found supporting our hypothesis \izg tend to devalue a large crowd of
backers due to governance or future market loss condgatis.the probability and thenumberof
follow-on VC rounds were negatively affected by a high number of backers although no significant link
was found between backer size amdountgaised from followon VC rounds.In our fourth and final
analysis, we move away from the VCs and shed Iggit t he f ounder swefigmer s
statistically significant results showing that entreprengulso’ ve successfully c¢
projects are more likelto return to the crowd for future financial negasother words, higherumber

of prior successful campaigns translates into highegbability, number and size of subsequent
crowdfunding roundsHoweverthis strong association was not found to be negatively affecting the
degree of future VC involvement, as initially hypothesized.

This paperadds to several streams of acadeniiterature, the first beinghe emeging field of
crowdfunding(e.g. Agrawal, Catalini, and Goldfarb, 2015lérs efal., 2015; Lehner, Grabmann, and
Ennsgraber, 203%umming and Johan, 2016; Mollick, 2022014 Mollick and Kuppuswamy, 2014;
Mollick and Nanda, 2015 chweizer &hou 2017;Glntheret al. 2018Cumming, Hornuf et al., 2019;
Proelss et al, 201® name a feyv Second, our study is also related to the literatureeoture capital
selection criterigBaum & Silverman, 2004; Hall & Hofer, 1993; MacMillan et al., 1985a; Shepherd,
1999; Tyebjee & Bruno, 1984)nd extends the stream of research on the role of observable qualities
t hat signal a nmiet al.,el890; Cons ét al., 2q1Baelssldr gt al.( 2012; Hoenig

& Henkel, 2015; Hsu & Ziedonis, 2008)e ecifically draw from the schodf literature that have

shed light orthe compatibility of crowdfunding with traditional venture capiRyu and Kim (201p

show that projects thaixperience a positive crowdfunding outcome may sometimes lose access to VC
financing ex post. Colombo and Shafi (2016) find empirical evidence that successful cainglitem

either facilitate or mder VC financing ex posOur paper complements theampirical papersby
identifying different sources of quality signals and uncertainties inherent in a successful campaign tha
VCs observe anhcorporate in their investmedecision.

The structuref this studyis as follows: section 2 formulates the tédtahypotheseand elaborates on
therelated iterature while developing eacBection 3 goes through the methodologies that weinsed
this study along withthe descriptive statistiGnd regression equations. Next we presimémpirical
resultsgathere from the regresionsin Section 4 Section S5summarizes the findings and provides a
discussioron andimitationsof thisstudy while suggestintipe possibl@venues for future researchers.
Lastly, section @oncludes the paper.



2. Literature Review and Hypotheses

Angels andVenture Capitalists (VG hereafter face high levels of information asymmetry when
deciding whether to fund a compamyand new companies have no track record or established product
or service for investors to rely oandoftentimes, these companies are meiatyidea, prottype, or
prodwct in its infancy (Ibrahim, 20)08Due t o new ventures’ i nf or ma
limited lendinghistory, most new and small entities have problems with credit access from mainstream
lending institwions like banks (Binks et al1992 Hsu and Ziedonis, 20).3Such difficulties hamper

new innovative ventures from getting much needed seed andigteapital (Colombo & Grilli, 2007).

Since investments are uncertain, investors ofead to act on potentiagsalsof quality. As per Spence
(1973), surrounding thplethora of observable characteristics and attributesobjectare the quality
signalsthat will ultimately determine the selection procass justify taking the risk$n other words,
these signalsan reduce thasymmety astheys er ve t o i nform potenti al
guality when that quality is otherwise difficult to observe

New companies which choose to crowdfunete previously said to signalsseakcompany suggesting
that the choice sends a negative impression that the business \abakertotsecure trabnal funding
sources earlieHerdrich, 2015) In other words, rany of the startips that choose to pursue
crowdfunding as a means of raisingital do so because they have no other options, and they may still
struggle to raise traditional venture financinduture Green et al., 2016kurther concerns wererhile
expertbased investing has a proven track recordwdbased wisdom cannot bleet best at judging
new business ideas (Ibrahim 2016) meanmglkinvestors are likely to lack the financial sophistmat
andexperience of venture capitalists, who are generally highly knowledgeable about stduings
and assessing founding teaffiseear, Sohl, & Wetzel, 19940t surprisingly, bandwagaeffects have
beenreportedtoo (Mollick, 2013), where additional investotome on board when momentum is
building up.Adding to the listthere were alsquestiongabout lax disclosures and the potential for fraud
(Hazen, 2012).

Arguing the opposite,everal studiesuggest thatrowdfundingdoes not alwaysenda negative
signal—and in important respects is a better alternative thlaer means of early financing.is well
positioned to capitalize on the wisdom of <cro
crowd’ theory suggests that, in most cases, cCr
(Schwartz, 2015)The crowd has beeneported ¢ be surprisingly ratisal in their decision making,
despite the potentidbr herding and madness (Mollick and Nanda, 20m)llick (2013) even showed

that, entrepreneurial quality is assessed in similar ways by both VCs and crowdfuhldef&st
empirical studyto associate signaling with funding success was conducted by Ahlers et al. (2015) where
results showed thamall investorslo effectively interpret observable signals of venture qualiy

level of uncertainty sent by the entreprenéefore committing their financial resources to certain
projects.

Therefore receivingcrowdfunding can be viewed as a signal that crowd investors are conviribed of
project’ s gr osutcssiy aowdfunding eampaign shgusentialfuture investors that
acompany has a real customer base and that there is demand for its product o(Metiwke 2013
Agrawal et al. 2014; Beckwith, 2018tollick et al, 2016jbrahim, 2018. As a resultventure capitalist

can potentially benefitrom crowdfundingby having entrepreneurs eliminate some of the questions
around whether a market exists for their product or se(FkEnming et al., 2016). This, in turmay



also lead a project to receiving VC investments, sinserves as proy for its commercial potential.
Successful projects in crowdfunding are shown to be positively related wighsbperformance (Kim

and Viswanathan 2019 Mollick et al. (2014) suggest that crowdfunding generates additional benefits,
even after the end of armopaign, such as direct access to customers, media, employees, and, most
importantly, to venture capitalistSrover et al. (2015) show that crowdfunding can act as a certification,
making it easier for firms to obtain financing ex post.

Evidently,VCs invest significantime and energy in the screening process and the evaluatigle\ant

quality signals (Amit et al., 199®all & Hofer, 1993 Inderst & Muller, 2003 Research on the criteria
venture investors use to evaluate potential deals ateficthat, overall, VCs emphasize four broad
categories of stadp charactristics when making investmedecisions: the management team, the
product or service, the market attractiveness, and'thkent ur e’ s f i nanci al pro
2011). Howeer,as t he | at e ndhardcteristicsuiamften aqpdquet h'es eunder st a
VCs will resort to theguality signalscoming from a crowdfunded campaitivat correlate withthese
characteristicin order to guarantee themselves the minimum respectable return on investment.
Generally speakingstartups raising large amounts on a crowdfumgl platform are more likely to
attract the attention of VC#n other words, tie larger thepublic investmert (i.e. pledge amounthe
greater the public confidencmeaning markevalidation s revealed by the amount miney raised in

the campaignIn this contextCoombo & Shafi (2016)andKaminski et al. (20163howed thatarger
collected crowdfundingledges correlate with higher and faster foHop/funding by VCsTherefore,

in line withtheir hypothesewe arealsointerested in examininipe association giledgedamount with

future VC funding outcome® seewhether their findings hold for our deset as well. For this purpose,

we use three separate parameters, namely aptbbability of getting subsequeMC funding, b) the
numberof subsequenfunding rounds and c) theemountraised insubsequenfunding rounds. Hencge

we formulate our firsset of hypotheses as follows:

Hypothesis 1 (a): Larger amount of pledgemneyis positively associated withigher
probability of future VC funding.

Hypothesis 1 (b): Larger amount of pledgemneyis positively associated withigher
number of futuré/C funding rounds.

Hypothesis 1 (c): Larger amount of pledgeuneyis positively associated withigher
amount raised in futur®C funding rounds.

Besides using the amount raised in the campasgmsagnal for venture quality, anecdotally, ¥@re
increasingly conducting * du easweldnd rgaectimgfavbrablyto s o
successfuktartups with effective social media performan&acial network ties have alwayeen

found to be important in crowdfundir{@orstet al., 2017; Lukkarinen et al., 2014arly stage firms

use social media to communicate with their target stakeholders, such as cystmukessand
investors Studies have shown that social media promotesswbBrdouth information diffusion (Aral et

al., 2013; Chevalier & Mayzlin, 2006; Dellarocas, Zhang, & Awad, 2007; Forman, Ghose, &
Wiesenfeld, 2008; Zhu & Zhang, 2010) and serves as a platform for greater consumer engagement wi
a product or brand (Chen, De, & Hu, 2015; Ghose & Han, 2011; Goes lu Yeung, 2014; Li &

Wu, 2018 Miller & Tucker, 2013).Other group of studies further shdtlat the use of social media can
influence overall firm performance, including the success of early stage firmseanaldiitity to obtain

5



financing(Mollick, 2013;Agrawal et al., 201,0Hsu,2007; Shane and Cable, 200R)evious research

on social media with respect to crowdfurglimvolved studying the crea®r o r Hadelvooks ’
accouns (Cumming et al. 201 Chung et al., 2013Rishika et al., 2013 Twitter account (Kaur et al.

2017; Jinet al. 2017, YouTube(Fietkiewiczetal. 2018) n addi ti on t o .fTdkieg pr o
inspiration from those papesset oo st udy the interaction bet wee
t he f i r nuhding pfospEcty foaisng on a more businessrientedmedia, LinkedIn,and its
impacton t he project’s capabCfinanting. t o attract fut

Unlike Facebook and TwittetinkedInis designed to helfhe creatorduild network withcompanies,
organizations, and professionals, among otha&ifith its professional nature and its purpose to create
business openings, it helps create legitimacy and builtdagmeng investors (Vismara, 2018nd the
advantages are twofold when it come®tdancing future funding prospects. Fiteg very presence

on alarge social media platfornsuch ad.iinkedinv al i dates the project’s
lowering the chances of the campaign being fraudulestthe argument goesailure to provide
legitimate information camcur emotional costo the entreprenesipnce the fraud is uncoveréal all
their social mediaconnections, thereby resulting inas$ ofsocial capital Baum and Silvenman, 2004;
Cumming Hornufet al., 2019 Second, thexistence olariousbusinessorientedinterest groups in
LinkedIn allows new or less experienced inves{oes potential backergd take cues from the experts
and connect with aspiring business owners online thrthetebsiteespecidy in times of unertainty
(Malaga & Mamonov, 2018 Statically, LinkedIn is more than 277% effectitrean Facebook and
Twitter for lead generatiofi.Such professional connections not only factor in the success of the
campaigritself but alsodeterming he vent ur e’ s f ut ur ethefentrepdeneurgo s u
be discovered androvide additional information tpotentialinvestors for a better evaluation of the
quality of ther probableventures(Hoang & Antortic, 2003; Stuart et al., 199oma et al., 2037
Vismara(2018 pointed out that public profile of investors on LinkedIn plays a keyirodgtracting
other investors in early dayl their study, Amsden & Schweizer (2018) found tivall -connected
CEOs or founders with 500+ conniects significantly enhance ICQOnftial Coin Offeringg funding
success (as measured by token or coin tradability), referring this as an indfdatoader networks,
which correspond to greater social alliance capital

In a nutshell prior studies havattributed funding success igher numbebf LinkedIn connections.
Therefore, just likeother characteristic®f a successful campaigh,ounder s’ number
becomes a metric of interest f or purtloefoemneststhen a l
necessityofnc or por at i ng t h odeasiornmakndy racessasihase netvorlss can be

used tarigorously promoteand d v e r t i s e futuleproducessnt ur e’ s

Since most participating firma Kickstarter ar&onnectedo LinkedIn, it is possible to determine how
manyLinkedIn connections each founder or other key personnel have and whether they have reache
the 500+ contacts benchmaiklie are hence interested imvestigating the leverage die project

0 W n esocialsnedaalliance (measuredbg ) presence in Linkedln and
and how itimpacts itduture funding prospects

41n a recent (2018) study of over 5,000 busingskibSpot found that traffic frotinkedin generated the highest visitor
to-lead conversion rate at 2.74%, almost 3 times higher (277%) than both Twitter (.69%) and Facebook (.77%).
Source:  https://blog.hubspot.com/blog/tabid/6307/bid/30030/Linke2iT7-More-Effective-for-LeadGeneratioAThan
FacebookTwitter-New-Data.aspx



Hypothesis Za): Higher social media alliances positively associated with the probability
of getting future/C rounds.

Hypothesis Zb): Higher social media alliances positively associated with the number of
VCrounds received by the entrepreneur in future.

Hypothesis Zc): Higher social media alliancés positively associated with the amount
raised in futue VC rounds by the entrepreneur.

Clearly,the information obtained frottie campaigrisuch as those discussed abaag) guide the VC

in making sensible investmedecisions by enabling them to interpret the quality signedademics

have also venturetb explore other attributes of a campaign and studied their effectiveness as quality
signals, e.g. speed of collectidviddl, 2018), speed of product deliveldombo et al. 2016)ocation

and industryof theproject(Ryu & Kim, 2016).However,signalsoriginating from a campaigoannot

only be sent on purpose but alsaintentionally (e.g., Janney & Folta, 2003; Daily et al., 2005).
Signaling theoryemphasizes that signatan be productive butneed notalways begSpence, 1974a
Therefore, dundersmight — by primarily seking the productive function (e.g. accesdingncial
resourcels— involuntarily sendunintended signalthat mightcommunicate rgative information to
receivers. It has been demonstrated thite ent r e pr e n e u mrowdfunding camgaigro n
may introducecertaindisadvantages to the VEor instance, in their studgoma, GalOr & Chen
(2018) argued thatrowdfunding reduces the size of the future mafteethe VCs, given that they do

not receive any portion of the contributions of the fans raised in the campaign. In casttiasy, state,

“if the entrepreneur does not launch the campaign, fans become partubfitteonsumer population

and the revenue generated from them are lsptive@ the VC and the entreprenéutherefore, fithe

group of backerss relatively big this loss to the VC can be substanéialthe reduced market size will
directly affect future project revenues

In contrast to such concerasteam of literatue hasspoken of the importance of thember of people

who contribué to a crowdfunding campaigihhe more backers a campaign attracted, the more likely
the product was to exceed financial goals whenkatnched to the mainstream market (Stanko et al.
2017).For the community of professional investors this carries an important signal who do take into
account the number of backers while making their decisbus.to the high risk of backing starps,

VCs many times do not invest until a company kafidated the market, gained traction, and
demonstrated it caexecute the projettAnd because backers put down money for a product that has
yet to be produced, the number of backers may serve as an éaftion of the enthusiasm for the
product (Agrawal et al. 2014Lrowdfunding backersvill often take an active role in the innovation
conversation (Mollick, 2016, Stanko and Henard, 2@iy6pecomingengaged in product development
alongside the innovating entrepreneur, as that experience is typically considered by backers to be
rewarding part of the process (Agrawal et al., 2014, Gerber et al., 2012).

However, whileit has been established that baxskare an important contributor to the later market
succes®f the productpnly a handful of researchers have attempteskpdorethe interaction between

5 éCrowdfunding vs. seed fundings | | money i s not cr e at\edurebegtant 2420ly Reb
http:/venturebeat.com/2013/06/24/crowdfundivgseedfunding-all-moneyis-not-createdequal/2.



their sizeandthe future prospect of VC involvement i . e . whet her VCfuture unc
venture revenue outweighs the advantages of having a huge a-bas&erherefore, afjning with

Roma et al. (2018ye are also interestedéxaminingwhetheror notVCs tend talevalue a large crowd

of backers du#o future market loss concerns.

Hypothesis 3a): Higher number of backers negatively associated withe probability of
getting futurevVC rounds.

Hypothesis 3b): Higher number of backeis negatively associated withe number of/C
rounds received by the entrepreneur in future.

Hypothesis 3c): Higher number of backers negativelyassociated with the amount raised
in futureVC rounds by the entrepreneur.

It is important to mention thakarge number of backers ivaost always anaturaloutcome of a large
pledge which we hypothesizelypothesis 1jo have a positivempact on future VC involvement. In
other words, even if the group of backers is relatively ¥Wi@s might still be optimistic of future
revenues if the addressalharket for the product concerned is big enough in the begindmgever,
certainsuccessfuprojects despite garnering the attention of a large crdaiito raise a large sum due
to low contributionper backer, presumably signaling the \tGateven wten the product is goothere

is no attractive margin to eaMe alsotest this byidentifying the campaigns with a large backer base
(in the highest 25 percentile) that raised lower pledges (in the lowe8t@scentile)to see howvthis
interaction traslates into the VCs investment decisions.

While the notion of our hypothesso far ha beenbased on the VCs perception of futopgportunities

and uncertaintiegelated to darge crowdi t ° s al s o r e ahsvwemteprénew teandto a d d
capitalize on the power of the community of back&fter running a successful campaign and having
experienced the viabilitpf crowdfunding as a financingption, entrepreneursften resort to using
crowdfunding campaign anoth&éme to raiseadditional financial reaaces. here is evidence that
successful firstime crowdfunding entrepreneurs launch subsequent (fallpwcrowdfunding
campaignexpecting thapastbackers' pledges witrigger future pledgeand often manage to raise
larger anounts successfullyA great example is represented by Pebble Watch. The company initially
participated in Y Combinatomut failed to raise a series A from VEZherefore, the company turned

to the crowdfunding website Kickstarter to raise additionadifugp The first product launch raised more
than $10M, while the second raised more than $20M.

In line with this series of event8015 Kickstarter statistiéshowed that the success rate of the next
project for a repeat creator witimeprevious successfully funded project is 7@#ile that of a creator
with two such projects is 80%.ee et al. (2018¢venfound that suchesial creators who experienced
successful initial crowdfunding are more likely to explore a new industry or prodecfory in the
crowdfunding marketTo the VCs,suchbackto-back successepossibly present them with a more
seasoned and experienced serial entrepremigra better risk perception andgaeater optimism to
venture into anew territory. Nonethelessthe question remains as to whether or fmt,these serial
creators, crowdfunding still remains a lucrative funding option over the VCs

6 Source: Venture Beat. Article accessibléidp://venturebeat.com/2012/04/18/pebbieartwatckrejectedves
kickstarter/
’ https://www.kickstarter.com/blog/bhe-numberswhencreatorsreturnto-kickstarter
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Since crowdfunding is #ol that creators can use again and gghi@ average number of backers
typically grows ascreators fund multiple projects arnl@dverage existing relationships with the
community And not only because othestrong backebase Colombo & Shafi (2016) showed thaig
strategy of serial product launch by the same falso stems from the seatbnfidencethat nonvVC
backed entrepreneugsinafter successfully shipping their promised produdustomers

“Shippingproves the viability of the product with customers and makes entrepreneurs
more selfconfidentabout theai execution ability, thereby rendering coaching by VC less
attractive”

According to themthe availability of this mode of financial bootstrapping n&¥€ financing less
appeahg to entrepreneurs enabling thenatmid incurring dilution costsn our final set ohypotheses
thereforewe reason thatsentrepreneurs continue to choose teganoneyhrough crowdfunding sites,

and their projectbecomesuccessfylthe odds of subsequent VC involvement graduddigreaseThe
degree of anentrepe neur ' s association with crowdfundin
number of pragcts s/he has createdtime crowdfunding platforms at his/her disposal. We consequently
formulate our fourth hypothesis as follows:

Hypothesis 4a): Higher number otrowdfunding campaignsreated by an entrepreneur
negativelyaffectsthe probability olsubsequeri¥C involvement for future projects

Hypothesis 4b): Higher number otrowdfunding campaignsreated by an entrepreneur
negativelyaffectsthe number o$ubsequen¥C roundsfor future projects

Hypothesis 4c): Higher number otrowdfunding campaignsreated by an entrepreneur
negativelyaffectsthe amount raised isubsequen¥C rounddor future projects

In summary this thesismakesan attempt to explore the interaction betweergtity signals coming

from a successfly crowdfunded campaigrand the subsequenincrease (or decrease) in VC
investmentsFrom a signaling perspective (Spence, 1973) we argue rinatiitinding pledgesthe
entrepreneur s’ a f f along wathithe gsize ofvthie batkerscammunityl canmsenc iasa
critical guality signal s ab o udecisiaamakngpjoeessesios Vi
conceptualize the development of the aboveottygses, we create a frameworkg{ie 1)categorizing

these attributesnder three driving forces, namelye nt ur e qual i ty, uncertai
whichwe believeare responsibléor positively (or, negatively) affecting future VC funding outcomes.

Essentially, crowdfundingledges r ef | ect the ®“wisdom of the ¢
offerings and voting with their individual investmeriedges f or t he b estd., 2@lBes”
thereby informing VCs of the product’s demand
& Shafi (2016) and Kaminski et al. (201 9ve first hypothesize that crowdfunding volume (i.e. pledged
amount) and subsequent VC investment (pbdity, number of rounds and amount) are positively
correlated. Another aspect that is believed to indicate high venture quality is the level of association the
entrepreneur maintains on a social media platfainkedIn, aprominent but often overlookesbcial
network,was theprimarychoiceforiv e st i gat i ng t h e ss$oeal rmediarmgewvorlofdr t h



our research due to its professab nature and we argued that firms (or, founders) with mass followers
on this platform will positively influenctheir prospects of being selected by venture investors.

Figure 1: Factors affecting VC investments for a crowdfundedgpart

Uncertainty

Venture Quality Number of Backer§)
Pledged Amour(t+) Roma et al. (2018)

Colombo & Shafi (2016) & .
Kaminski et al. (2019) Founder's Incentive

Number of CF Campaigr(s)

LinkedIn Alliance(+) Colombo & Shafi (2016)

N

The third hypothesis addr esses s vsibe aml bfteritimes  V C
largescalenvolvement of the onlinbackercommunity Aligning with Roma et al. (2018ye reasoned

that although the large size of backeray present a ging signal ofmarket validity VCs might be
skeptical towards a reduced market and, therefore, will shy &ianystartups with large number of
smal | i nvestor s. For our final hypot hesi s, we
approach VCs and argued that, those who’  ve suc
to return to tle crowd for future financial needs, thus, reducing (albeit not eliminating) the likelihood of
future VC involvement.
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3. Methodology

3.1Sample and Descriptive Statistics

This research is based on data of all successful Kickstarter crowdfunding cangegtise period

from 2010 to 2017 in the fields of design, games and technology, raising at least five hundred thousan
(500,000)US dollars.To construct oudatabasewe include projects that ran outside the U.S. as well
and therefore the currency consdon rates of the respective countries while maintaining the
abovementioned threshold.

Kickstarter isthe world's largesbnline rewardbasedcrowdfundingfunding platform which has the
mission to*help bring creative projects life".2 According toits website, more than USD $4billion

has been pledged to more than6000 successful projeétfrom its inception on April 28, 2009
Creatorsof projects apply for funding ififteen different areasanging fromculture to technology.
While campaignindgor a project they choose a deadline and a minimfunding goal. Individual
funders backers) can contributemall amounts of money starting from a fawllars. Fortheir
contributions they are adfed rewardswhich vary depending on the amount tiecker contributes;
includingthings like cardst-shirts, cups, or to be one of thesfithatobtain the new product. Kickstarter
operates oran All-or-Nothing basis, meaning that only whitmding goals are reached the project
creator willreceive the ledged funds (Cumming, Leboeuf, a8dhwienbache2019 and f the goal is
not reached bthe deadline, the project ends without any funds collebtedeover, potential and actual
project backers may patrticipate in online discussamtbexchange theipmions about the projeatith

the creator and among each otfg®inga globalfunding platformfor creative projectand nurturing a
strong backer netwrk and active online communitan, Kickstarter, thereforenotivated our choice to
employ it as the primary source of information althougle have complemergd our data using
additionalsources, such dadiegogo,LinkedIn, andcompany homepages. We limited the sample to
the period before the end of calendar year of 2017 so that we allowatbeast one yedffor the
companies to receive venture capital after the finish of the campaign. All variablsheequent
financing, includingvC, crowdfunding, angel investments, sdedds debt and equitgrowdunding
were obtained using manual searches for all the projects, companies and entrepreneurs in places suct
news articlesCrunchbasevebsite a n d i n vpestssétcoThesfocus bflths gearch was-dimst,
determiningvhethera project receivetbllow-on investment, particularly V@fter successfullglosing

the crowdfunding campaigandsecondijf so, handcollecting as many details on that funding round as
possible(e.g. date the funding was secured, amount & currency, identity of the VCs)

Our final sample consists of =483 Kickstarter projeatd a total funding volume 0691.23 nillion
USD pledged by a total &§,106,804ackersA median project raised USD 787,49Me chronological
sequence of the initiation dateyusinesscategories, and raised volum@s USD) of campaigns are

8 https://www.kickstarter.com/chartedccessed January 14th, 2020.

9 Seehttps://www.kickstarter.com/help/stats

PThis was inspired by Colombo et al . ( 2-Qear@ytoffiséareasonabs no't
timeframe to observe financing given that (a) the average number of days for firms ever receiving a round of financing after
campaign is 289 days, and (b) on average, entrepreneurs estimate to ship within 112 days and actually deliver in 275 days
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shown in panel Aof Table 1. We find that backetmve spent approximately USD $168llion on
projects categor i z eIB3 acampaigns) the Righesdamony thel 23sbusmess
categores covered by our samplEhis is followed by Video Game$1 campaignswhich has raised
the most money within tUS® $88 @GillioneCarfipaidgns sy icourdrg fer c a
each resective year are shown in paneloB Table 1.Approximately73% of the sample campaigns
werelaunched byreators in the U.S. (352 projegtiollowed by creators itheU.K. (27), Canada (17),
Australia (19 and Germany (9) among others.

--- please insert Table dbout here--

Using information from the campaign’s webpage
campaign/creator and the haoallecteddetails on subsequent funding rounds, we create 27 dependent
and explanatory variables along with additional cdatemcompassing the campaign features, creator
characteristics, followon investments, association with LinkedIn and so on. See Table 2 for variable
descriptions.

--- please insert Table &out here--

Table 3 shows the descriptévstatistics foall the dependent andxplanatory variablealong with the
additional controlsSample size is reduced 330for the variableCEO LinkedIn 500see Table 2 for
variable descriptiongince no LinkedIn accounts were available for the remaining projectssartiyde.

On the same note, of the total sample, 395 ca
thereby reducing the sample size for the varidkdenale Creatoraccordingly.Table 4 shows the
correlation between all the tweliredependent and control variables.

--- please insert Tablg and 4about here--

3.2Variables

Dependent Variabke In the empirical analysis wettampt to examine how certain attributes of a
successful crowdfunding campaign afféature VC investment outcomes; the outcomes beiap
whether a subsequeviC investment was secured or not; (b) themberof such followon rounds and

(c) theamountraised through these rounds. In other words, to test each set of our abovementionec
hypotheses wentroduce three dependent variabl&ubsequenC Financing (0/1), Number of
Subsequent Financing and Amount of SubsetjEmancing. To supplement our empirical analysis, w
alsoexplorqrow a crowdfunding success futurefconsidgenngthes t h
sourcesas welt i) fund raised from all types of sourcesmbined(crowdfunding, seed funds, angel
investors, venture capitalists, equity crowdfundidgbt financingand others)SubFin ii) fund raised

from crowdfunding platformenly- SubCEF iii) fund raised from Kickstarteonly- SubKickstarteriv)

fund raised fronsources other than crowdfunding platfisr SubFin_notCF

Independent Variablesto test the firsinteraction effect opledged amount of a project on its future
funding outcomes described in Hypothesisadove, we develomur first independen variable
Ln(PledgedAmount) which represerg the natural logarithm of th@ledgedamountin US dollarsfor
eachcampaignWe use the natural log value thlesevariables to alleviate skewness conceransd to
reduce the influence of outliers in the sample. Our sekbfvariables are associated with tipeoject
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owner’'s soci al medap il ésamce,i melaismnk edll Myand
Therefor, in this set,our first variableof interest isLinkedin Pagewhich is a dmmy variable that
equals 1 if a link to a LinkedIn page of the creatoafj/or the projeds available and O otherwise

The next variable I€EO LinkedIn 500+ a dummy varialke that equals 1 if the CEO or founder (if no
CEO is mentioned) has 500 or more contacts on LinkedIn, and 0 othér@iséest the effect of the
number of backers on future funding outcomes, we incNideof Backersas our main explanatory
variable for he third hypothesidn addition, we also introduce the variaBackers(Q) x Pledge(Q)
representing campaigns with a large backer base (t8p&&gentile) and low pledge (bottom25
percentile) to capture ¢heffect of lowcontributionperbackerprojectson future VC involvement.
Finally, for our last set of hypothes&e introduce two more independent variablesrteasure the
degree of an entr epr eneurFirss wausaslo of iPrajécis Createdii t h
Kickstarter- a countof the projects created by an entepeur in Kickstarter till date. This information

is easily accessible from the campaigh K i c pgageand enlises both successful and unsuccessful
projects alikeHowever, entrepreneurs often opt for campaignimgHeir productsimultaneouslyon
multiple crowdfunding platforms or try othplatforms after achieving success on one. Hence, we create
our final explanatory variablBlo. ofall CF projects a total count of alcrowdfunding projects ever
created by thewner, irrespective of the platform.

Control Variables:We include a set of control variables that are expected to affect the decis
subsequent funders. Firste include the characteristics of the project owners in our model. We ¢
that signals about the gendand composition of the project owners (a single independent p
companyor organzation)will signal entrepreneurial capacity and will influence the decisions of bz
and future investorg hanks to Kickstarter, we were alib includethe total number of projects bacl
by the founder on Kickstarter as auditional control which like the No. of ProjectsBacker
(Kickstarter) incorporatee h e f olevel of engageament in crowdfunding activity.

Second, we control for @ouple of campaign characteristiesy.goal or targetamount,duration of th
projectcandvh et her or not the pr oj e c tThewaakofapngect pblagd
crucialrole in securing funding given that an entrepreneur nieelave a fine balance between rai
enough funds and, at tisame time, not asking too muck project with a target amount set too t
runs the risk of scaring bpotential investors and beimgfailure(Frydrych et al., 20L4Viollick 2013)
which, in  t ur n, sends a negati vuer esi“gfnuan d affectshgitht
entrepreneur’ s aWe theaeoretuse hveC nfautnudrianig )l.ogar
Ln(Goal Amount)as a controlariable in our modeWe alsocontrol for duration of the proje¢perioc
of time in daysn which projects can receive financial support from bagldars to its correlation wi
t he campaign’s f undWhigBurghuat al.e(20%3) stated thindemafundin
duratons will lead to greatervearenessmore contributorgsherebymore success, Mollick (201
showedduration decreases the chances of suaslesiger durations are a sign of lack of confide
The final control in this categoryish e | a b e le *“L[Por Vg Keckstarser tdm often mark
standout project as such when it demonstrates a robust and sophispicatect page with a cle

11 Onelimitation of usingCEO LinkedIn 5004as an explanatory variable is that this information was manually collected for
each individualCEO/founder at the time of data collection, which have changed over time; meaning the actual number of
CEO connections ctdi have been lesser at the time of the campaign, leading to the possibility that the higher number of
connections in the later years came as a natural outcome of the earlier crowdfunding success.
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description, captivating images or videoct@ativelythorough plan for ampletion and an excit
community, hereby garnering the most attention.

Lastly, we control for the industry the project belongs to (industry indicators) and the year it
the money raised from the campaign (year indicators). These time and industry fixed effect
address thenarketwide conditions that could potentially affect funding.

3.3Main Analysis:

We begin withtestingwhether or not subsequeWC financing was secured. For this we empil
logistic regression model to analyze how our main explanatory varabt€Pledgel Amount)
LinkedIn Page& CEO LinkedIn 500+Ln(No. of BackensandNo. of Projects Createnh Kickstarte
help explain our dependant variaBlebsequent C Financing(SubVC)which equals 1 if the campa
secured/C funding after its crowdfunding success. The basic structure of our logistic regressio
is as follows:

Yo baip | F &0 aQQN0RN0E b & Q¢ QAGWY & 00 b 0t e
@& eoonar & & 0l ¢ VALRHo @A 6 dl o
QR QEEOUEQTAQG] - B DO QO D

1)

The variables under the Additional Controls block incltdmale_Creato(0/1),Natural_Persor{0/1),
No. of Projects Backed (Kickstartebn(GoalAmount) DurationandProjectsWeLov€0/1). We do not
useNo. of all CF projectsimultaneouslyn the same equation sincasta linear function of the other
explanatory variabl&lo. ofProjects Created in Kickstartem other words, the former is team of the
latter and the number of CF peais created in other platformesulting ina correlation coefficient
close to 1 (~0.974; see Tab#. Therefore, to avoid multicollinearity wase these two variables
separately infables5 to 7.

As explained abovaye run the above regression for four (4) other dependent variables to explore how
funding from other sources is affecteBubFin (0/1), SubCF (0/1), SubKickstarter(0/1) and
SubFin notCF(0/1) which represeritinds securetfom all sources combined, crowdfunding platforms
only, Kickstarter only and all sources other than CF platforms respectively.

Next, we are interested in identifying the potential influence of the abovementioned explanatory
variables on theumberof subsequent VC financing. For this purpose, we employ a Poisson regression
model as below:

MY6 wwd 1 & &0 a QQUIED ¢ 0 & Q¢ TQ'ﬁ'ﬂ)'EK:D & 00 0 Q¢ W@ 0
I & el & QO QAT id & 01 ¢ QRLAHO VAT 0 bhi 0 Qi
F HQQQOWEE @b € Ai BVQWI e HOWA w-
()
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The dependent variab#SubVQepresents the counts of subsequent VVC rounds secured by the campaign
after its success in Kickstarter. As before, we also further analyseplealged amount, LinkedIn
alliance, number of backers and numbie€F projects affect theumberof subsequent funding rounds

from — all sources combined#SubFin),crowdfunding platforms onlyf#SubCH, Kickstarter only
(#SubKickstarterand sources other than GFES(UbFin_notCH

Finally we concentrate otine amountraised fromsubsequent rounds of financing and try to examine
the changes in istemmed frompur main explanatory variableBor this purpose, we consider the
following OLS regression model where the dependent varieb{@mount_SubVCis the natural
logarithm of the total amount (denominated in US dollars) raised by the entrepreneur from VCs after
the initial campaign success

0Edae oo DOS )
1 @ eh aQQeR6 ¢ b & 0t REAGWY & 00 b 'REleRO
f a0 0 OO @& i ¢ RRHRHO @BTQI 0 di o Qi
QRO REE GUENTEQADT B HOQNREL @
®3)

Apart from the amount raised form VCs, we ags@mmine how total amoustaised fromall types of
sources combined, crowdfunding platforordy, Kickstarter only and frorsources othehen CF are
affected given the set of explanatory variables and controls.

4. Empirical Results

We present the multivariateesults inTables 5 to 7 summarizing evidence from kbgistic, Poisson
and OLSregressiongespectively Column (i) of Table 5summarizes our results from multivariate
logistic regressions for the determinantSabVC(0/1asin Equation (1)As expected, the coefficients
of logged pledged amouate positivgrow 1), that isin line with Hypothesis 1 (a), we find statistically
significant empirical evidence thaigher pledged amounts sifjoantly raise the probability ajeting
subsequentC financing (significant at 19 level) More precisely, 2.72fold [exp(1)=2.718]risein
logged pledged amouistassociated with a $bincrease in the likelihood of securing future VC rounds.
Funding from other sources are also fountbdcsignificantly affected by the amount pledged. In row
(1) we also se higher pledge significantigises the chances of securiig overall subsequent financing
[column (ii); significant at 1% levél 2. funding from CF platformsnly (column (iii); sighificant at 5%
level) and3. from sources other than CF [column (v), significant at 5% level].

I n rows 2 and 3, we present results of how t he
future fundability. As expected, we find that havingll-connected CEOs or founders is statistically
positively correlated to securing VC funding afterwards (see vai@B@ LinkedIn 500+n column (i)

of Table 5). Although we find no statistically significant impact for the variablkedIn Pagealespite

the coefficients showing the expected positive signs as hypothesized under Hypothesis 2(a), we find th:
the broader networks brought about by CEOs with over 500 connections on LinkedIn greatly impacts
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the probability of attracting future VC rounds. Irhet words, having a CEO or founder with 500+
connections increase the probability of a subsequent VC financing by 112% (significant at a 1% level).
Apart from VC rounds, such CEOs/founders significantly increase the probability of the project
obtaining furs from all sources combined [column (ii)] as well as funds from@iBIsources [column

(iv)].

As proposed under Hypothesis 3(a), we observe a significant and negative relation betwaémothe
of backers)yand theprobability of obtaining future VC routts [row 4 column (i], conforming to the
notion that VCs assign a lower utility to projects with large crovitiss variable was also found to be
negatively impacting (significant at 10% level) the probability of future @Brrounds as well [column

V)]

For the fourth and final set of hypotheses whichlinks e degr ee of an entrep
crowdfunding with the odds of subsequent VC involeain we findno statistically significant effect

[row 5 & 6, column (i)], meaning we cannot reaably conclude that higher number of crowdfunding
projects translates into lower probability that entrepreneur will seek VC funding in future. Hypothesis
4(a) is thus rejected. However, the results in columns (iii) and (iv) show that the higher the number o
CF projects created, the more the entrepreneur is likely to launch subsequent CF campaigns, particular
on Kickstarter a strongly positive relationship significant at 1% level. Each additional number of
successful CF project increases the probabilityfadow-up CF projects being created by the
entrepreneur by 87% [row (5), column (iii)] and that of foHapKickstarter projects by 148% [column

(iv)]. This finding supports thalea thapositiveresponses frorthe crowdfunding market increases an
ente preneur’ s | ikelihood o(Buttibéeetab, 2017 gnpastiallg sipporta | (
our premise for Hypotheses 4¢athat successfully crowdfunded entrepreneurs do and will continue to
use this platform to raise additional financial resources. Although results do not indicate that this patterr
will have an effect onuture VC involvement.

Before moving on to the next step of our analysis, we check for possible cases of multicollinearity. We
calculate the Variance Inflation Factors (VIF) for all the regression scenarios and find that the average
are below the critidavalue of 5 (Burchard et al. 2020yhe maximum is 1.59 and the means range
between1.31 and 1.32The reliability of the regression outputtherefore,is not affected by
multicollinearity.

--- please insert Table &out here--

Table 6showsour results for the Poissaregressions presented in Equation (2) focusing omtimeber

of subsequentunding roundsrom different sourcesWe find no statistically significant effect of
pledged amount on log counts of future VC roufrdsy 1, column (i)]. Assuch, we were unable to
accept Hypothesis 1(b) where we hypothesized ldrgier amount of pledged money is positively
associated witlighernumberof future VC funding roundddowever, we foundhata rise in pledged
amount translates into a statistically significant riselinthenumberof overall subsequent funding
rounds [row (1), column (ij)at 5% levd], 2. thenumberof future CF rounds [column (iiijat 10% levdl
and 3. theaumberof all future rounds other than CF [column,(&) 10% level

Next, we found that theumberof subsequent VC rounds is positively affected by betanected
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CEO or founders. Row (3hows that the difference in the logs of expected counts of future s

is expected to be 1.X0ore for projects with CEOs who have 500+ connections in Linkedin compared
to those with CEOs having connections below the benchmark (significant at 1% é&f¥iekiing in
agreement with Hypothesis 2(b). Similarly, we also found@& O’ s br oader conne
increasing the firm s overal/l nsigmificaatrat Seoflevéfasu t u r
well as the number of rounds other than CF [columpsjghificant at 1% levél Although the variable
LinkedinPgewasn’t found to be significantly affect
(D], we found significantly positive relation between the variable theshumberof future- 1. overall
funding rounds [column (2), significant at 5% level]; 2. cdfwnding rounds [column (iii), at 10%
level] and 3. Kickstarter rounds [column (iv), significant at 1% level], meaning having a LinkedIn page
associated with the campaign has a positive effect on securing future CF rounds, particularly from
Kickstarter.

In agreement with Hypothesis 3(b), our results in row (4) shaignificant decrease (at 5% level) in
thenumberof subsequent VC rounds associated with higher number of bgclkensin (i)] supporting

the notion that VCs’ skepticism towards a | ar
the campaign securdsuture counts of ne€F round were alstoundto be negatively affected by the
variableLn(No. of Backergcolumn (v)].

We find no statistically significant evidence ttghernumber of CF projects createdll negatively
impactthe numberof subsequent VC roungdas depicted in hypothesis 4(b). Rows (5) and (6) presents
the coefficients, however none are istitally significantdespite having the expected negative signs.
As far as the future number of CF projects are concernedindiesimilar results as in Table ®ne
additional successful CF project will raise the difference in the logs of expaateoerof subsequent

CF projects by 0.1frow (6), column (iii), significant at % level] and that of subsequent Kickstarter
projects by 0.14 [row (6), column {ivat 1% level]

--- please insert Table &bout here--

Table 7shows our results for thOLS regressions presented in Equati@) focusing onhow our
independent variables affemtnountraised fromsubsequent funding rounds from different soureés.
find statistical significance fotn(Pledged Amount@xerting positive impact on amount raisednf
future VC rounds [column (i); significant at 5% levelherefore, we accept Hypothesis 1(c) which
stated thatarger collected crowdfunding pledges correlate with higtmeount offollow-up funding
from VCs. Ln(Pledged Amountalso shows a positive legion with funding from 1. all sources
combined [column (ii); at 1% level]2. crowdfunding platforms [column (iii); at 1% levelB.
Kickstarter [column (iv); at 1% levegnd 4 non-CF sources [column (v); at 10% level].

However, we find little evidece in support of Hypothesis 2(c) ashountssubsequently raised from
VCs were not found to be significantly correl
of connections the founder has in LinkedIn [rows (2) & (3), column (i)]. Likewisepatagaised from

ot her sources didn’t de mo nlsnkedisahd€CEGLMkedIs500+Oue g | |
to lack of statistical significance, we rejec
significant relatiorwith the anount raisedrbm VCs afterwards.
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The results of our OLS regressions provide no support for Hypothesis 4(c) either, meaning highel
number of CF projects created have no statistically significant impact oantbantraised from
subsequent VC roundsows (5) & (6), column (i)] However,we found significantly positive relation
betweenNo. of Projects created (Kickstartegnd subsequent amount raised from CF platforms
particularly Kicksarter ¢olumns (iii) & (iv); at 1% level) indicating successfugntrepreneurs take
advantage of serial crowdfunding and manage to raise higher amounts from subsequent CF rounds.

--- please insert Table &bout here--

A closer look at our additional control variables also reveals some interesting patterns asheseow
characteristics affect the firm s future fina
subsequent financing (all sources combined) is significantly negatively affected (at 1% level) when the
project creator is a natural person[§able 5, row (8), column (ii)]. Follovon VC financing and
crowdfunding probabilities were also found to be decreasing when the campaign was run by individuals
instead of a business or organization. One reason could be thatssatalprojects run byne person

or a small group of people meet their goals sooner than{acgés projects that need repeat funding for
product enhancement. However, further analyses are necessary to understand the dynamics of tt
argument.

The results also indicate a stgpnegative relationship between goal size and futuwevdfunding
outcomes. We find that a higher goal amount significantly redbe@simberof subsequent financing
rounds from all sources combined (at 1% level). The negative association is everr satohyelevel)

when it comes to theumberof future crowdfunding campaigns especially in Kickstarter [Table 6, row
(20), columns (iii) and (iv)) The negative association persists in case gbtbeability of getting future
rounds as well. Theesultsof thelogit regressionn Table 5showthatthe higherthe goal, the moreit
reduceshelog-oddsof having subsequent CF or subsequent Kickstarter rounds (significant at 5% level).
One possible explanation of this pattern may lie in the fackthat k st ar t e r -ofNwlt Ihd wmgy ”
(AON) financing model. Entrepreneurs that ssdfect into the AON model do so in ordersignalto
thecrowdthattheyarecommittedto only undertakeheprojectif enoughcapital israisedwhichreduces

thec r o widk trmtundercapitalizegbrojectswill beundertakenasunder t he “ Keep
model. The AON model, therefore reduces the risk to the crowd, thereby endidifgON
entrepreneuridirms to sethighergoals.As aresult,theseAON campagnsare more likely to achieve
their goal, despite the fact that their goals are larger on average (Cumml20éB).Thustheyraise
moremoneyin eachcampaignmeaningheyaremorelikely to reach theioverallprojectgoalfasterin
fewerroundswhichtranslatesnto lessemeedof runningfuture campaigns.

We also find femaklded projects to have a significantly negative relationship with subsegueriier

of crowdfunding, particularly Kickstarter, campaigns [Table 6, row (7)]. Similarlyatheunt raised

from these campaigns are also negatively affected by the gender of the entrepreneur being female. Tat
7, row (7) show a statistally significant decrease of @®00 USD in raisedmountfrom subsequent
crowdfunding campaigns for women entrepeurs compared to male entreprenéaird % level) and

a significant 900,000 USD decrease (at 1% level) in the amounts raised from future Kickstarter
campaigns for females. The possible explanation for this subsequent decreasanmigr@ndamount

of follow-on crowdfunding could be a mix of a shift in perception towards female founders and the
femal e entrepreneur s’ c h o iomen, iroparticuldr, dhave an advahtagen d

18



of the gender bias where thaye deemed more trustworthy §iness owners than ménparticularly
among the younger millennial and Gen X generatibres pattern that has translated into the recent
finding that campaigns led by women are 32% more successful than those led'hyinmafdition to

this high success rate, femaletrepreneurs selecting Kickstarter to run their campaign, hence the AON
platform,is a clear signal to the crowd that the entrepreneur commits not to undertake thefproject
enough is raised, whiatedwces the risk to the crowd herefore, on a similar note as to our previous
argument, this enables theim set higher goals, raise more money, and be maoeby lth reach their
stated goals faster, creating the abovementioned negative relationship.

5. Discussions and Limitations

The purpose of this study is to investig#te factors driving/Cs responses to initiatrowdfunding
success ofariousKickstartercampaigs. In spite of running a successful campaign the prospect of lack
of VC funding afterwards #t remains considerably highWe therefore attempted to identify certain
characteristics of successful campaigns that either send investment quality signals to VCs or pos
uncertaintiesDrawing from the previous works on signaling theory, we slaogerpublic investments

(i.e. pledge amountgignal greatepublic confidence, meaning markedlidation is revealed by the
amount of money raised in the campaiganslating into significantisein the probability andamount

of subsequent VC financinVed s o f i nd trbfessiondl aonnactoas (is LinkedIn) factor
in the venture’s future funding succesppvidby e
additional information tgotentialinvestorsVC investorsfor a better evaluation @he quality of the
products. In other words$aving well-connected CEOsr founders(in LinkedIn) were found to be
significantly positively correlated ttoth theprobability (of securing andnumberof subsequent VC
rounds.Statistically significant radts were found supporting our hypothesis M@k tend to devalue

a large crowdf backers, presumably dueftdure market loss concerrBoth theprobability and the
numberof follow-on VC rounds were negatively affected by a high number of backers although no
significant link was found between backer size anmuntgaised from followon VC rounds.

We additionally hypothesized theCs might still accept a large backease if the addressable market

for the product concerned is big enough in the beginning rendering the initial revenue loss as a result
the campaign negligible; and rather be skeptic of a large crowd with low contribution per. bracker
Table 8 we presénthe regression results where the variable. of Backerswas replaced by

e previous research i n twhthattypeallyinvesters wilbinvdsttinarien, lseeatise thay giewh a s
them to be more competent But what we found in crowdfunding is that
because this is such an ear | yswhethargrenotiana fundep yootjug the individuala t
behind it. And women, in particular, have an advantage because the gender bias amongst particifhettevarasn are

mor e tr ust woIRedalyStevemsom assisant professor of managamemntrepreneurship, Kelley School of
Business, Indiana University, in an interview with Moneyish.

Reference linkhttps://nypost.com/2018/05/14/wiwomen-aremorelikely-to-be-fundedon-kickstarter/

BAccording to a recent study (2017) from payroll and HR solutions site Paychex. Reference link:
https://www.paychex.com/articles/startup/winadkesmicrobusinessesustworthy

4 "Women unbound: Unleashing faie entrepreneurial potential: report WricewaterhouseCooperguly 2017).
Reference link: https://www.pwc.com/gx/en/about/diversity/womenunbound.html.
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Backers(Q4)xPledge(Q1) test whether campaigns with the number of backers at the highest 25
percentile and pledges at the lowest pBrcentile affect the VCs decision to partwith the campaign.

We find no significant effect of our interaction variable on phebability and numberof subsequent

VC funding rounds (Models 1 and 2). However, results of the OLS regression show a positive
association between campaigns with largenber of backers but low pledges and the subsequent
amountraised from VCs (significant at 5% level)he VIFs are below theritical threshold and show

no sign of multicollinearity.

--- please insert Table 8bout here--

Switching our focus on to the f oundeserialgreatorsc e n
with backto-back crowdfundinguccess are more likely gmin selt-confidenceabouttheir execution

ability. We show that higher number of prior sucfglssampaigns translates into highmobability,
numberand size of subsequent crowdfunding rounds. However this strong association was not found tc
be negatively affecting the degree of future VC involeat, as initially hypothesized, so we cannot
reasmably conclude that higher CF success rendesshing by VC less attractive entrepreneurs.

This study also sheds | ight on t he [Pledgedneount pi
was not only found to be boosting thbability of obtaining subsequent VC funding, but also funding
from all types of sources combined (e.g. crowdfunding, seed funds, angel investors, venture capitalist:
equity crowdfunding, debt financing and others). Mhenberandamountraised from all these sates

were also found tbesignificantly positively associated with high pledg&s.expected, the results also
show that higher the pledge, haglthe number of subsequent crowdfunding rounds and the amount
raised through them, meaning successful entrepirsrcapitalizing on their initial campaign successes.

Consi stent with previous research, similar p
Probabilityof t he firm’s subsequent frnedwdsifonng toexpariendes f
a 646 rise [Table 5, column (ii)] thanks to the presence of a CEO%@+ connections in LinkedIn
Similarly, we also found that CEO’s br cmamberr c ¢
of future funding roundsNumberof funding rounddrom noncrowdfunding sources also riséth

having CEOs who have 500+ connections in LinkedIin compared to those with CEOs Ffewirg
connectionsNumber of backers was found to be negatively affectingotbbability and numberof
obtaining future notCF rounds whereas high number of prior successful campaigns was found to be
significantly raising thgrobability, numberand amountof subsequent CF (particularly Kickstarter)
rounds. Both these findings complement each other by allowing us to conclutlesubeessful
entrepreneurs do go back to the crowd for their future financial needs.

There are some limitations in our study, which may, however, offer opportunities for future research.
Perhaps the mosmportant limitationstems fromthe fact that we usg manual searchdse track VC
funding histories of sample firms. In additiondmwsing numerous news articles, company websites
and | nv e-9ate pedainingbtd tbegproject, company or entrepreneur(s) in queseoalso
utilized Crunchbasea site that stores information startup activity andracks riskfinancing within

and across countriemcludingthe number of investors involveohd the type (e.g., VC, business angel
private equityetc). Full access for academic research on phasform isconditional on applying for a
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license which limited our information on subsequ&t@ fundingrounds thatve extracted from the site.
Gaining complete access would have made more funding data available and allowed us to create a rich
datasetor this study

Another limitation is that this study is based on the sample from one single crowdfunding platform
Kickstarter,and utilizesthe campaignsaising at least five hundred thousand (500,000) US daitars

the fieldsof design, games and teaflogy. We know that many crowdfunding platforrisdiegogo,
Crowdfunder UK, RocketHub etchpve different features that might afféfoé campaign coverage, the
amount raised, and even its success or failudelitional studies with crowdfunding projeaollected

from multiplerewardbasedplatforms should hence be done to test the robustness of our results across
platforms. Beyond rewarébased platformscrowdfundinghas also expanded into many different
directions in thepast decadeincluding peeito-peer lending, real estatelonation and equity
crowdfundingplatforms.Of course, each of these platforms have their ovquafeatures which could

bring additional insights. This presents an interesting opportunity for future research.

Anotherpossible extension of this study could be incorporating the geogrefiats on VC funding
since, aong avariety offactors, proximity to funders has bestmongly Inked to receivingzenture
capital funding Agrawal et al., 2011; Chen et al., 20Buart and Sorenson, 20Q3#ue tothe need of
investors to monitor their investmenicherefore, introducing the big city clustering effect as a control
alongside industry fixed effects may shed some light on hevgéographic region (state) of the start
up under analysiaffect its VC funding success.

Not all successful crowdfunding leads to the succedsfigdlopmenand deliveryof goods and services
Crowdfunded projects are atkisf delays, or even failure ihitial resource endowmenfsoveto be
inadequate Overfunded projectsaare even morevulnerable to dely, likely due to the increased
complexity and expectations associated with large pro{&tidlick 2014). Colombo & Shafi (2016)
showed that, on-VC backedfirms that show delay in deliverintgeir product are less likely to receive
initial external financing unless there is positive crowd feedbasldelays are common, it would be
interesting to include the degree of del ay as
future fundability.

Lastly, aswe have shown, raising more money with more backers from crowdfunding can sometimes
adversely affect access to V@dincing, a interesting fuire research question could lb@w to design
campaigns to produce the most desirable outcomes for the entrepreneur.

6. Conclusion

For startups, a successful campaign could generateifigignt opportunities to accessdditional
funding resourcesThis paper contributes to advancing aumderstanding ofhow a successful
Kickstarter campaign may determinest@artup  $ollow-on fundraising performance, with a special
focus on future VC financingh 1% increase in the annual number of Kickstarter campaigns in one year
leads to a 0.097% increase in the annual number of VC investments in the following year, a 0.092%
increase in the subsequent year, and about a 0.067% increase in the thigbreresa et al.,2016)

No doubt, sccessful campaigndo address the attention of VChat is, where the crowd provides
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signalsthrough aggregted investments, the VC markespondsHowevera successful campaign does
not necessarily guarantee the support 66¥ndit is vital to explore factors that have a considerable
impad ontheirinvestment decision¥Ve draw a picture of a financing e@ystem where not only \&C

pay a great deal of attention to thenture quality and level of uncertainty that the finonsvide but
alsot he entrepreneurs’ I n c e rkeyirole.eurtfimings offer knpovta@t f u r
implications for crowdfunding entrepreneurseekingfuture endorsements from VC3he results
indicate that setting the right target that mazxes pledges crucialand maintaaing a robust network

on LinkedInis intelpreted as a strong quality sign@ince a large backer base was found to be negatively
impacting the chances and number of future VC involvendesigning an efficient reward structure to
encourage higher contribution per backer might prove to be benéfitgabelieve however that the

list of the hypotheses used for this study is not exhaustiveudack fresearch can contribute to our
understading of the interconnection betwetirese two markets.
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Table 1: SampleSelection

This table shows the campaign categories, as weétleasumber of campaignand amounts raised in USD (Vah millions) for each respeisie
year between 2010 and 2017 (panglRanel Bshows the distribution afampaigns across differecuntries.

Panel A

Business Category 2010 Vol. 2011 Vol. 2012 Vol. 2013 Vol. 2014 Vol. 2015 Vol 2016 Vol. 2017 Vol. Total Total
3D Printing 0 - 0 - 0 - 2 2.07 5 7.77 2 3.55 3 2.78 3 3.55 15 1972
Architecture 0 - 0 - 0 - 0 - 0 - 0 - 1 0.68 1 0.51 2 1.19
Camera Equipment 0 - 0 - 1 0.55 0 - 2 2.68 4 2.83 4 2.72 5 6.81 16 15.59
Design 0 - 0 - 0 - 3 2.20 1 0.75 3 3.15 0 - 8 3.16 10 9.26
DIY Electronics 0 - 0 - 2 1.12 2 1.21 2 1.25 0 - 2 1.39 0 - 8 4.97
Fabrication Tools 0 - 0 - 0 - 0 - 1 0.63 2 1.70 2 241 2 2.01 6.75
Flight 0 - 0 - 0 - 0 - 2 2.16 1 0.88 0 - 0 - 3 3.04
Gadgets 0 - 0 - 0 - 1 0.50 1 0.65 9 8.72 11 8.38 8 8.20 30 26.45
Games 0 - 0 - 1 0.73 1 0.56 0 - 0 - 0 - 0 - 2 1.29
Gaming Hardware 0 - 0 - 2 11.03 1 1.11 0 - 0 - 1 0.50 0 - 4 12.64
Graphic Design 0 - 0 - 0 - 1 0.59 1 0.80 0 - 0 - 0 - 2 1.39
Hardware 0 - 1 0.83 2 1.41 11 10.30 15 12.95 9 9.79 11 12.56 3 2.08 52 49.93
Playing Cards 0 - 0 - 0 - 0 - 0 - 0 - 0 - 1 0.63 1 0.63
Product Design 1 0.94 0 - 9 16.72 12 11.33 12 23.83 28 39.75 46 46.23 25 30.21 133 169.02
Robots 0 - 0 - 0 - 0 - 0 - 4 341 0 - 1.15 5 4.56
Software 0 - 0 - 0 - 0.75 0 - - 1.08 0 - 2 1.83
Sound 0 - 0 - 0 - - 2 6.90 0.81 1003 3.42 12 21.17
Space Exploration 0 - 0 - 0 - 1.51 1 1.05 2 1.96 - 0 = 4 4.52
Tabletop Games 0 - 0 - 4 5.65 10 11.64 2 1.82 11 20.52 20 25.87 11 12.06 58 77.57
Technology 0 - 0 - 5 6.54 4 3.19 4 5.05 11 13.46 9 11.46 2 1.37 35 41.07
Video Games 0 - 0 - 20 27.16 19 26.04 4 3.97 11 22.36 4 3.84 3 4.76 61 88.12
Wearables 0 - 0 - 0 - 0 - 2 1.47 5 5.66 9 9.84 4 8.09 20 25.07
Web 0 - 0 - 0 - 0 - 1 541 0 - 0 - 0 - 1 5.41
Total 1 0.94 1 0.83 46 70.92 69 73.00 58 77,00 103 138.58 131 139.77 74 88.02 483 591.23
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Panel B

Country
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Table 2: Variable Descriptions

This table gives a detailed description of all the dependent and main explanatory variables along with the
additional controls used in our analysis.

Variable name

Description

DependenVariables

SubVC (0/1)

SubFin (0/1)

SubCF (0/1)

SubKickstarter (0/1)

SubFin_notCF (0/1)

#SubVC

#SubFin

#SubCF

#SubKickstarter

#SubFin_notCF

Dummy variable indicating whether a campaign secured VC funding aft
crowdfunding success that equals 1 if a VC round is recorded for a cam
and O otherwise.

Dummy variable indicating whether a campaign sectirehcing of any kind
(e.g. crowdfunding, VC, angel, seed, equity crowdfunding, debt etc.) aft
crowdfunding success that equals 1 if a financing round is recorded
campaign, and O otherwise.

Dummy variable indicating whether @ampaign raised funds from
crowdfunding platform post its crowdfunding success that equals 1 if a CF
is recorded for a campaign, and O otherwise.

Dummy variable indicating whether a campaign raised funds from Kickst
post its initial crowdfunding success that equals 1 if a Kickstarter rour
recorded for a campaign, and O otherwise.

Dummy variable indicating whether a campaign raised funds from a source
than a crowdfunding platform post #sowdfurding success that equals 1 if su
a norCFround is recorded for a campaign, and 0 otherwise.

Total number of VC rounds secured by the campaign after its crowdful
success.

Total number of financing rounds secured by taempaign from all types c
sources (e.g. crowdfunding, VC, angel, seed, equity crowdfunding, debt etc
its crowdfunding success.

Total number of subsequent crowdfunding campaigns successfully conduc
the campaign creators after theiowdfunding success.

Total number of subsequent Kickstarter campaigns successfully conducted
campaign creators after their crowdfunding success.

Total number of subsequent financing rounds the campaign secured fr
sources other thadnom a crowdfunding platform after the initial success.
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Ln(Amount_SubVC)

Ln(Amount_SubFin)

Ln(Amount_SubCF)

Ln(Amount_SubKickstartet

Ln(Amount_SubFin_notCF

Natural logarithm of the total amount raised from subsequent VC rotiods
roundsin other currencies, the USD equivalent is calculated based on the exc
rateon the day the round was secured.

Natural logarithm of the total amount of subsequent financing received fro
types of sourcege.g. crowdfunding, VCangel, seed, equity crowdfunding, de
etc.) after the crowdfunding succe&®r amounts in other currencies, the U
equivalent is calculated based on the exchangeoratbe day the amount we
raised.

Natural logarithmof the total amount raised from subsequent crowdfun:
campaigns after the initial campaign succEss.campaigns with amounts in oth
currencies, the USD equivalent is calculated based on the exchangetfaalay
the campaign successfully ended.

Natural logarithm of the total amount raised from subsequent Kicksl
campaigns after the initial campaign succEss.campaigns with amounts in oth
currencies, the USD equivalent is calculated based on the exchanyethateay
the campaign successfully ended.

Natural logarithm of the total amount raised from all subsequent financing r«
except from a crowdfunding platfornf-or rounds with amounts in othe
currencies, the USD equivalent idadated based on the exchange cat¢he day
thefunding was raised

Independent Variables

Ln(Pledged Amout

LinkedIn Page

CEOLinkedIn508

Ln(No. ofBacker3

Backers(Q#xPledge(Q1)

No. of Projects Createl
(Kickstarter)

No. of all CF Projects

Natural logarithm of the total amount raiséd USD) by the campaignFor
campaigns with amounts in other currencies, the USD equivalent is calc
based on the annual average exchange rate (corresponding to the y
campaign was launched).

Dummy variable that equals 1 if a link to a LinkedIn pageociated with th
campaign or thatf the creator(s) is provided, and 0 otherwise.

Dummy variable that equals 1tiie campaigrCEO or founder (if no CEO i
mentioned) has 500 or more contacts on LinkedIn, and 0 otherwise.

Natural logarithm of théotal number of backers of the crowdfunding projec

Dummy variable that equals 1 if a campaign has the number of backers
highest 2% percentile and the pledged amount in the lowe$t@scentile, anc
0 otherwise.

Total number ofKickstarterprojects created by the creator since joining
portal.

Total number of crowdfunding projects created by the creator in gll&@@forms
including Kickstarter.
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Additional Controls

Female Creator Dummy variable that equals 1 if the project cre@ids a female, and 0 otherwis

Natural Person Dummy variable that equals 1 if the project creator is one/more than one r
person(s), and O otherwise.

No. of Projects Backe Total number ofKickstarterprojects backed by the creator since joining
(Kickstarter) portal.

Ln(Goal Amount) Natural logarithm of the funding goal (in U$Bet by the creator of the proje
before the start date of the campaifior campaigns with amounts in oth
currencies, the USD equivalent is calculated based on the annual a
exchange rate (correspongito the year the campaign was launched).

Duration Number of days between the

Projects We Love Dummy variable that equals 1 if the projixtmarked a“Pr oj ect W
Kickstarter, and O otherwise.
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Table 3: Summary Statistics

This table gives descriptive statistics (mean, standard deviation, min, and max) for the full sample (483
campaignsghown in Table 1All variablesshown in this tablare considered in subsequent gseé for

testing our hypothesesexcept forthe variables caerning the amount raised from various sources
(variables11 to 15) (seeTable 2for variable descriptionsjvhose natural logalims are used in our
regressions. Similarly the statistics ledged Amount (USDand Goal Amount (USDare also reported

using their nominal values instead of their log values.

Variable #0Dbs. Mean Std. Dev. Min. Max.
Dependent Variables
(1) Sub/C (0/1) 483 0.13 0.34 0 1
(2) SubFin (0/1) 483 0.54 0.50 0 1
(3) SubCF (0/1) 483 0.43 0.50 0 1
(4) SukKickstarter(0/1) 483 0.28 0.45 0 1
(5) SubFin_notCHO0/1) 483 0.16 0.37 0 1
(6) #SubVvC 483 0.17 0.47 0 3
(7) #SubFin 483 1.11 2.21 0 28
(8) #SubCF 483 0.90 2.16 0 27
(9) #SubKiclstarter 483 0.68 2.11 0 27
(10)#SubFin_notCF 483 0.21 0.52 0 3
(11) Amount_SubVC 483 1,859,920 7,750,019.58 0 91,000,000
(12) Amount_SubFin 483 7,064,186 86,255,584.25 0 1,880,717,867
(13) Amount_SubCF 483 854,172 2,792,630.51 0 37,449,489
(14) Amount_ SubKickarter 483 541,311 2,611,793.24 0 37,449,489
(15) Amount_SubFin_notCF 483 6,210,014 86,174,904.81 0 1,880,000,000

Main Explanatory Variables

(16) Pledged Amount 483 1,224,069.56 1,290,033.30 500,784 13,285226

(17) LinkedIn Page 483 0.76 0.43 0 1

(18) CEOLinkedI®00+ 330 0.75 0.43 0 1

(19) No. of Backers 483 10,573.09 17,424.68 211 219,382

(20) No. of Projects Creater 483 2.19 2.81 0 28
(Kickstarter)

(21) No. of all CF Projects 483 1.40 2.75 0 27
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Table 3 Summary Statistics( Cont 6 d)

Variable #Obs. Mean Std. Dev. Min. Max.
Additional Control Variables

(22) FemaleCreator 395 0.11 0.31 0 1

(23) Natural Person 483 0.18 0.38 1

(24) No. of Projects Backe 483 21.28 43.09 0 328

(Kickstarter)

(25) Goal Amount 483 160,446.87 254,072.76 5,000 2,004,811.55

(26) Duration 483 37.18 9.65 16 60

(27) Projects Wd_ove 483 0.64 0.48 0 1
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Table 4: Correlation Matrix

This table shows the Pearson correlation coefficients for the empianatory variableand the additional controléll of the following variables
areconsidered in subsequent analy®egsesting our hypotheses (sEable 2for variable descriptions) except for Pledged Amount (USD) and Goal
Amount (USD) whose natural logarithms are used in our regressionst™ and * indicatestatistical significane at least ah 1%, 5% and 10%
level respectively

@ 2 3 “4) ®) (6) ) 8 ) (10) 11) 12)
(1) PledgedAmount 1
(2) LinkedInPage 0.07 1
(3) CEOLIinkedIn500 0.04 0.57** 1

(4) No. ofBackers 0.68** 0.04 000 1

(5) No. of Projects -0.05 -0.02 -0.05 0.01 1

Created (Kickstarter)

(6) No. of all CF -0.05 -0.02 -0.04 -0.01 0.97** 1
Projects

(7) FemaleCreator  -0.12** 0.06 0.02 -0.04 -0.09 -0.09 1

(8) Natural Person  0.06 -0.01 0.01 0.09** 0.11+ 0.09* -0.23** 1

(9) No. of Projects 0.15** 0.06 0.08 0.27** 0.40** 0.38** -0.02 0.2 1

Backed(Kickstarter)

(10) Goal Amount 0.07 0.03 0.04 0.10* -0.08 -0.10* 0.00 -0.09 -003 1

(11) Duration 0.04 -0.01 0.07 -0.06 -0.07 -0.03 0.00 -0.02 -0.02 -0.11* 1
(12)ProjectsWelLove 0.09* 0.18** 0.07 0.13** 0.05 0.00 -0.10%* 0.00 0.08 0.11* -0.19** 1

37



Table 5: Multivariate Analysis of factors affectingthe probability of subsequent financing

In this table, we apply logistic regressions to analyze how the factors surrounding a successful Kickstarter campaigisaéfeent funding, particularly future

VC investments. The dependent variables for models (i), (ii), (iii), (iv) and (\$at¥ G SubFin SubCF, SubKickstartemndSubFin_notCHespectively, all of
which equal 1 ifunding from the respective source was obtajraadl 0 otherwiseUnder each model, two sets of results are reported since variables (5) and (6)
were used separately avoid multicollinearity. ***, ** and * indicate statistical significance at the 1%, 5%, and 10% levels, respectively.

0 (i) (iii) (iv) V)

Main Explanatory Variables

(1) Ln(Pledged Amount) 0.55* 0.54 0.58** 0.66** 0.48** 0.58** 0.20 0.11 0.66* 0.66*
0.33 0.33 0.22 (0.25 (0.23) (0.28) 0.29 0.3) (0.3) (0.3)

(2) LinkedIn Page 0.64 0.62 0.04 -0.03 0.05 -0.04 0.43 0.28 0.70 0.70
(0.71) (0.71) (0.30) (0.34) (0.32) (0.38) (0.46) (0.47) (0.62 (0.62

(3) CEOLinkedIn500+ 1.12%* 1.120%* 0.64* 0.72* 0.16 0.15 0.20 0.07 1.08** 1.08**
(0.40) (0.40) (0.26) (0.28) (0.27) (0.32) (0.35) (0.37) (0.36) (0.36)

(4) Ln(No. of Backery -0.35 -0.35 -0.16 -0.21 -0.12 -0.17 -0.02 -0.03 -0.32 -0.32
0.19 0.19 0.13 (0.15 0.13 0.19 0.19 0.18 (0.18 (0.18

(5) No. of Projects Createc 0.05 0.70** 0.87** 1.48** 0.07
(Kickstarter) (0.07) (0.12) (0.13) (0.18) (0.06
(6) No. of all CF Projects 0.03 1.3 1.8T* 1.4 0.07
(0.07) (0.15) (0.19) (0.16) (0.06)
Additional Controls

(7) Female Creator -0.37 -0.38 -0.09 -0.08 0.18 0.30 -0.37 -0.60 -0.32 -0.33
(0.40) (0.40) 0.28 (0.30) 0.28 (0.34) (0.39) (0.40) (0.37) (0.37)

(8) Natural Person -1.12 -1.13 -0.90** -1.00** -0.61* -0.67 -0.87* -0.71 -0.86 -0.86
(0.61) (0.61) (0.31) (0.35) (0.32) (0.38) (0.43 (0.45) (0.55) (0.55)

(9) No. of Projects Backec 0.00 0.00 0.00 -0.01** -0.01 -0.02** -0.01* -0.01* 0.00 0.00
(Kickstarter) (0.00 (0.00 (0.00 (0.00 (0.00 (0.0 (0.00 (0.00 (0.0 (0.0
(10) Ln(Goal Amount) 0.29 0.28" -0.08 0.07 -0.23* -0.07 -0.38* -0.36** 042+ 0.43**
(0.19 (0.19 (0.10) (0.11) (0.11) (0.13) (0.15) (0.16) (0.16) (0.16)

(11) Duration -0.01 -0.01 0.01 0.01 0.00 0.00 -0.01 -0.01 0.00 0.00
(0.02) (0.02 (0.01) (0.01) (0.01) (0.01) (0.02) (0.02) (0.02) (0.02)

(12) Projects We Love 0.42 0.43 -0.02 0.23 -0.24 0.03 0.12 0.66* 0.39 0.41
(0.37) (0.37) (0.24) (0.27) (0.29 (0.29) (0.39 (0.37) (0.35) (0.35)
(13) Constant -13.31** -13.05** -7.68** -10.07** -4.53 -7.54** -3.45 -1.68 -17.42 -17.44
(4.39 (4.39 (2.76 (3.09 (2.82 (3.39 (3.63 (3.78 (4.29 4.23

Year Fixed Effects Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes

Industry Fixed Effects Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes

Observations 480 480 480 480 480 480 480 480 480 480
Pseudo R 0.23 0.23 0.16 0.29 0.20 0.40 0.43 0.48 0.25 0.25
Variancelnflation Factors(mear) 1.32 1.31 1.32 1.31 1.32 1.31 1.32 1.31 1.32 1.31
Variancelnflation Factors(max 1.59 1.59 1.59 1.59 1.59 1.59 1.59 1.59 1.59 1.59

38



Table 6 Multivariate Analysis of factors affectingthe numberof subsequent financing

In this table, we apply Poisson regressions to analyze how the factors surrounding a successful Kickstarter campdigmaffésrtsubsequent funding,
particularly that of future VC invésients. The dependent variables for models (i), (ii), (iii), (iv) and (v) Se¥C #SubFin #SubCF #SubKickstarterand
#SubFin_notCHespectively. Under each model, two sets of results are reported since variables (5) and (6) were used sepaidtehyltaccalinearity. ***,

** and * indicate statistical significance at the 1%, 5%, and 10% levels, respectively.

0 (i) (iii) (v) V)

Main Explanatory Variables

(1) Ln(Pledged Amount) 0.34 0.3 0.23** 0.25** 0.19* 0.22* -0.02 -0.01 0.39* 0.39*
(0.23 (0.23 (0.10 (0.10 (0.11) (0.11 (0.13 (0.19 (0.2 (0.2
(2) LinkedIn Page 0.66 0.67 0.29** 0.31* 0.30* 0.32** 0.58*** 0.58* * 0.68 0.68
(0.67) (0.67) (0.15 (0.15 (0.15 (0.1 (0.19 (0.19 (0.58) (0.58)
(3) CEOLinkedIn500+ 1.10** 1.10%* 0.23* 0.23* 0.03 0.03 -0.04 -0.04 1.01%* 1.01%*
(0.35 (0.35 (0.1) (0.1) (0.13 (0.13 (0.15 (0.15 (0.3) (0.3)
(4) Ln(No. of Backery -0.30% -0.30%* -0.11* -0.10 -0.10 -0.09 -0.02 -0.01 -0.24** -0.24
(0.13 (0.13 (0.0 (0.09 (0.07 (0.07 (0.08 (0.08 (0.12 (0.12
(5) No. of Projects Createc -0.02 0.14¢x* 0.15** 0.14** 0.00
(Kickstarter) (0.07) (0.01 (0.0 (0.01 (0.06)
(6) No. of all CF Projects -0.04 0.15~** 0.16** 0.15** 0.00
(0.07) (0.09 (0.0 (0.0 (0.06)
Additional Controls
(7) Female Creator -0.46 -0.47 -0.21* -0.23 -0.21 -0.24 -0.52%** -0.57*** -0.33 -0.33
(0.29 (0.29 (0.12 (0.12 (0.19 (0.19 (0.18 (0.18 (0.26 (0.2
(8) Natural Person -1.27** -1.28* -0.41%** -0.39%** -0.30** -0.29* -0.30* -0.29* -0.98** -0.98**
(0.55) (0.55 (0.13 (0.13 (0.19 (0.19 (0.1 (0.1 (0.49 (0.49
(9) No. of Projects Backec 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
(Kickstarter) (0.00 (0.00 (0.00 (0.00 (0.00 (0.00 (0.00 (0.00 (0.00 (0.00
(10) Ln(GoalAmount) 0.11 0.09 -0.14%** -0.11** -0.27%* -0.24%** -0.35** -0.33** 0.21* 0.22
(0.12 (0.12 (0.05 (0.05 (0.06 (0.06 (0.0 (0.07 (0.1 (0.11)
(11) Duration 0.00 0.00 0.01* 0.01 0.01* 0.01* 0.01 0.01 0.00 0.00
(0.01) (0.01) (0.00 (0.00 (0.01) (0.01) (0.0 (0.01) (0.01) (0.01)
(12) Projects We Love 0.31 0.30 -0.12 0.09 -0.25** -0.21* 0.13 0.11 0.33 0.33
(0.29 (0.29 (0.1) (0.1) (0.12 (0.12 (0.15 (0.15 (0.26 (0.2
(13) Constant -17.15 -16.95 -0.51 -0.93 1.39 0.80 3.96** 3.63* -20.77 -20.79
(817.99 (817.49 (1.3) (1.32 (1.495 (1.46 1.73 1.79 (1432.42 (1432.3%
Year Fixed Effects Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Industry Fixed Effects Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 482 482 482 482 482 482 482 482 482 482
Pseudo R 0.23 0.23 0.33 0.35 0.37 0.40 0.49 0.50 0.24 0.24
Variance Inflation Factors (mean 1.32 1.31 1.32 1.31 1.32 1.31 1.32 1.31 1.32 1.31
Variance Inflation Factors (max) 1.59 1.59 1.59 1.59 1.59 1.59 1.59 1.59 1.59 1.59
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Table 7: Multivariate Analysis of factors affecting theamountof subsequent financing

In this table, we apply OLS regressions to analyze how the factors surrounding a successful Kickstarter campaign aftecittheised from subsequent
fundingin millions). The dependent variables for models (i), (ii), (iii), (iv) and (v) ardAmount SubVC)Ln(Amount_SubFin)Ln(Amount_SubCF)
Ln(Amount_SubKickstartegndLn(Amount_SubFin_notCFgspectively. Under each model, two sets of resultseg@rted since variables (5) and (6) were used
separately to avoid multicollinearity. ***, ** and * indicate statistical significance at the 1%, 5%, and 10% levelstivegpec

0 (i) (iii) (v) V)

Main Explanatory Variables

(1) Ln(Pledged Amount) 0.86* 0.83* 0.94** 0.93** 0.97** 0.97** 0.72* 0.70* 0.69 0.66"
(0.32 (0.32 (0.20) (0.20) (0.18) (0.18) (0.23) (0.23) (0.37) (0.39

(2) LinkedIn Page 0.64 0.55 0.15 0.15 -0.02 -0.03 -0.03 -0.02 0.53 0.47
(0.995 (0.99 (0.30) (0.30) (0.26) (0.26) (0.35) (0.35) (1.23) (1.23

(3) CEOLinkedIn500+ 0.56 0.54 0.17 0.17 -0.14 -0.14 -0.17 -0.18 -0.12 -0.15
(0.47) (0.47) (0.24) (0.24) (0.22) (0.22) (0.26) (0.27) 0.57 (0.57)

(4) Ln(No. of Backery 0.19 0.18 -0.15 -0.15 -0.12 -0.12 0.00 0.00 0.15 0.16
(0.20) (0.20) 0.12 0.12 0.1) 0.1) (0.13 (0.13) (0.29 (0.29
(5) No. of Projects Createc 0.06 0.05 0.06* 0.09+** 0.09
(Kickstarter) (0.06) (0.03) (0.03) (0.03) (0.07)
(6) No. of all CF Projects 0.05 0.04 0.08** 0.08** 0.08
(0.06) (0.03) (0.03) (0.03) (0.07)
Additional Controls

(7) Female Creator -0.17 -0.21 -0.21 -0.22 -0.43 -0.43* -0.90** -0.97+** 0.40 0.36
(0.38) (0.38) (0.24) (0.24) (0.23 (0.22) (0.30) (0.30) (0.46) (0.45
(8) Natural Person 0.47 0.42 -0.53 -0.52 -0.19 -0.18 -0.44 -0.43 -0.26 -0.33
(0.80 (0.80 (0.29) (0.29) (0.24) (0.24) (0.31) (0.31) (0.86 (0.86

(9) No. of Projects Backet -0.01 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
(Kickstarter) (0.01) (0.01) (0.00 (0.00 (0.00 (0.00 (0.00 (0.00 (0.01) (0.01)

(10) Ln(Goal Amount) 0.09 0.09 0.22* 0.22 -0.02 -0.01 0.02 0.02 0.36 0.38
(0.19) (0.20 (0.10) (0.10) (0.09) (0.09) (0.11) (0.11) (0.24) (0.24)
(11) Duration -0.03 -0.02 0.00 0.00 0.02 0.02 0.01 0.00 -0.04 -0.03
(0.02) (0.02) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.02) (0.02)

(12) Projects We Love 0.04 0.08 0.05 0.07 -0.19 -0.16 -0.29 -0.25 0.18 0.22
(0.46 (0.46 (0.23) (0.23) (0.20) (0.20) (0.27) (0.27) (0.52) (0.52

(13) Constant 0.36 1.07 0.46 0.62 1.82 1.68 4.44 4.70 0.95 1.61
(4.58 (4.52 (2.89 (2.84) (2.5) (2.48) (3.10 (3.1) (5.1) (4.99

Year Fixed Effects Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Industry Fixed Effects Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes

Observations 65 65 259 259 208 208 139 139 78 78
AdjustedR? 0.22 0.21 0.17 0.17 0.18 0.19 0.28 0.27 0.06 0.06
Variance Inflation Factors (mean 1.32 1.31 1.32 131 1.32 1.31 1.32 1.31 1.32 1.31
Variance Inflation Factors (max) 1.59 1.59 1.59 1.59 1.59 1.59 1.59 1.59 1.59 1.59
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Table 8 Multivariate Analysis of factors affecting theprobability, numberand amount of
subsequent/C financing

In this table, we apply logistid®oisson and OL&gressiong Models 1,2 and 3respectivelyto analyze
how the factors surrounding a successful Kickstazéanpaign affect subsequevC investmentsWe
replace the variabldo. of Backersvith Backers(QJxPledge(Q1}o capture the effect of a hidlacker
low-pledge campaign afeV C s ’ d eThe depemdens varialddor modelsl, 2 and 3areSubVC#
SubVCandLn(AmountSubVC)respectively SubVCequalsl if funding from thevCs wasobtained and

0 otherwise***, ** and * indicate statistical significance at the 1%, 5%, and 10% levels, respectively.

Model 1 Model 2 Model 3
Main Explanatory Variables

(1) Ln(Pledged Amount) 0.23 0.08 0.95***
(0.28 (0.20) (0.30)

(2) LinkedIn Page 0.61 0.66 0.49
(0.72) (0.67) (0.90)

(3) CEOLinkedIn500+ 1.08** 1.07%x* 0.36
(0.40 (0.34) (0.46)
(4) BackergQ4)xPledge(Q1) 0.29 -0.16 3.21**
(2.1 (1.06) (1.47)
(5) No. of all CF Projects 0.04 -0.03 0.04
(0.07 (0.07) (0.05)

Additional Controls

(6) Female Creator -0.41 -0.49* -0.34
(0.39) (0.29) (0.37)
(7) Natural Person -1.11* -1.27** -0.50
(0.60) (0.55) (0.82)
(80 No. of Projects Backel -0.001 0.00 -0.01
(Kickstarter) (0.02) (0.00) (0.01)
(9) Ln(Goal Amount) 0.29* 0.07 0.11
(0.16) (0.12) (0.18)
(10) Duration -0.01 -0.004 -0.02
(0.02) (0.01) (0.02)
(11) Projects We Love 0.50 0.38 -0.37
(0.37) (0.29) (0.46)
(12) Constant -11.56*** -15.82 0.97
(4.28) (810.63) (4.34)

Year FixedEffects Yes Yes Yes
Industry Fixed Effects Yes Yes Yes

Observations 480 482 65
Pseudo R 0.22 0.22 0.48
VIF (mean) 1.22 1.22 1.22
VIF (max) 1.54 1.54 1.54
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